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The approaching launch of the James Webb Space Telescope (JWST), coupled

with the recent all-sky search of the Transiting Exoplanet Survey Satellite (TESS),

heralds a new era in exoplanetary atmospheric characterization, with TESS pro-

jected to detect over one thousand transiting exoplanets smaller than Neptune, and

JWST offering unprecedented spectroscopic capabilities.

My work focuses on optimizing future observations in three ways. First, JWST

time and resources will not allow observations of all TESS discoveries, so we must

prioritize exoplanets for atmospheric characterization. I simulated JWST transmis-

sion spectroscopy observations of the anticipated TESS planet yield and compared

the results to simulated transmission spectroscopy observations of already known

exoplanets. My most significant finding is that several hundred TESS 1.5 to 2.5

Earth radii sub-Neptunes can be observed at higher signal-to-noise than currently



known similarly-sized exoplanets. My work was used as the basis in developing the

Kempton et al. (2018) Transmission Spectroscopy Metric (TSM), which is widely

used by the exoplanet atmosphere community in prioritizing which exoplanets to

observe with JWST.

Second, predictions show that TESS will detect thousands of astrophysical

false positives that mimic exoplanet discoveries by also producing periodic decreases

in starlight. A common scenario occurs when light from the target star blends with

that of nearby eclipsing binary stars. Thus, TESS discoveries must be validated

as true exoplanets using additional instruments or techniques. I designed software

codes to predict how well two multi-band photometry instruments can discriminate

between blended eclipsing binary false positives and true exoplanets. I found that

the instruments can validate hundreds of candidate exoplanets smaller in size than

Neptune.

Finally, previous atmospheric characterization studies have shown that obser-

vations using only infrared instruments—such as those used by JWST—may pro-

duce ambiguous atmospheric compositions. An exoplanet atmosphere may be more

clearly understood by analyzing observations across multiple wavelength regimes.

I analyzed Hubble Space Telescope (HST) transmission spectroscopy data for the

hot Jupiter KELT-7b across wavelengths from the near ultraviolet to near infrared.

This panchromatic analysis helps us better understand observations we can use to

complement the near and mid-infrared observations of JWST, which is particularly

important while HST is still operational.
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Preface

The research presented in Chapters 3 and 4 of this dissertation has been pre-

viously published.

Chapter 3 is presented with only minimal modi�cation since appearing in

Publications of the Astronomical Society of the Paci�c (PASP) as \Simulations

Predicting the Ability of Multi-color Simultaneous Photometry to Distinguish TESS

Candidate Exoplanets from False Positives" (Louie et al., 2020). Paper authors

are Dana R. Louie, Norio Narita, Akihiko Fukui, Enric Palle, Motohide Tamura,

Nobuhiko Kusakabe, Hannu Parviainen, and Drake Deming.

Sections 4.1 through 4.6 of Chapter 4 are presented with only minimal modi�-

cation since appearing in PASP as \Simulated JWST/NIRISS Transit Spectroscopy

of Anticipated TESS Planets Compared to Select Discoveries from Space-based and

Ground-based Surveys" (Louie et al., 2018). Paper authors are Dana R. Louie, Drake

Deming, Loic Albert, L. G. Bouma, Jacob Bean, and Mercedes Lopez-Morales. In

addition, I have added Section 4.7 to describe application of this work since publi-

cation.
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Chapter 1: Introduction

Extrasolar planets, or exoplanets, are planets that orbit stars other than our

Sun. Michel Mayor and Didiez Queloz launched the �eld of exoplanet science in

1995 when they discovered 51 Pegasi b, the �rst exoplanet detected orbiting a main

sequence star (Mayor & Queloz, 1995), an achievement for which they shared the

2019 Nobel Prize in Physics (Gibney & Castelvecchi, 2019). Mayor and Queloz

detected 51 Pegasi b by measuring the planet's gravitational tugs on its host star

using the so-calledradial velocity technique. Since then, thetransit technique has

become the workhorse exoplanet detection method, with the majority of the> 4,000

exoplanets detected since 1995 relying upon this method for discovery (Figure 1.1).

In particular, exoplanet discoveries made using the transit method exploded with

the launch of the Kepler Space Telescope in 2009, and continue at a rapid pace

following the launch of the Transiting Exoplanet Survey Satellite (TESS) in 2018.

Exoplanet transit surveys discover new exoplanets by observing a large number

of potential exoplanet host stars at a predetermined cadence. During an exoplanet

transit, the planet passes in front of its host star as viewed by a distant observer (e.g.

on Earth), thereby causing a measurable decrease in the amount of electromagnetic

(EM) radiation we receive. An exoplanet on a closed orbit will cause repeatable, pe-
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riodic dips in the measured stellar 
ux (Figure 1.2). The exoplanet transit technique

is powerful because it allows us to measure the radius of the transiting exoplanet

with respect to its host star. Thetransit depth, � tra , or fractional decrease in 
ux as

an exoplanet passes in front of its host star, may be expressed as the ratio of cross

sectional areas of the planet and host star, or (e.g., Seager & Mall�en-Ornelas, 2003)

� tra �
FOOT � FMT

FOOT
=

R2
pl

R2
�

; (1.1)

where FOOT is the out-of-transit baseline 
ux received from the host star,FMT is

the 
ux measured at mid-transit, Rpl is the radius of the planet, andR� is the

radius of the host star.1 Thus, with knowledge of the host star radius, the planetary

radius may be determined. Furthermore, if the exoplanet maintains an atmosphere,

we can imagine that atmosphere appearing as an annulus surrounding the planet

during transit. That atmospheric annulus will absorb some of the stellar 
ux. The

amount of starlight absorbed is wavelength-dependent and varies with the properties

of the atmosphere. By measuring the transit depth at a variety of wavelengths, we

can thus discern properties of the exoplanet's atmosphere.

In this dissertation, I present three scienti�c studies I have led that all make

use of the advantages inherent in the transit geometry. This �rst introductory

chapter places these projects in context by explaining the necessary historical and

scienti�c background. I begin in Section 1.1 by reviewing key exoplanet transit

discoveries from ground-based and space-based surveys, focusing on those aspects

1Note that equation 1.1 is an idealized equation that does not take into account such e�ects as
limb darkening, grazing transits, star spots, etc.
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that are relevant to this work. I continue by describing astrophysical false positives

that complicate our e�orts to detect transiting exoplanets, and methods employed

to validate and con�rm exoplanet detections. I close Section 1.1 by discussing the

advantages of searching for transiting planets orbiting M-dwarf host stars. In Sec-

tion 1.2, I discuss the theory and modeling of planetary atmospheres. I begin with

fundamental concepts, then describe the open-source code Exo-Transmit as an ex-

ample modeling code for transmission spectra. I close Section 1.2 by discussing

atmospheric retrievals. In Sections 1.3 and 1.4, I take a deeper look at two pop-

ulations of planets that do not exist in our own Solar System by reviewing their

Kepler occurrence rates, looking at possible formation mechanisms, and examin-

ing theory and observations regarding their atmospheres. These two populations

are hot Jupiters (x1.3), which are highly-irradiated Jupiter-sized planets that orbit

their stars in � 10 days or less, andRpl < 4R�
2 planets, or planets that range in

size between Earth and Neptune (x1.4).

After this introductory chapter, in Chapter 2, I present supplemental back-

ground information to assist the reader in understanding the studies described in

Chapters 3 and 4. My work in both Chapters 3 and 4 relies upon predictions of

the exoplanets that will be discovered by the Transiting Exoplanet Survey Satellite

(TESS). In Chapter 2, I quantify some key di�erences between the Sullivan et al.

(2015) and Barclay et al. (2018) TESS planet yield predictions.

Chapter 3 is a refereed, published study I led to predict the ability of the

Multi-color Simultaneous Camera for Studying Atmospheres of Transiting Planets

2The unit R� refers to an Earth radius, which is approximately 6.378 x 106 m.
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(MuSCAT) instrument, as well as the MuSCAT2 instrument, to distinguishbona �de

exoplanets from false positives. Chapter 2 includes further background information

on the MuSCAT/MuSCAT2 instruments and multi-band photometry.

Chapter 4 contains a refereed, published study which employs simulations to

determine the suitability of TESS-discovered exoplanets to atmospheric character-

ization using the James Webb Space Telescopes (JWST). In Section 4.7, I add to

this published work by applying the simulation tools to recently-discovered TESS

con�rmed planets and the Barclay et al. (2018) TESS planet yield predictions.

Chapter 5 contains a preliminary study concerning transit spectroscopy ob-

servations of the hot Jupiter KELT-7b. The planet's atmosphere has been observed

across wavelengths ranging from the near ultraviolet to near infrared (NIR) regime.

For the �rst time, I combine near ultraviolet and optical Hubble Space Telescope

(HST) observations of this planet with previous NIR observations.

1.1 Exoplanet Transit Discoveries

Detection of an exoplanet transit requires that observer and host star be

aligned such that the exoplanet passes between them. In other words, the planet's

orbit is viewed nearly edge-on by the observer. Thus, in a long-term monitoring

campaign, transits will not be detected for the majority of stars, even if many of

those stars indeed host exoplanets. For a circular orbit, the probability that a transit

will be observable,ptransit , is given by (Winn, 2010)
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Figure 1.1: Cumulative number of exoplanets discovered using various techniques.
The Kepler Space Telescope, launched in 2009, boosted the number of detections
made via thetransit method. The number of exoplanets discovered via thetransit
technique will continue to grow as exoplanet candidate detections from the Transit-
ing Exoplanet Survey Satellite (TESS) are validated and con�rmed (x1.1.4). Figure
from NASA Exoplanet Archive: https://exoplanetarchive.ipac.caltech.edu/ .
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Figure 1.2: Diagram showing an exoplanet transit. We measure the 
ux from the
exoplanet's host star over time. As the planet passes in front of its host star as viewed
by a distant observer, the 
ux we collect from the host star decreases. Assuming
that the planet itself appears dark during transit (i.e., emits no electromagnetic
radiation), and ignoring the e�ects of stellar limb darkening and the exoplanet's
atmosphere, the drop in 
ux during transit is proportional to the cross sectional
area of the planet divided by that of the host star. Thus, with knowledge of the
host star radius, we can determine the radius of the exoplanet. In this diagram,
the exoplanet atmosphere is represented by an annulus surrounding the exoplanet.
If an exoplanet maintains an atmosphere, atoms and molecules in that atmosphere
will absorb light at certain wavelengths. In turn, the opacity of the atmospheric
annulus and thus the overall cross sectional area of the planet varies with wavelength.
Examination of the wavelength-dependent transit depth thus allows us to estimate
atmospheric composition and other properties such as cloud cover. Note that most
of the electromagnetic radiation emitted by an exoplanetary system during transit
emanates from the host star.
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ptransit =
�

R�

a

�
� 0:005

�
R�

R�

��
a

1 AU

� � 1

; (1.2)

whereR� is the stellar radius in units of solar radii (R� ),3 and a is the semi-major

axis of the planetary orbit in astronomical units (AU).4 Thus, the probability that

our Earth would pass in front of the Sun as viewed by an extraterrestrial observer is

only � 0.005, or1
2%. Since Jupiter orbits ata � 5:203 AU, the probability of transit

drops to a mere� 0.1%. Even Mercury, our Sun's closest orbiting planet ata �

0:0129 AU, only has a� 1.3% probability of transit as viewed by an extraterrestrial

observer. In contrast, the hot Jupiter 51 Pegasi b, which orbits its 1:2R� host star

at a � 0:0527 AU, has an� 11% probability of transit.

Realization that planets could exist on ultra-short-period orbits resulted in a

paradigm shift, prompting astronomers to begin searching for planets on such orbits.

By the late 1990s, scientists had discovered 11 candidate5 hot Jupiters (x1.3) through

radial velocity surveys. Knowing that the probability of these hot Jupiters transiting

was� 10% motivated astronomers to search for evidence of exoplanet transits, which

would allow measurement of the planet candidate's radius and better constraint of its

mass. The mass and radius in turn would allow estimates of the planet candidate's

bulk density, as well as con�rmation of its planetary nature (x1.1.4). Charbonneau

et al. (2000) reported the �rst full exoplanet transit light curve, that of HD 209458b.

3The unit R� refers to a solar radius, which is approximately 6.957 x 108 m.
4The unit AU refers to an astronomical unit, which is approximately 1.496 x 1011 m. It was

originally conceived as the average orbital distance of the Earth about the Sun.
5An astrophysical signal which could be produced by an exoplanet is referred to as an exoplanet

candidate. We conduct additional observations or analyses tovalidate or con�rm (x1.1.4) the
planetary nature of such candidates.
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That same year, Henry et al. (2000) reported observations of partial transits of the

same planet.

As early as 1971, Rosenblatt (1971) described an automated exoplanet transit

survey that would use 3 wide-�eld telescopes slaved to a central computer. Based

upon the detectability of planets like those in our solar system to a distant observer,

he estimated that his two color photometric transit survey would detect one or

more planets in a given year. Later, Borucki & Summers (1984) revised the concept

for a ground-based photometric survey that would result in the same estimated

planet yield. Borucki & Summers (1984) also stated that detection of terrestrial-

sized planets was not yet possible with state-of-the-art photometers of the time, and

would require a spaceborne platform to avoid the atmospheric e�ects of scintillation

and variation in sky transparency. The �rst transit surveys were implemented within

a decade of discovering hot Jupiter exoplanets, and at last began to yield detections

in the early 2000s.

I begin this section with a review of ground-based (x1.1.1) and space-based

(x1.1.2) transit surveys, focusing on those surveys that have been most productive, as

well as those yielding planets that are referenced in Chapters 4 and 5. Next, I discuss

those astrophysical phenomena that may mimic the signals of transiting exoplanets,

producing false positives (x1.1.3). The possibility of false positive detection requires

us to validate and/or con�rm transiting exoplanets asbona �de exoplanets, which I

describe in Section 1.1.4. I conclude this section on transit discoveries by explaining

the advantages of searching for transiting exoplanets orbiting small, M-dwarf host

stars (x1.1.5).
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1.1.1 Ground-based Transit Surveys

The �rst exoplanet discovered in a ground-based transit survey was OGLE-

TR-56 b. The planet was detected in the third phase of the Optical Gravitational

Lensing Experiment (OGLE-III) (Udalski et al., 2002a,b), and later con�rmed via

radial velocity to be a 0:9MX
6 hot Jupiter on a 1.2-day orbit around its host star

(Konacki et al., 2003). The OGLE-III survey yielded the earliest new transiting

planets, �nding �ve out of six transiting planet candidates discovered before 2006.7

The most productive ground-based surveys have been HAT/HATNet (Bakos,

2018) and WASP/SuperWASP (Collier Cameron et al., 2009; Pollacco et al., 2006).

To date, the NASA Exoplanet Archive lists 127 con�rmed exoplanets discovered by

HAT/HATNet, and 156 con�rmed exoplanets discovered by WASP/SuperWASP.

The Hungarian-made Automated Telescope Network (HATNet) began Northern

operations in 2003, with telescopes in Arizona and Hawaii, and began Southern

operations in 2009 at facilities spread out longitudinally in Chile, Namibia, and

Australia. HATNet discoveries range in size from 0.389RX
8 to 2.085RX, with a

median value of 1.239RX. The planets are on short orbital periods, ranging from

1.2 to 16.2 days, orbiting stellar hosts withTef f ranging from 3,405K to 8,450K .

The Wide-Angle Search for Planets (WASP) consortium, with eight-camera arrays

operated robotically in both the Canary Islands and South Africa, began observa-

6The unit MX refers to a Jupiter mass, which is approximately 1.899 x 1027 kg.
7Unless otherwise noted, all statistical information regarding planet discoveries in Section

1.1, to include planet properties, was found using the NASA Exoplanet Archive, https://
exoplanetarchive.ipac.caltech.edu/ , accessed 28 October 2020.

8The unit RX refers to a Jupiter radius, which is approximately 7.149 x 107 m.
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tions in 2004. WASP discoveries range in size from 0.51RX to 1.937RX, with a

median value of 1.22RX. The planets are on short orbital periods, ranging from

0.79 to 11.6 days, orbiting stellar hosts withTef f ranging from 4,143K to 9,360K .

In general, as can be seen in Figure 1.3, ground-based transit surveys show strong

selection e�ects in favor of large planets on short-period orbits. The surveys also

favor small, bright host stars (Haswell, 2010).

Bieryla et al. (2015) announced con�rmation of KELT-7b, the 1:28MX hot

Jupiter I analyze in Chapter 5. The planet was discovered using the Kilodegree

Extremely Little Telescope (KELT) project, comprised of two 5-cm aperture, wide-

�eld, robotic telescopes referred to as KELT-North in Arizona, and KELT-South in

South Africa (Pepper et al., 2004, 2012, 2007). To date, KELT has discovered 21

Jupiter-sized planets on short period orbits. KELT discoveries range in size from

1.11RX to 1.91RX, with a median value of 1.57RX. The orbital periods range from

0.97 to 7.85 days, with host star e�ective temperaturesTef f varying from 5,375K

to 10,170K .

Two surveys of interest searching for smaller planets are MEarth9 (Irwin et al.,

2009; Nutzman & Charbonneau, 2008) and TRAPPIST10 (Gillon et al., 2011). Un-

like traditional wide-�eld surveys, the MEarth project telescopes employ narrower

25 arcmin � 25 arcmin �elds of view, and employ a unique observing strategy

speci�cally targeting pre-selected M-dwarf stars. Since 2008, MEarth-North has

speci�cally targeted � 2,000 pre-selected bright nearby M-dwarf stars (x1.1.5) us-

9https://www.cfa.harvard.edu/MEarth/Welcome.html
10https://www.trappist.uliege.be/cms/c_5006023/fr/trappist
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(a)

(b)

Figure 1.3: Con�rmed exoplanet discoveries from ground-based surveys. Panel (a)
displays all exoplanets reported by the NASA Exoplanet Archive, accessed 28 Oc-
tober 2020. Panel (b) zooms in on highly irradiated giant planets on orbital periods
P � 10 days. In general, ground-based transit surveys are more sensitive to large
planets orbiting bright host stars on short periods. The 12 smallest planets shown
in panel (a) include discoveries by the MEarth and TRAPPIST surveys, which were
speci�cally designed to search for small planets orbiting cool, low mass host stars.
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ing 8 identical 0.4-m telescopes on an automated array at Mt Hopkins, Arizona.

Since 2014, the MEarth-South array has surveyed M-dwarfs within 33 pc from its

location in Chile. To date, MEarth has announced 3 exoplanet discoveries: the

super-Earth GJ1214b (Charbonneau et al., 2009), the 1:2R� rocky planet GJ1132b

(Berta-Thompson et al., 2015), and the 1:7R� LHS1140b (Dittmann et al., 2017b).

The Belgian TRAnsiting Planets and PlanetesImals Small Telescope (TRAPPIST)

is a 0.6-m robotic telescope that began operations in Chile in 2010. The TRAPPIST-

North 0.6-m telescope began operations in 2016 (Perryman, 2018). To date, the

only TRAPPIST exoplanet discoveries are TRAPPIST-1 b, c, and d|3 temperate

Earth-sized planets orbiting aTef f � 2,550K ultra-cool dwarf star at 12 pc dis-

tance (Gillon et al., 2016). Both MEarth and TRAPPIST have played a role in

the discovery of other planets as well, such as LHS1140c (Ment et al., 2019) and

TRAPPIST-1 e, f, g, and h (Gillon et al., 2017). I use GJ1132b, LHS1140b, and

the TRAPPIST-1 planets in my analysis in Chapter 4.

1.1.2 Space-based Transit Surveys

The COnvection, ROtation and planetary Transits (CoRoT) satellite, launched

in 2006 and dedicated to asteroseismology as well as the search for transiting exo-

planets, detected the �rst transiting exoplanets from space (Auvergne et al., 2009;

Moutou et al., 2013). Notably, the satellite detected the 1:68R� CoRoT-7b, the

�rst super-Earth planet with a measured radius (L�eger et al., 2009), which I use

in my analysis of Chapter 4. The 32 CoRoT discoveries range in size from 0.15RX
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(CoRoT-7b) to 1.49RX, with a median value of 1.07RX. The orbital periods range

from 0.85 to 95.3 days, orbiting stellar hosts withTef f ranging from 4,950K to 6,740

K . As is evident by comparing Figures 1.3 and 1.4, space-based transit surveys can

detect planets on longer orbital periods than ground-based surveys.

The Kepler satellite, which conducted its primary mission between May 2009

and May 2013, was the �rst space-based platform dedicated to detecting and un-

derstanding transiting exoplanet systems (Borucki et al., 2010, 2007; Howell, 2020).

Over its 4-year primary mission, the satellite stared at a 115 square degree �eld-

of-view in the constellations Cygnus and Lyra, monitoring� 150,000 main sequence

stars for the tell-tale dips in brightness indicative of transiting exoplanets. The pri-

mary objective of the Kepler mission was to determine the frequency of Earth-sized

planets (1R� ) orbiting within the habitable zones (Kasting et al., 1993; Kopparapu

et al., 2013, 2014) of Sun-like stars. To accomplish this mission, the Kepler pro-

gram was designed to continuously monitor a large number of main sequence stars.

Sub-objectives of the program included determining the distribution of sizes and

semi-major axes ofRpl � 1R� planets and the frequency of multi-planetary systems

(Borucki et al., 2007). Kepler detected 2,384 of 3,290 (� 72%)11 con�rmed transiting

exoplanet discoveries currently listed in the NASA Exoplanet Archive. Many sci-

entists have analyzed the results of Kepler, producing studies on important topics

such as exoplanet occurrence rates and planetary system architectures. I defer a

discussion of those results relevant to my work to Sections 1.3 and 1.4.

After losing two of its four reaction wheels, the Kepler satellite was repurposed

11This number does not include K2 discoveries, described brie
y in the next paragraph.
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(a)

(b)

Figure 1.4: Con�rmed exoplanet discoveries from space-based surveys. Panel (a)
displays all exoplanets reported by the NASA Exoplanet Archive, accessed 28 Oc-
tober 2020. Panel (b) zooms in on highly irradiated planets with orbital periods
P � 10 days. We can see that space-based transit surveys allow us to detect planets
on longer orbital periods than ground-based surveys. The plot con�rms the Kepler
discovery that planets between the sizes of Earth (1R� ) and Neptune (4R� ) are
common (seex1.4), as we can see from the clustering of planets between those two
radii. In addition, TESS is designed to detect planets which are 30 to 100 times
brighter than those detected during the Kepler mission. This too is evident, as the
V-band magnitudes for TESS discoveries are brighter than those of Kepler.
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to complete the K2 mission (Howell et al., 2014). During the K2 mission, the satellite

stared at successive �elds of view along the ecliptic plane for� 83-day periods, with

75 days of each campaign devoted to science observations. The K2 mission detected

422 of 3,290 (� 13%) con�rmed transiting exoplanet discoveries currently listed in the

NASA Exoplanet Archive. Thus, Kepler and K2 combined are responsible for� 85%

of the con�rmed transiting exoplanet discoveries listed. By design, K2 searched for

planets orbiting stars brighter than those searched by Kepler,12 and K2 targeted

some interesting sub-groups of planets, such as those in bright open clusters and

star-forming regions (Howell et al., 2014). In Chapter 4, I use the following Kepler

and K2 discoveries in my analysis: Kepler-138b, c, and d; HIP-116454b; K2-3b and

c; K2-95b; and WASP-47d and e.13

The Transiting Exoplanet Survey Satellite14 (TESS, see Ricker et al., 2015,

2014) was launched in April 2018 and completed its primary mission in July 2020.

The TESS primary mission level 1 science requirement was to measure the masses

of 50 transiting Rpl < 4R� exoplanets. To accomplish this goal, TESS stared at

26 observation sectors for successive 27-day observing periods, monitoring a total of

� 200,000 pre-selected target stars at 2-minute cadence. Due to overlap in sectors,

regions near each ecliptic pole were viewed continuously for almost a year through-

out the primary mission, while regions closer to the ecliptic plane were only observed

for 27-day periods (Figure 1.5). TESS targeted stars are 30 to 100 times brighter

12The median V-band magnitude for Kepler host stars is 14.7, while that for K2 is 12.8.
13Analysis of K2 data revealed the presence of WASP-47d and WASP-47e|Neptune and super-

Earth-sized planets, respectively|orbiting the known hot Jupiter host star WASP-47 (Becker
et al., 2015).

14MIT TESS website: https://tess.mit.edu/ ; NASA TESS website: https://heasarc.
gsfc.nasa.gov/docs/tess/
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Figure 1.5: TESS primary mission observation sectors. (a) The TESS �eld-of-view
for each sector covers 24 deg by 96 deg. (b) During the primary mission, TESS
observed 26 sectors, 13 in each ecliptic hemisphere. Each sector was observed for 27
days. A 12-deg swath surrounding the ecliptic equator was not observed. (c) Due to
overlap between observation sectors, regions near the ecliptic poles were observed for
periods longer than 27 days. The dashed black circle near the ecliptic pole indicates
the James Webb Space Telescope (JWST) continuous viewing zone. Note that
this diagram was produced prior to the TESS mission. During the actual mission,
observations sectors 14-16 and 24-26 were slightly modi�ed to avoid contamination
by stray Earth and moonlight. Seehttps://tess.mit.edu/observations/ for
details. Figure from Ricker et al. (2015).

than those observed during the Kepler mission, thus facilitating follow-up observa-

tions such as those to measure planetary masses, determine stellar properties, or

characterize planetary atmospheres. The TESS primary mission survey observed

� 85% of the sky, which is 400 times larger than the region surveyed by Kepler.

Members of the TESS Follow-up Observing Program (TFOP) are continually vali-

dating and con�rming TESS discoveries. Currently, TESS detections comprise 81 of

3,290 (� 2%) con�rmed transiting planet discoveries listed in the NASA Exoplanet

Archive. The TESS extended mission is ongoing. In Chapter 2, I will discuss some

predictions for TESS exoplanet discoveries that I used for my work in Chapters 3

and 4.
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1.1.3 Astrophysical False Positives

The arrival of the �rst ground-based transit surveys was accompanied by the

detection of many stellar systems that produced the transit durations, depths, and

periods expected from transiting hot Jupiters (Brown, 2003; Charbonneau et al.,

2004). The most common sources of astrophysical false positives were blended

eclipsing binary (BEB) systems, grazing eclipsing binary systems with equal mass

components, and transits by planet-sized stars such as brown dwarfs or white dwarfs

(e.g., Evans & Sackett, 2010; Haswell, 2010). Figure 1.6 depicts each of these cases.

(a) (b)

(c)

Figure 1.6: Astrophysical sources that commonly cause false positives in transit
surveys. In each situation, the signal produced mimics the expected transit duration,
depth, and period of a transiting exoplanet. (a) Light from the targeted stellar
system blends with light from an eclipsing binary stellar system. (b) A binary star
system comprised of two main sequence stars of similar masses and colors produces
grazing eclipses. (c) Planet-sized stars such as brown dwarfs or white dwarfs transit
a main sequence star.

In the BEB scenario, the binary star system may be gravitationally bound
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to the stellar system, but more likely the binary system is located along the same

sightline as the targeted star, but in the foreground or background. In Chapter

3, following Sullivan et al. (2015), I refer to the gravitationally bound case as a

hierarchical eclipsing binary (HEB), and to the foreground/background case as a

blended eclipsing binary (BEB), which is also known as a nearby eclipsing binary

(NEB). Generally, the problems caused by blended light from eclipsing binaries

become progressively worse with larger pixel scale (e.g., Collins et al., 2018). Thus,

since the TESS satellite has a large pixel scale of 21 arcsec pixel� 1, candidate TESS

exoplanet discoveries require extensive vetting, analysis, and follow-up observations

to eliminate false positives, validate exoplanet candidates, and to con�rm the best

exoplanet candidates as true exoplanets.

1.1.4 Validation and Con�rmation of Transiting Exoplanets

Detection of large numbers of astrophysical false positives in early transit sur-

veys necessitated the development of various schemes to optimize the identi�cation

of bona �de exoplanets (Alonso et al., 2004; Brown, 2003; Charbonneau et al., 2004).

Some astrophysical false positives may be identi�ed by photometric data from the

transit survey itself, thus ensuring that only the highest-quality exoplanet candi-

dates are analyzed further (e.g., Sullivan et al., 2015; Torres et al., 2011). The

term validation refers to a process by which we establish that the probability for a

candidate planet being atrue exoplanet is much higher than the probability that

it is a false positive. The process may include deeper statistical analyses of tran-
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sit data (e.g., Fressin et al., 2013; Morton, 2012; Morton et al., 2016; Torres et al.,

2011), as well as follow-up observations (e.g., Col�on & Ford, 2011; Col�on et al., 2012;

O'Donovan et al., 2007, 2006; Parviainen et al., 2020). Ultimately, we more �rmly

establish the planetary nature of the very best validated exoplanet candidates by

measuring their masses, a process known ascon�rmation (e.g., Bluhm et al., 2020;

Jenkins et al., 2019; Nielsen et al., 2020). In this section, using the TESS program

as an example, I explain the procedures used to identify false positives, and then to

further validate and con�rm exoplanet discoveries.

Torres et al. (2011) described four diagnostics applied to transit survey pho-

tometric data in order to eliminate clear false positives. Sullivan et al. (2015) later

simulated these methods to predict their e�cacy in the TESS mission. Following

Sullivan et al. (2015), I refer to the diagnostics as (1) ellipsoidal variations, (2) sec-

ondary eclipses, (3) lengthy ingress and egress durations, and (4) centroid motion.

These four tests are currently being successfully applied to TESS data via the vet-

ting process (Guerrero, 2020, submitted). In the TESS program, TESS detections

that pass the four tests are considered planetcandidates (PCs) and are assigned

a TESS object of interest (TOI) number. Note that failure of a single diagnostic

test will not necessarily preclude a TESS detection from becoming a TOI. I brie
y

describe each test below.

Ellipsoidal Variations. Eclipsing binaries in close orbits are subject to gravi-

tational tidal forces that break the spherical symmetry of each star, distorting their

shapes into ellipsoids (Mazeh, 2008). As a result, the cross-sectional area of each

star presented towards a distant observer varies with the phase of the binary orbit.
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The stellar 
ux measured from the binary system thus varies periodically with or-

bital phase, and the apparent transits in the light curve will be synchronized with

this variation in 
ux. Appearance of such synchronization in the light curve for a

TESS detection is thus indicative that the detection may be of an eclipsing binary.

Secondary eclipses.Binary star systems di�er from a system comprised of a

star and transiting exoplanet because each component of the binary star system

emits signi�cant starlight of its own. In the case where the surface brightnesses of

the two stars di�er, 15 and when both transit and secondary eclipse are captured in

TESS observations, then we can expect to see signi�cant secondary eclipses in the

TESS light curve that are � 180 degrees out-of-phase with the apparent planetary

transits. I note that secondary eclipses are visible in some planetary systems as

well (e.g., Wong et al., 2020). Thus, consideration must be given to the equilibrium

temperature of the planet (equation 1.18) and the possibility that the planet itself

would produce secondary eclipses in the TESS light curve.

Lengthy ingress and egress durations.Eclipsing binaries generally have more

prolonged ingress and egress durations than transiting exoplanets. As shown in

Figure 1.2, the exoplanet transit light curve is normally U-shaped, with a relatively


at bottom throughout mid-transit. In contrast, eclipsing binaries are composed

of two stars that are closer in size, so the resulting light curve is more likely to be

V-shaped. In particular, for two stars that are the same size viewed nearly edge-on,

half of the transit curve will be comprised by the ingress, and half by the egress.

15In the case where the two stars have nearly the same surface brightness, a secondary eclipse
may be mistaken for an additional planetary transit.
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Centroid motion. We can compare the amount of baseline stellar 
ux, or

out-of-transit 
ux, falling upon TESS pixels to the amount of light falling upon

the pixels during a putative planetary transit, the in-transit 
ux. The di�erence

between the out-of-transit and in-transit 
ux provides the centroid of the di�erence

image, which indicates the spatial location of the detected transit. If the di�erence

image centroid shifts greatly from the centroid of the baseline 
ux, then the source

of the putative transit is not the targeted star, and is likely to be a nearby eclipsing

binary star.

Those TESS detections assigned a TOI number are passed on to the TESS

Follow-up Observing Program (TFOP) for further validation and con�rmation. The

TFOP working group16 includes astronomers leading e�orts on multiple observato-

ries to support the TESS mission through such activities as identifying false posi-

tives, re�ning ephemerides, and con�rming the most promising TESS PCs as true

exoplanets by measuring their masses through precise radial velocity (PRV) follow-

up.

As shown in Figure 1.7, planet candidates are successively �ltered through

various stages of validation, such that approximately 6% ofRpl < 4R� TESS planet

candidates are selected by the TESS team for PRV follow-up. In general, those

observations conducted at earlier stages are the least time and resource intensive,

with PRV observations consuming the most e�ort. In Chapter 3, I analyze the ability

of multi-band photometry to distinguish BEB false positives from true transiting

exoplanets. Multi-band photometry is one of the �rst observational steps applied to

16https://tess.mit.edu/followup

21



Figure 1.7: TESS validation and mass measurement process. TESS monitored
� 200,000 pre-selected target stars throughout its primary mission, searching for
signals indicative of transiting exoplanets. After eliminating those detections that
are most likely false positives, promising TESS planet candidates are observed using
ground-based facilities, and are successively �ltered through more stringent stages
of validation. Multi-band photometry observations, which I examine in Chapter
3, take place as part of the \Natural Seeing and AO Imaging" step. Ultimately,
approximately 6% of Rpl < 4R� planet candidates are analyzed using precision
radial velocity (PRV) facilities. Figure from https://tess.mit.edu/followup/ .

eliminate false positives, taking place as part of \Natural Seeing and AO Imaging."

Determination of Rpl < 4R� exoplanet masses through con�rmation is not

only one of the prime objectives of the TESS program, but is also key to later ex-

oplanet atmospheric characterization (Batalha et al., 2017a, 2019). Radial velocity

(RV) observations are the gold standard in determining transiting exoplanet masses.

Radial velocity refers to velocity along our line-of-sight, and we measure it by de-
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tecting Doppler shifts in the absorption lines of stellar atmospheres. If a star hosts

an exoplanet, the radial velocity for that star will vary repeatedly over time due to

gravitational tugs from the planet. For example, the radial velocity curve for a star

hosting a planet on a perfectly circular orbit would have a sinusoidal shape. Denot-

ing the radial velocity asvr , the RV semiamplitude,K , is de�ned as 1
2(vr;max � vr;min ).

The RV semiamplitude is related to the stellar massM � and planetary massM pl ,

both expressed in units of solar radiiM � ,17 through (Lovis & Fischer, 2010)

K =
28:4329 m s� 1

p
1 � e2

M pl sini
MX

�
M � + M pl

M �

� � 2=3�
P

1 yr

� � 1=3

; (1.3)

where the orbital periodP, eccentricity e, and the RV semiamplitudeK can all be

derived from analysis of radial velocity data, as long as observations are taken at

all orbital phases. Assuming thatM pl � M � , we can thus �nd the value ofM pl sini

from radial velocity observations. When the planet transits, the inclinationi is

near 90 degrees, so the radial velocity observations essentially provide the planetary

mass.

Exoplanet scientists envision a day when they can study the atmospheres of

Earth-like planets orbiting Sun-like stars. Assuming a circular orbit, equation 1.3

tells us that such planets will have RV semiamplitudes of� 9 cm s� 1. In comparison,

a Jupiter-mass planet on a 1.0 AU orbit would create an RV semiamplitude of� 28

m s� 1, while a 5M � planet on a 1.0 AU orbit would create an RV semiamplitude

of � 45 cm s� 1. Recently developed PRV facilities provide RV precisions of 1 m

17The solar massM � is approximately 1.988 x 1030 kg.
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s� 1 or better (Fischer et al., 2016; Wright & Robertson, 2017), thus allowing the

con�rmation of planets as small as Earth orbiting a mid-to-late M-dwarf host star.18

1.1.5 The M-Dwarf Advantage

Low-mass M-dwarf stars comprise 70% of all stars in our galaxy (Bochanski

et al., 2010), and thus are ubiquitous in the solar neighborhood. The masses of

M-dwarfs range from 0:08M � < M � < 0:6M � (Reid & Hawley, 2005). The lower

mass limit corresponds to the lowest mass stars able to fuse hydrogen into helium in

their central cores (Chabrier & Bara�e, 1997). The magnitude of the stellar radius

has approximately a one-to-one correspondence with stellar mass for M-dwarfs,19

and thus ranges from 0:08R� < R � < 0:6R� (Boyajian et al., 2012).

Charbonneau & Deming (2007) described the multiple advantages of searching

for exoplanets orbiting M-dwarfs. They illustrate the bene�ts of searching for Earth-

sized planets orbiting in the habitable zones of M-dwarf host stars of stellar types

M4V (0:25M � , 0:25R� , 3,200K ) and M8V (0:10M � , 0:10R� , 2,400K ), rather than

Sun-like stars. Table 1.1 summarizes the results of their investigation.

Compared to transits of Earth-sized planets orbiting Sun-like stars, Table 1.1

shows that Earth-sized planets orbiting within the habitable zones of M-dwarf host

stars are three to �ve times more likely to transit, their transit depths are 15 to

18A partial list of facilities includes MAROON-X (Seifahrt et al., 2018), NIRPS (Wildi et al.,
2017), GIARPS (Claudi et al., 2016), NEID (Schwab et al., 2016), ESPRESSO (M�egevand et al.,
2014) and KPF (Gibson et al., 2016).

19Boyajian et al. (2012) developed an empirical relationship between the mass and radius of
M-dwarfs, and the exact equation is a second-degree polynomial. However, the relationship is
consistent with a one-to-one correspondence between M-dwarf mass and radius, when measured in
solar units.
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R� M � a pi
transit � ii

tra K iii Piv t v
transit transits/yr

(R� ) (M � ) (AU) (%) (ppt) (m s � 1) (days) (hrs)

1.0 1.0 1.0 0.5 0.084 0.089 365.25 13 1
0.25 0.25 0.077 1.6 1.3 0.64 15.6 1.80 23
0.10 0.10 0.017 2.9 8.4 2.17 2.56 0.536 142

Notes:
i Equation 1.2
ii Equation 1.1
iii Equation 1.3, assumingM pl � M � , i = 90 deg, and e = 0. Also, note that 1 MX � 318M � .
iv Equation 1.5
v Equation 1.6

Table 1.1: Advantages of Searching for Earth-sized Planets Orbiting Within Habit-
able Zones of M Dwarfs

100 times greater, and their RV semi-amplitudes are 7 to 24 times larger. In ad-

dition, while our Earth spends � 13 hours in transit each year, a planet orbiting

an M4V host star will spend 41.4 hours in transit (total of� 23 transits), while an

M8V host star will spend 76 hours in transit (total of � 142 transits). Similarly,

large planet-to-star radius ratios make M-dwarf host stars favorable for atmospheric

characterization as well. For these reasons, recent transit surveys such as TESS,

MEarth, and TRAPPIST have targeted low mass stars. In Chapter 2, I review

predictions for the TESS survey planet yield, and in Chapter 4, I discuss my work

in determining how well we can characterize the atmospheres of TESS-discovered

exoplanets with the James Webb Space Telescope (JWST). Despite the advantages

of studying exoplanets orbiting M-dwarfs, I note that the habitability of planets or-

biting M-dwarf host stars is still an active �eld of investigation (e.g., Shields et al.,

2016).

Equations 1.1{1.3, as well as the useful equations I present in this section,
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allow quick duplication of the Charbonneau & Deming (2007) results, as well as

easy comparisons of the requirements to detect planets orbiting various stellar types.

Note that the semi-major axis shown in Table 1.1 is calculated assuming that the

equilibrium temperature (equation 1.18) and albedo of the planet are the same as

that of Earth.

The orbital period P of a planet is related to its semi-major axisa through

the general form of Kepler's third law, given by (e.g., Perryman, 2018)

P2 =
4� 2

G(M � + M pl )
a3; (1.4)

where G is Newton's gravitational constant. If M pl � M � , equation 1.4 can more

conveniently be expressed as (e.g., Perryman, 2018)

P ' 1yr
�

a
AU

� 3=2�
M �

M �

� � 1=2

(1.5)

where M � is in units of solar masses, anda is in AU. Additionally, for an edge-on

transit at 90 degrees inclination, Perryman (2018) conveniently expresses the transit

duration t transit as

t transit ' 13
�

M �

M �

� � 1=2�
a

1 AU

� 1=2�
R�

R�

�
hours: (1.6)
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1.2 Exoplanet Atmospheres { Theory and Modeling

When we examine exoplanet atmospheres using the transit technique, we study

the e�ects of the exoplanet upon the observed spectrum of the host star. The planet's

transmission spectrumis found by dividing the spectrum of the star recorded during

transit|with the features of the planetary atmosphere imprinted upon it|by the

spectrum of the star recorded out-of-transit. The resulting transmission spectrum

reveals the wavelength-dependence of the transit depth.

To analyze a planetary transmission spectrum, we begin with our knowledge of

planetary atmospheres, derived largely from theoretical analyses and observations of

planets in our own solar system. In this section, I begin by explaining basic concepts

from physics and chemistry that are necessary to describe planetary atmospheres

(x1.2.1). I next illustrate how these concepts are applied in the open-source modeling

code Exo-Transmit (x1.2.2), which I have used in portions of my work. I conclude

this section by explaining how atmospheric retrieval codes can be used to estimate

exoplanet atmospheric properties that are most consistent with observed planetary

transmission spectra. (x1.2.3).

1.2.1 Fundamental Concepts

Since we examine exoplanet atmospheres in transmission by looking at the

e�ects of those atmospheres on electromagnetic radiation from the host star, I be-

gin this section by reviewing the radiative transfer equation. To understand the

complexities involved in radiative transfer, I de�ne and discuss the topics of optical
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depth, opacity, absorption coe�cient, chemical equilibrium, and local thermody-

namic equilibrium. This discussion leads naturally to the understanding that the

temperature and pressure of planetary atmospheres are critical to understanding

radiative transfer. Thus, I next present the concepts of hydrostatic equilibrium,

planetary scale height, and equilibrium temperature. I conclude this section by

explaining the confounding e�ect of aerosols, clouds, and hazes on exoplanet trans-

mission spectra. This section is necessarily brief, but an in-depth explanation of

exoplanet atmospheres can be found in the two textbooks by Seager (2010) and

Heng (2017).

I begin by presenting the one-dimensional (1D) form of theradiative transfer

equation for a plane-parallel atmosphere, which is (e.g., Seager & Deming, 2010)

�
dI (z; �; � )

dz
= � � (z; � )I (z; �; � ) + � (z; �; � ): (1.7)

Equation 1.7 describes how the intensity of a beam of electromagnetic radiation

at frequency � changes over distance due to absorption and emission. We may

think of the beam of radiation as comprised of photons. In this equation,I is the

intensity in J m � 2 s� 1 ster� 1 Hz� 1, z is the vertical distance in m, and� = cos(� ),

where � is the angle between the beam of radiation and the normal to the plane-

parallel atmosphere. The �rst term on the right-hand side of equation 1.7 quanti�es

absorption of photons from the beam, to include scattering. The second term on

the right-hand side quanti�es photons added to the beam through both emission

and scattering. The absorption coe�cient � is in units of m� 1, and the emission�
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is in J m� 3 s� 1 Hz� 1.

We use the de�nition of optical depth, d� = � dz, to convert the radiative

transfer equation to an alternative form that depends upon optical depth. This

form of the radiative transfer equation, often used in atmospheric modeling codes,

is given as

�
dI (z; �; � )

d�
= � I (z; �; � ) + S(z; �; � ); (1.8)

where thesource function is de�ned asS = �=� . In modeling transmission spectra,

emission is often negligible so that the last term in the radiative transfer equation

can be ignored. Thus, the solution to the equation may be simply expressed using

Beer's or Lambert's Law, given by (e.g., Seager, 2010)

I (� � ; �; � ) = I (0; �; � )e� � � =� ; (1.9)

where� � is the frequency-dependent optical depth. When applied to a transmission

spectrum,I (� � ; �; � ) is the stellar intensity attenuated by absorption in the planetary

atmosphere, whileI (0; �; � ) is the stellar intensity incident upon the atmosphere.

Although Beer's Law is simple in form, its application to a planetary at-

mosphere relies upon complex physics and laboratory experiments related to the

determination of the atmospheric absorption. The opacity� may be separated into

a pure absorption term and a scattering term as (Seager, 2010)

� (z; � ) = � (z; � ) + � s(z; � ); (1.10)
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where � (z; � ) is the pure absorption coe�cient for an atomic or molecular species,

and � s(z; � ) is the scattering coe�cient, which represents removal of photons from

a beam of incident light via a change of direction. We calculate these quantities at

a given vertical height z in the planetary atmosphere, which may be speci�ed by

the temperatureT and pressureP at that height. For example, the pure absorption

coe�cient may be expressed as (Seager, 2010)

� (T; P; � ) =
X

j

� j (T; P; � ) =
X

j

X

i

nji (T; P)� ji (T; P; � ); (1.11)

where n refers to the number density in m� 3, and � refers to the absorption cross

section in m2. Here, the summation overj refers to di�erent atomic and molecu-

lar species, while the summation overi refers to di�erent energy level populations.

Atmospheric models typically employ temperature-pressure (T-P) pro�les for plan-

etary atmospheres in order to compute absorption cross sections and number den-

sities for atomic and molecular species. Modelers use publicly available line lists,

such as ExoMol20 (Tennyson et al., 2020) or HITEMP21 (Rothman et al., 2010),

to determine the positions and cross sections of absorption lines for each species.

Such line lists are developed using quantum mechanical computations supplemented

with laboratory observations. Heng (2017) describes meticulously the computations

involved in transforming a line list into an atmospheric opacity.

Chemical equilibriumis often assumed in atmospheric modeling codes to com-

pute number densitiesn of various species. Given an atmospheric layer with a spec-

20http://www.exomol.com/
21https://hitran.org/hitemp/
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i�ed temperature, pressure, and elemental abundance, chemical equilibrium refers

to the state where the number densities of particles do not change. A method to

determine the number densities of particles in chemical equilibrium is by minimiz-

ing the Gibbs free energy (e.g., Heng, 2017; Seager, 2010). The Gibbs free energy

is not a physical property of matter, but is a restatement of the �rst law of ther-

modynamics (conservation of energy) in terms of temperature and pressure. The

quantities that Gibbs free energy depend upon|temperature and pressure|may be

inferred directly from spectral data. Mbarek & Kempton (2016) explain in detail

how Gibbs free energy minimization calculations are performed in the context of

an exoplanet atmospheric modeling code to determine chemical equilibrium abun-

dances. Chemical equilibrium is generally a good assumption in the deeper, hotter

layers of an atmosphere. The higher temperatures and pressures of these layers

speed up chemical reactions, so that the time scale for the reactions is shorter than

any disequilibrium process.

Situations where chemical equilibrium maynot be achieved include cases where

heat is transported by convection rather than radiation. In these cases, the time

scale for a chemical reaction to occur takes more time than the time scale for up-

welling in the atmosphere. An example of chemical disequilibium which is impor-

tant for exoplanets|and indeed which has been observed in the solar system planet

Jupiter|concerns the dominant carbon species in an atmosphere. The reaction

governing the amount of CO and CH4 in an atmosphere is (Seager, 2010)

CO + 3 H2 �� *) �� CH4 + H 2O: (1.12)
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Because CO has a strong double bond that is di�cult to break apart, the reaction

proceeds more slowly to the right than to the left. CO is the dominant form of

carbon at higher temperatures, whereas CH4 is the dominant carbon species at

lower temperatures. In Jupiter, we would thus expect to predominantly detect CH4

in the cooler, upper layers of the atmosphere, while CO should not exist. Contrary

to these expectations, CO has been detected, which is evidence of deep vertical

mixing in the atmosphere (Seager, 2010).

In atmospheric modeling codes, the planetary atmosphere is divided into mul-

tiple layers, with temperatures and pressures determined in accordance with the T-P

pro�le. Computing atmospheric opacity for a model transmission spectrum may be

considered a complex geometric problem where we must consider multiple sightlines

through the limb of the planetary atmosphere. Along each sightline, we view only

portions of the atmospheric annulus from each layer as seen during transit. The

optical depth along these sightlines is often referred to as theslant optical depth

(Kempton et al., 2017).

Modeling codes may handle vertical mixing by employing the concept of a

quench level(e.g., Zhang et al., 2020). We expect that in lower levels of the at-

mosphere (i.e. at higher pressures), chemical reactions will proceed at a faster rate

than vertical mixing. Conversely, there may be higher levels in the atmosphere (i.e.

lower pressures) where vertical mixing occurs more rapidly than chemical reactions

can take place. Since modeling codes divide the atmosphere into multiple layers,

we can de�ne a pressure level|the quench level|in the atmosphere where the rate

for vertical mixing will equal the rate of a given chemical reaction, thus leading
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to chemical disequilibrium at lower pressure levels (i.e., higher in the atmosphere).

Note that the quench level will di�er with each chemical species.

An important fundamental concept in radiative transfer is that of local ther-

modynamic equilibrium, or LTE. In general, the radiation �eld, which we solve for

in the radiative transfer equation, is coupled to the energy level populations of

various chemical species (equation 1.11). By assuming LTE in radiative transfer

calculations, we can use Boltzmann statistics to calculate energy level populations.

Essentially, the energy levels will only depend upon the local conditions in a given

layer of the atmosphere (e.g., Heng, 2017; Seager, 2010). LTE is valid in any region

of the atmosphere where changes in pressure, temperature, and chemistry are small

compared to the photon mean free path. The atmospheric density must be high

enough that collisional processes dominate over any radiative processes. An obvious

situation where LTE does not apply is the upper region of an atmosphere, where

radiation freely escapes into space.

In addition to radiative transfer, we describe exoplanets and their atmospheres

using several basic quantities that were �rst applied in our own solar system. Next,

I describe the concepts ofhydrostatic equilibrium, equilibrium temperature, and scale

height, which can help us better understand the temperatures and pressures at work

in planetary atmospheres.

Hydrostatic equilibrium refers to the stable state of an atmosphere where the

pressure gradient and gravitational forces are balanced, so that the atmosphere is

neither collapsing due to gravity, nor expanding/escaping due to pressure. Mathe-

matically, this concept is expressed as (e.g., Seager, 2010)
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dP
dz

= � g�; (1.13)

where g is the gravitational acceleration in units of m s� 2 and � is the density in

kg m� 3. Using the de�nition of optical depth introduced previously, hydrostatic

equilibrium may also be expressed as

dP
d�

=
g�
�

: (1.14)

Equation 1.13 may be combined with an equation of state to derive an ex-

pression for the pressurescale heightH , which is a characteristic length scale for a

planetary atmosphere, and describes the exponential drop in pressure with altitude.

For the equation of state we use the ideal gas law, given by

P = nkT =
�kT
�m H

; (1.15)

wherek is Boltzmann's constant in J K� 1, � is the mean molecular weight in atomic

mass units, andmH is the mass of the hydrogen atom in kg. If we assume an

isothermal atmosphere with constant� , and neglect variations ing with altitude,

then the pressure lapse rate is calculated to be

P = P0e� z=H ; (1.16)

where P0 is the pressure at the base of the atmosphere in Pa, andH is the atmo-

spheric scale height given by
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H �
kT

�m H g
: (1.17)

Thus, scale heightis the e-folding vertical distance for pressure. Through the

ideal gas law (Equation 1.15), we can see that density also varies exponentially with

altitude in an isothermal atmosphere. Note that even in non-isothermal and non-

uniform composition atmospheres, the scale height can be calculated locally and is

still a useful quantity.

The equilibrium temperature is a theoretical number that describes the tem-

perature of a planet with no internal energy 
ux which has reached a state of equi-

librium between energy received from its host star and energy re-radiated by the

planet. Equilibrium temperature is expressed as (e.g., Seager, 2010)

Teq = Te� ;�

�
R�

a

� 1=2�
f 0(1 � AB)

� 1=4

; (1.18)

whereTe� ;� is the e�ective temperature of the host star,AB is the Bond albedo of

the planet, and f' is a factor that accounts for redistribution of heat around the

planet before it is re-emitted. If heat is uniformly redistributed throughout the

entire surface area of the planet (i.e., 4� sr), then f = 1=4 and equation 1.18 may

be written as

Teq = Te� ;�

�
R�

2a

� 1=2�
(1 � AB)

� 1=4

: (1.19)

Equilibrium temperature is often used to describe a planet's temperature when
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we have no data concerning that planet. For example, in Chapter 4, I use the equi-

librium temperature to distinguish between various TESS-discovered exoplanets.

I conclude this section with a discussion of the complicating e�ects of aerosols,

clouds, and hazes upon our interpretation of planetary transmission spectra. I be-

gin by presenting the de�nition of these terms, as explained by Prof Sarah H•orst.22

The term aerosol is the most general term, and refers to solid or liquid particles in

an atmosphere that absorb or scatter light di�erently from gaseous species. Thus,

aerosols describes both clouds and hazes, which can be distinguished from each other

via their formation mechanisms. Prof H•orst de�nes a cloud as \a visible mass of

liquid and/or solid particles suspended in an atmosphere that form from condensa-

tion of atmospheric gases." We can expect clouds to form at a pressure level where

the partial pressure of a given species exceeds the saturation vapor pressure for that

species (Seager, 2010). Prof H•orst de�nes haze as \particles produced from chem-

istry in the atmosphere that results in the formation of involatile solids." Whereas

clouds can move back and forth between the solid and liquid state depending upon

atmospheric conditions, hazescannot.

Aerosols a�ect a planetary atmosphere in many ways. For example, clouds

may be very re
ective, thus increasing the planetary albedoAB and lowering the

planetary equilibrium temperature (equation 1.18), which in turn a�ects the T-P

pro�le of the planet. Clouds may also trap infrared radiation|as in the solar system

planets Venus and Earth|thus raising the surface temperature of the planet. In

planetary transmission spectroscopy, clouds that form at a given pressure level will

22https://www.planetary.org/articles/0324-clouds-and-haze-and-dust-oh-my
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obscure our observations at higher pressures (i.e., lower in the atmosphere). I will

return to the topic of aerosols during my discussion of theory and observations of

hot Jupiter and Rpl < 4R� planet atmospheres in Sections 1.3.3 and 1.4.2.

1.2.2 Exo-Transmit { Forward Modeling Transmission Spectra

Many planetary atmosphere codes have been developed that rely upon the

fundamental concepts described in Section 1.2.1 to produce plausible model spectra

that can explain our observations. The termforward modelrefers to an atmospheric

model that is produced by assuming values for all input quantities. Here, I brie
y

describe the usage and functionality of the open-source Exo-Transmit forward mod-

eling code (Kempton et al., 2017), which I used as part of my work in Chapter 4.

Exo-Transmit is also the basis for the transmission model in the PLATON retrieval

code (Zhang et al., 2019, 2020) described in Section 1.2.3, which I used in my work

in Chapter 5.

Exo-Transmit is an easy-to-use, well documented software package that creates

model transmission spectra for exoplanets ranging in size from hot Jupiters down

to super-Earths. The code solves the radiative transfer equation (equation 1.8) for

pure absorption (equation 1.9) in each layer of the model atmosphere, with the

line-of-sight optical depth computed based upon the opacities (equation 1.10) of the

absorbing species (equation 1.11).

The Exo-Transmit package supplies isothermal T-P pro�les with temperatures

ranging from 300 to 1500 K in 100 K increments. Unlike emission spectra, trans-
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mission spectra are not strongly dependent on gradients in the T-P pro�le, making

isothermal pro�les a good �rst-order modeling choice (Miller-Ricci et al., 2009). For

each temperature, the T-P pro�le is speci�ed at pressures ranging from 103 to 10� 9

bars in logarithmic steps. Wavelengths are computed at a resolving power R =

1000 from 0.3 to 30� m. The opacities and abundances of 30 individual atomic and

molecular species are tabulated on a T-P-wavelength grid. The package also supplies

equation of state (EOS) �les for various chemical species and abundances. Some

choices for EOS �les include metallicities ranging from 0.1 to 1000x solar (Lodders,

2003), and C/O ratios ranging from 0.2 to 1.2. The user may also specify an at-

mospheric composition of solely a single molecular type, such as CO2 or H2O. This

is particularly useful for super-Earth atmospheres, which may be produced by out-

gassing of higher mean molecular weight molecules (Elkins-Tanton & Seager, 2008).

The user may supply their own T-P pro�les or EOS �les, as long as they maintain

the same format as the �les supplied by the Exo-Transmit software package.

In atmospheres of mixed composition, Exo-Transmit provides pre-computed

chemical equilibrium tables that were calculated using the Gibbs free energy mini-

mization code described in Mbarek & Kempton (2016). The code provides an option

to include condensation chemistry and rainout. In rainout, a condensed species set-

tles to the lowest level of the atmosphere where it �rst appeared, which depletes

upper levels in the atmosphere of its constituent atomic species (Mbarek & Kemp-

ton, 2016). The user may include ad-hoc clouds in the model by indicating the

pressure level where clouds are formed. Exo-Transmit will then only complete the

radiative transfer calculations for pressure levels higher in the atmosphere (i.e., at
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lower pressures than the cloud deck). The resulting transmission spectrum therefore

has muted features, since starlight passes through a thinner atmospheric annulus.

The user can specify whether or not to include Rayleigh scattering, and can also in-

dicate to enhance Rayleigh scattering by some factor. Enhanced Rayleigh scattering

alters the slope of the continuum in the optical and near infrared regime, and also

reduces the strength of atomic spectral features. This allows the user to simulate

the presence of additional scattering aerosols that are not explicitly included in the

code otherwise.

To use Exo-Transmit, the user modi�es a single input �le, specifying the fol-

lowing quantities: planetary and stellar radii, planet surface gravity, pressure level

for clouds (if desired), a factor for excess Rayleigh scattering (if desired), desired T-P

pro�le, and desired EOS �le. The user should specify an isothermal T-P pro�le with

the temperature selected to coincide with the base of the transmission spectrum,

which is typically near 1 mbar.

1.2.3 Exoplanet Atmospheric Retrievals

Retrieval codes use atmospheric models in a Bayesian framework to indicate

the most probable atmospheric model consistent with an observed spectrum. At-

mospheric retrieval methods allow us to statistically examine observed planetary

atmosphere spectra to infer atmospheric properties such as chemical compositions,

T-P pro�les, and presence of clouds or hazes. Madhusudhan & Seager (2009) pi-

oneered application of the method to exoplanet atmospheres in 2009, when they
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analyzed Spitzer and Hubble Space Telescope (HST) data to estimate the T-P pro-

�les and molecular abundances in the atmospheres of two transiting hot Jupiters,

HD 189733b and HD 209458b. Here, I describe how atmospheric retrievals are

performed and highlight some of their key features. I emphasize some of the char-

acteristics of the PLATON (Zhang et al., 2019, 2020) retrieval code, which I use

to analyze the KELT-7b transmission spectrum in Chapter 5. I conclude this sec-

tion by comparing and contrasting atmospheric retrieval methods used within our

Solar System to those used on Exoplanets. A more complete pedagogical review of

exoplanet atmospheric retrievals was recently written by Madhusudhan (2018).

To perform an atmospheric retrieval, we �rst require a data set. For ob-

servations taken during exoplanet transit, an atmospherictransmission spectrum

constitutes that data set. The atmospheric retrieval code itself consists of 1.) a

parametric model, and 2.) an optimization algorithm.

Parametric models are designed to varyparameterswithin the model to pro-

duce an outputmodel atmospheric spectrumthat can be compared with theobserved

transmission spectrum. Parameters may include the T-P pro�le, atmospheric chemi-

cal composition, and presence of aerosols. The atmospheric models generally assume

spherical symmetry, hydrostatic equilibrium, and LTE. Computations to produce

the model atmospheric spectrumare similar to those used in Exo-Transmit (x1.2.2),

although subtle di�erences exist between codes.

The goal of the optimization algorithm is to extensively and e�ciently sam-

ple the parameter space to search for the model solution space that best �ts the

data (transmission spectrum). Recent retrieval codes employ Bayesian inference
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techniques such as Markov Chain Monte Carlo (MCMC) and Nested Sampling as

optimization algorithms (e.g., Evans et al., 2017; Waldmann et al., 2015; Zhang

et al., 2020).

Bayesian inference techniques originate from Bayes' Theorem, which may be

written (e.g., Trotta, 2017; Wall & Jenkins, 2012)

p(� jd) =
p(dj� )p(� )

p(d)
: (1.20)

In this equation, d is our data|the transmission spectrum, and � represents our

model parameters.p(� jd) is the posterior probability of our model, given the data.

p(dj� ) is the likelihood function, which we can describe as the probability of the

data given a set of parameters� . p(� ) is the prior probability distribution of the pa-

rameters, and represents our knowledge about the parameters before examining the

data. For example, when performing a retrieval on a transmission spectrum, we may

have some prior knowledge about the radius of a planet and its host star, as well as

their estimated errors, based upon other observations. Finally,p(d) is a normalizing

constant referred to as the evidence, which ensures the posterior distribution is nor-

malized to unity. Given a transmission spectrum (data), and considering our priors

p(� ), the goal of Bayesian inference is to determine the posterior distributionp(� jd)

of the model parameters. Techniques such as MCMC and Nested Sampling di�er

in their methods to sample the model parameter space and estimate the posterior

distributions and evidences.
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The PLanetary Atmospheric Tool for Observer Noobs (PLATON23, Zhang

et al., 2019, 2020) is a fast, easy-to-use, open-source Python package that produces

model exoplanet transmission and emission spectra, and also computes atmospheric

retrievals based upon observed spectra. The PLATON Bayesian optimization algo-

rithm incorporates either MCMC, via the emceepackage (Foreman-Mackey et al.,

2013), or Nested Sampling, via thedynesty package (Speagle, 2020).

PLATON's transmission code is based upon Exo-Transmit, but the most re-

cent version has incorporated several upgrades. Opacities for chemical species were

updated with the most recent and complete public line lists, such as ExoMol (Ten-

nyson & Yurchenko, 2018) and HITRAN (Gordon et al., 2017), and are available

at R = 1000 and R = 10; 000 over the wavelength regime from 0.3 - 30� m. For

example, water opacities, which have proven to be an important opacity source in

exoplanet transmission spectra (x1.3.3, x1.4.2), have been updated with the most

recent POKAZATEL water line list (Polyansky et al., 2018). PLATON also allows

incorporation of H{ opacity. In addition, the user can download additional opaci-

ties for metallic species, to include Ca, Fe, Ni, and Ti. The user can also download

the more accurate line pro�les produced for K (Allard et al., 2016) and Na (Allard

et al., 2019) that more accurately estimate the far wings of the lines for these atoms.

These recent improvements are particularly important in retrievals of hot Jupiter

transmission spectra (x1.3.3).

Exoplanet atmospheric retrievals are rooted in techniques developed for use

on Earth and within our Solar System (e.g., Irwin et al., 2008; Rodgers, 2000).

23https://platon.readthedocs.io/en/latest/
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However, exoplanet atmospheric retrievals di�er because the data for exoplanets

generally result from spatially unresolved observations taken at relatively low signal-

to-noise (S/N), and the exoplanetary atmosphere may be at conditions not found

in our Solar System. For example, many exoplanets discovered to date are highly

irradiated by their host stars, and thus the planetary atmospheres are much hotter

than those of solar system planets. Furthermore, observations of Earth and other

planets within our Solar System often allow collection of in-situ data to further

inform our analyses. Such data collection is not possible with exoplanet atmospheres

using currently available technologies. In what follows, I brie
y discuss an example

of Earth remote sensing observations and the corresponding retrievals, comparing

and contrasting techniques applied to Earth's atmosphere with the methods applied

in exoplanetary science.

Recent work in atmospheric remote sensing of Earth's atmosphere has dealt

with changes in the quantity of greenhouse gases such as carbon dioxide (CO2). For

example, the Orbiting Carbon Observatory 2 (OCO-2, see Crisp et al., 2017) is a

NASA dedicated science satellite designed to detect and track variations in CO2 lev-

els within Earth's atmosphere across time (e.g, seasons) and space (i.e., geographic

regions).24 Whereas exoplanet atmosphere data is derived from analysis of spatially

unresolved observations from the combined light of the planet and host star, OCO-2

satellite measurements are spatially-resolved, high resolution observations, allowing

us to locate CO2 sources and sinks upon the Earth. Furthermore, OCO-2 observa-

tions are supplemented by a global network of ground-based measurement stations.

24https://ocov2.jpl.nasa.gov/mission/
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Crisp et al. (2017) report that since its mission began in 2014, OCO-2 has typi-

cally delivered almost 1 million soundings per day across Earth's sunlit hemisphere,

where each sounding is observed at high resolving powerR � �
� � > 17; 500, and

where single-sounding random errors and biases are between 0.5 and 1.0 ppm. In

comparison, exoplanet atmospheres observed through the transit method may only

be observed for at most a few transits, and at much lower resolving powers and

with higher instrumental systematic noise values. For example, Kreidberg et al.

(2014a)'s historic analysis of GJ1214b (seex1.4.2) consisted of 12 exoplanet transit

observations across 22 spectral channels atR � �
� � = 70, with a systematic noise


oor � 30 ppm. The duration of a single transit for GJ1214b is less than an hour,

and typically astronomers observe an equal amount of time in and out of transit.

Thus, the Kreidberg et al. (2014a) results were derived from approximately a single

day of relatively low resolution observations.

O'Dell et al. (2012) describe the Atmospheric CO2 Observations from Space

(ACOS) retrieval algorithm, which may be used to retrieve the column-averaged

dry-air mole fraction of CO2, denotedX CO2 . The retrieval algorithm itself operates

similarly to retrieval algorithms applied to exoplanet atmospheres. However, the

high quality of remote sensing observations on Earth, as well as data supplied using

ancillary measurements, o�er many advantages. For example, meteorological data

such as surface pressure, temperature, and water vapor content are used to inform

the prior parameters for ACOS retrievals. The accuracy of surface pressure mea-

surements is 2-3 hectoPascals, so ACOS retrievals typically use 4 hectoPascals as

the 1-� prior error width for surface pressure. Without in-situ measurements, prior
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information such as this is simply unobtainable in exoplanet atmospheric retrievals.

OCO-2 data are pre-�ltered to eliminate soundings that may result in spu-

rious X CO2 estimates. As one example, an empirically-calibrated cloud-screening

algorithm eliminates soundings with thick clouds or aerosols. For the soundings not

eliminated with pre-�lters, ACOS retrieves for a mixture of 4 speci�c optical path

scattering agents: water clouds, ice clouds, dust, and a carbonaceous mixture. On

the exoplanet front, although aerosols are complex phenomena, our lack of prior

information about their structure and composition (e.g., lack of in-situ measure-

ments), combined with limited information content in our observations, compels us

to represent clouds using parametrized models in our retrievals. Parameters com-

monly used to describe clouds in exoplanet retrievals include opacity, scattering

index, cloud-top or base pressure level, shape, and particle size (Barstow, 2020).

Some retrieval codes are able to account for partial cloud coverage (e.g., MacDon-

ald & Madhusudhan, 2017). The low information content of exoplanet atmosphere

observations often prevents us from disentangling the presence of clouds in an at-

mosphere from other atmospheric properties, such as high mean molecular weight

(e.g., Line & Parmentier, 2016).

O'Dell et al. (2012) used realistic simulations to evaluate systematic and ran-

dom errors in the ACOS retrieval algorithm, to include the e�ects of cloud screening

and post-retrieval �lters. They concluded that the ACOSX CO2 retrieval algorithm is

accurate to 1-2 ppm, thus enabling accurate monitoring of carbon 
uxes on regional

scales.
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1.3 Hot Jupiters

The term hot Jupiter refers to a gas giant exoplanet on a short period orbit,

such that the planet is heated signi�cantly by stellar irradiation. Gaudi et al. (2005)

de�ned these exoplanets as Jupiter-mass planets with semi-major axesa � 0:1AU,

corresponding to orbital periods 3< P < 9 days depending upon stellar type. Gaudi

et al. (2005) further distinguishedvery hot Jupiters as those gas giant planets on

P < 3 day orbits. Recently, the termultra-hot Jupiter has entered the exoplanet

lexicon, and may be de�ned as those hot Jupiters with dayside temperatures�

2,200 K , and which exhibit distinct atmospheric characteristics (e.g., Parmentier

et al., 2018). In Section 1.3.1, I brie
y present hot Jupiter occurrence rates found

using Kepler data. Next, in Section 1.3.2, I motivate the discussion of hot Jupiter

atmospheres by brie
y describing how the planetary atmosphere may constrain their

formation and migration mechanisms. Finally, in Section 1.3.3, I review key insights

into our knowledge of hot Jupiter atmospheres based upon theory and observations.

This section serves as a prelude to Chapter 5, where I add to our understanding

of this unique planet category when I present my analysis of the optical and near

infrared (NIR) transmission spectrum for the hot Jupiter KELT-7b.

1.3.1 Kepler Occurrence Rates

Based upon a 6-year radial velocity follow-up campaign of Kepler-discovered

Jupiter-sized exoplanets with orbital periods of up to 400 days, Santerne et al. (2016)

estimated the overall occurrence rate of giant planets on orbitsP � 400 days to be
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4.6 � 0.6%. They further estimated the occurrence rate of hot Jupiters, which they

de�ned as those giant exoplanets on orbital periodsP < 10 days, to be 0.47�

0.08%.

1.3.2 Hot Jupiter Formation

Gas giant planets form in protoplanetary disks through either core accretion

(e.g., Pollack et al., 1996) or gravitational disk instability (e.g., Boss, 1997; Helled

et al., 2014). Hot Jupiters (or their progenitor cores) most likely formed beyond the

snow line (a & 3 AU) and then arrived on short orbital periods through either 1.)

inward disk-driven migration (e.g, Rice et al., 2012), or 2.) production of a highly

eccentric orbit with small periapse, followed by tidal circularization (e.g., Perryman,

2018).

One motivation for studying hot Jupiter atmospheres is to gain insight into

planet formation. The atmospheric composition encodes information about the for-

mation and evolutionary history of a hot Jupiter. •Oberg et al. (2011) demonstrated

that the C/O ratio of the solids and gases in a protoplanetary disk vary depending

upon the radial location within the disk due to the presence of various snowlines

(H2O, CO2, CO). Their models showed that measuring the C/O and C/H ratios

in a giant planet atmosphere, and determining whether those ratios were substel-

lar, stellar, or superstellar, would place constraints on the formation mechanism

(core accretion or gravitational instability), the formation location (within or be-

yond the water snowline), and the degree of atmospheric pollution by evaporating
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planetesimals during the late stages of planet formation.

•Oberg & Bergin (2016) re�ned the earlier•Oberg et al. (2011) model predictions

to include dynamics such as grain growth and pebble drift. They focused on the

e�ects of CO redistribution to show that both superstellar C/O and C/H ratios

could exist in the gas between the H2O and CO snowlines of a protoplanetary disk.

They proposed that the N/C ratio could be used in conjunction with C/O and C/H

ratios to distinguish between giant planet formation locations.

Recently, Eistrup et al. (2018) have shown that protoplanetary disk chemistry

evolves over time during the era of planet formation|up to 7 Myr. Thus, to properly

interpret planetary atmosphere C/O ratios, disk chemistry must be incorporated

into planet formation models.

Madhusudhan et al. (2014) proposed chemical tests to constrain the migra-

tion pathway for gas giant exoplanets. Two hypotheses for hot Jupiter migration

are interactions with the protoplanetary disk, or some type of disk-free process

such as gravitational interaction with a third body. Madhusudhan et al. (2014)

demonstrated that sub-solar carbon and oxygen abundances likely indicated disk-

free migration processes. Such planets would also have solar or super-solar C/O

ratios.

1.3.3 Hot Jupiter Atmospheres { Theory and Observations

Soon after Mayor & Queloz (1995) announced the �rst discovery of hot Jupiter

51 Pegasi b, theorists began to expand our planetary atmosphere models to predict
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the properties of these unique worlds. Early work focused on modeling the atmo-

spheres of these highly irradiated planets to predict their chemical composition,

emergent 
ux, and observational features (e.g., Burrows et al., 1997; Burrows &

Sharp, 1999; Guillot et al., 1996; Saumon et al., 1996; Seager & Sasselov, 1998).

With the detection of the �rst exoplanet transit (Charbonneau et al., 2000; Henry

et al., 2000), theorists touted the bene�ts of transmission spectroscopy and began to

lay the foundations for later observational work (e.g., Brown, 2001; Hubbard et al.,

2001; Seager & Sasselov, 2000).

In an early study, Seager & Sasselov (2000) derived the analytical transmission

spectrum for HD 209458 b to foretell the strongest absorption features of giant

exoplanets on short-period orbits. Their predictions of strong alkali metal lines|in

particular the K I resonance doublet (42p-4 2s) at 7670�A and the Na I resonance

doublet (3 2p-3 2s) at 5893.6�A|were later borne out by observations. In addition,

they accurately predicted strong absorption of stellar photons at 1.083� m due to

the He I 23s-23p triplet transition line, an observational diagnostic that has only

been recently exploited (e.g., Allart et al., 2018; Mans�eld et al., 2018; Nortmann

et al., 2018; Salz et al., 2018).

Brown (2001) wrote an early pedagogical description of transmission spec-

troscopy, and developed a rigorous model spectrum for HD 209458 b. His work

agreed with that of Seager & Sasselov (2000), with his spectrum showing strong

K I and Na I lines in the optical, as well as strong signatures of CO, CH4, and H2O

in the infrared. Brown (2001) noted the advantages of avoiding the contaminating

e�ects of Earth's atmosphere via space-based observations, particularly in the in-
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frared. He also illustrated the obfuscating e�ects of clouds on transmission spectra.

He cautioned that although transmission spectroscopy would allow insight into the

properties of planetary atmospheric properties, some of these properties are degen-

erate. For example, high altitude clouds and higher heavy element abundances could

produce similar e�ects on planetary atmosphere spectra.

Charbonneau et al. (2002) published the �rst detection of an atmospheric fea-

ture attributable to atomic absorption|namely, they reported detection of atomic

sodium near 5893.6�A in the atmosphere of HD 209458 b, based upon analysis of

HST Space Telescope Imaging Spectrograph (STIS)25 spectra. They noted that the

features were not as strong as expected from their solar metallicity cloud-free model.

They postulated four potential causes of the muted sodium feature: formation of

molecules using sodium in the atmosphere, photoionization of sodium in the upper

atmosphere, low primordial sodium abundance, or high-altitude clouds.

Soon HST transit spectroscopy observations shifted to the infrared regime,

where astronomers sought evidence of molecular features. Unfortunately, the �rst

NICMOS26 detections of H2O and CH4 (Swain et al., 2008), as well as CO2 (Tinetti

et al., 2010) were deemed questionable (Gibson et al., 2011). However, after its

installation on HST servicing mission 4, the Wide Field Camera 3 (WFC3)27 has

become the mainstay instrument for near infrared space-based transmission spec-

troscopy.

Deming et al. (2013) analyzed HST/WFC3 G141 grism spectra for the two

25https://www.stsci.edu/hst/instrumentation/stis
26The Near Infrared Camera and Multi-Object Spectrometer (NICMOS) has been inoperative

since 2008. Seehttps://stsci.edu/hst/instrumentation/legacy/nicmos .
27https://www.stsci.edu/hst/instrumentation/wfc3
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hot Jupiters XO-1b and HD 209458b using the (then) newly availablespatial scan

mode (McCullough & MacKenty, 2012).28 In spatial scan mode, HST is moved

at a small constant rate back and forth perpendicular to the dispersion direction

of the spectrum, such that the target starlight spreads across the detector array

in the spatial direction. When observing bright exoplanet host stars, spatial scan

mode allows selection of longer exposure times without saturating subarray pixels.

Deming et al. (2013) found water absorption of� 200 ppm near the 1.38� m H2O

bandhead in the transmission spectra for both XO-1b and HD 209458b. Similar

to the Charbonneau et al. (2002) sodium features, Deming et al. (2013) noted that

the water spectral features were muted compared to expectations from models of

clear atmospheres, and attributed this attenuation to continuous opacity from haze

and/or dust. Following the Deming et al. (2013) analysis of WFC3 spatial scan

data, many other scientists reported detection of NIR H2O features in hot Jupiters

(e.g., Kreidberg et al., 2014b, 2015; McCullough et al., 2014; Wakeford et al., 2013).

The spectral region probed by the HST/WFC3 G141 grism is dominated by

H2O features. Spitzer Space Telescope observations complement those of HST/WFC3

by providing data further into the IR regime. Spitzer began its mission in 2003, and

during its cryogenic phase was able to simultaneously observe in four photometric

bandpasses (centered at 3.6, 4.5, 5.8, and 8� m) with the Infrared Array Camera

(IRAC), complemented by broadband observations at 24� m using the Multiband

Imaging Photometer for Spitzer (MIPS, e.g., Deming & Knutson, 2020; Perryman,

28I applied the procedures of Deming et al. (2013), as well as Wilkins et al. (2014), in analyzing
WFC3 spectra for KELT-7b, and summarize those procedures further in Section 5.4.1.
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2018). The Infrared Spectrograph (IRS, Houck et al., 2004) also supported low and

high resolution spectroscopy. However, after March 2009, Spitzer entered itswarm

mission, and photometric observations were limited to the 3.6� m and 4.6� m band-

passes of IRAC. Although many Spitzer exoplanet observations took place during

the warm mission, data from the 3.6� m and 4.6� m bandpasses provide additional

constraints on atmospheric models, since CH4, CO, and CO2 all absorb strongly

in these bandpasses. Unfortunately, because these are photometric bandpasses, the

molecular features are not spectrally resolved, which can lead to some uncertainty

in their interpretation.

Observations using HST/WFC3 in concert with HST/STIS have also proven

fruitful. 29 STIS covers wavelengths from 1150�A to 10300 �A, spanning the near

ultraviolet (NUV) to NIR. Thus, STIS observations o�er the opportunity to search

for signs of Rayleigh scattering slopes or of atomic lines such as those of K I and Na

I. In a pioneering study, Sing et al. (2016) compared the 0.3� m to 5.0 � m spectra of

10 hot Jupiters spanning a large range of planetary temperatures, surface gravities,

masses and radii, which in turn allowed examination of a broad range of planetary

atmospheric parameters. Their analysis included data from HST/STIS (0.3� m to

1.01� m), HST/WFC3 (1.1 � m to 1.7 � m), and Spitzer IRAC (3.6� m and 4.6� m)|

the broad spectral coverage allowed capture of features from the optical scattering

slope to molecular absorption in the NIR. In addition to optical scattering slopes,

they found prominent spectral absorption features from Na I, K I, and H2O, but

the strength|and even the presence|of the features varied between planets. They

29Note that STIS was o�-line from 2004 until HST servicing mission 4 in 2009.
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found that comparison of the planetary radius measured in the optical and NIR

regimes could reveal whether or not the planetary atmosphere was clear or cloudy.

Barstow et al. (2017) performed atmospheric retrievals on the same sample of hot

Jupiters analyzed by Sing et al. (2016). Barstow et al. (2017) found that retrievals

for hot Jupiters with equilibrium temperatures between 1300 and 1700 K pointed to

deeper, gray cloud layers, whereas hot Jupiters with cooler or hotter temperatures

were best explained by higher altitude Rayleigh scattering. Recent work has shown

that stellar activity can also produce larger transit depths in the optical regime that

mimic scattering slopes, thus confounding our interpretation of transmission spectra

and pointing to the importance of stellar activity monitoring (e.g., Rackham et al.,

2018, 2019).

Soon after the Sing et al. (2016) and Barstow et al. (2017) studies, Fu et al.

(2017) performed a statistical analysis of all published HST/WFC3 (1.1� m to 1.65

� m) spatially scanned spectra available at the time for 34 planets ranging from hot

Jupiters to hot Neptunes. They sought a correlation between the observed H2O

absorption feature and planetary parameters. They found a positive baseline corre-

lation between water absorption expressed in scale heights and planet equilibrium

temperature. Fu et al. (2017) proposed the correlation was due to decreasing cloud

condensation (and thus more H2O absorption) with increasing temperature.

Recently, Gao et al. (2020) used a grid of 1D giant planetary atmosphere

models incorporating an aerosol microphysics model to determine the composition of

aerosols across various temperature regimes. Their model grid spanned equilibrium

temperatures Teq from 700 to 2800 K, surface gravities of 4, 10, and 25 m s� 1, and
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both solar and 10x solar metallicities. By comparing their model grid to transmission

spectroscopy observations, they showed that silicates dominate the aerosol opacity

for planets with Teq > 950 K, while hydrocarbon aerosols dominate on planets with

Teq < 950 K.

A number of hot Jupiter transmission spectra display relatively large transit

depths in the short wavelength (< 0.5 � m) regimes. Motivated by their analy-

sis of the WASP-76b transmission spectrum (Fu et al., 2020), Lothringer et al.

(2020) recently showed that metal opacities not commonly considered in planetary

atmosphere models|for example, atoms and ions of Fe, Ti, Ni, Ca, Cr, Mn, and

SiO|may explain these large transit depths. These metals are guaranteed to be

present in conditions near chemical equilibrium. Due to such metal opacities, hot

Jupiters with T eq & 1000 K exhibit NUV transit depths greater than those that

can be explained by Rayleigh scattering alone. Furthermore, in the blue-optical

regime, those hot Jupiters with Teq & 2000 K will have transit depths greater than

those that can be explained by Rayleigh scattering, although for planets with Teq .

2000 K Rayleigh scattering can dominate. Additionally, Allard et al. (2016, 2019)

recently reported the importance of including properly broadened line wings for Na

and K opacities when analyzing hot Jupiter spectra.

1.4 Rpl < 4R� Planets

The work presented in Chapters 3 and 4 addresses follow-up of TESS-discovered

exoplanets. The goal of the TESS mission is to �nd hundreds of planets smaller in
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size than Neptune (4R� ), orbiting host stars bright enough to facilitate follow-up

spectroscopic radial velocity and atmospheric characterization observations (Ricker

et al., 2015). Here, I brie
y review our knowledge ofRpl < 4R� planet occurrence

rates|to include the radius valleyfound by analysis of Kepler data|as well as the-

ory and observations concerningRpl < 4R� planet atmospheres. The radius valley

provides the motivation for part of the analysis presented in Chapter 4.

1.4.1 Kepler Occurrence Rates and the Radius Valley

Analysis of data from NASA's Kepler space telescope has taught us that the

most common types of planets areRpl < 4R� super-Earths and sub-Neptunes (e.g.,

Dressing & Charbonneau, 2013, 2015; Fressin et al., 2013) that range in size between

Earth (1R� ) and Neptune (4R� ). In addition, Kepler and K2 occurrence rate studies

have revealed avalley (sometimes referred to as agap) in the radius distribution

between super-Earth and sub-Neptune-sized planets onP < 100 day orbits. The

pioneering work of Fulton et al. (2017a) showed that the radius distribution forRpl <

4R� planets on short-period orbits cluster about values of� 1:3R� (super-Earths)

or � 2:4R� (sub-Neptunes), with relatively few planets falling into the regime 1:5�

2:0R� (Figure 1.8). Additional studies of Kepler and K2 planet occurrence rates

veri�ed the bimodel distribution of super-Earths and sub-Neptunes (Cloutier &

Menou, 2020; Fulton & Petigura, 2018; Hardegree-Ullman et al., 2020; Martinez

et al., 2019; Van Eylen et al., 2018). Most recently, Cloutier & Menou (2020)

analyzed a sample of 275 con�rmed Kepler planets and 53 con�rmed K2 planets,
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Figure 1.8: Radius valley inRpl < 4R� planets. Kepler occurrence rate studies show
that the radius distribution for Rpl < 4R� planets on short-period orbits cluster
about values of� 1:3R� (super-Earths, shaded in red) or� 2:4R� (sub-Neptunes,
shaded in cyan), with relatively few planets falling into the regime 1:5 � 2:0R� .
Figure from Fulton et al. (2017a).

all on P < 100 day orbits of mid-to-late K or M-dwarf host stars (Te� � 4700

K), and con�rmed the bimodal distribution in cool, low-mass host stars|the same

stellar types that produce relatively larger transit depths and spectral features in

transmission spectra.

Theories developed to explain the radius gap include mass loss by photoevap-

oration (Jin & Mordasini, 2018; Lopez & Fortney, 2014; Lopez & Rice, 2018; Owen

& Wu, 2013, 2017), core-powered mass loss (Ginzburg et al., 2016, 2018; Gupta &

Schlichting, 2019, 2020), impact erosion by planetesimals (Schlichting et al., 2015;

Shuvalov, 2009; Wyatt et al., 2020), and distinct formation pathways for rocky and
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non-rocky planets, with gas-poor formation explaining rocky planet origins (Lee &

Chiang, 2016; Lee et al., 2014; Lopez & Rice, 2018). To date, observational tests of

the theories do not reveal a conclusive origin for the radius gap. Atmospheric char-

acterization of selected planets will provide important information such as metal-

licities and C/O ratios that will help us re�ne our theories of planet formation and

evolution, and will also help us to pinpoint the origins of the radius valley.

1.4.2 Atmospheres ofRpl < 4R� Planets { Theory and Observations

CoRoT-7b (L�eger et al., 2009) and GJ1214b (Charbonneau et al., 2009) were

the �rst transiting Rpl < 4R� planets with measured masses and radii. CoRoT-7b is

a 1.7R� planet orbiting a 0.83R� G9V host star, while GJ1214b is a 2.85R� planet

orbiting a 0.216R� M4.5 host star.30 Thus, GJ1214b's transit depth (equation 1.1)

is larger, and the prospects for observing its atmosphere greater, so a 
urry of

theoretical and observational studies related to measuring the planet's transmission

spectrum accompanied its discovery in 2009 (e.g., Bean et al., 2011, 2010; Berta

et al., 2012; D�esert et al., 2011; Miller-Ricci & Fortney, 2010).

Planets between the sizes of Earth (1R� ) and Neptune (4R� ) likely form via

di�erent mechanisms, and their atmospheres encode those formation mechanisms.

In our own solar system,Rpl � 1R� planets are rocky with high mean molecular

weight atmospheres, while Neptune is anIce Giant with a hydrogen and helium dom-

inated atmosphere (e.g., Moses et al., 2020). Atmospheres of solar system terrestrial

30Planetary system parameters are taken from the NASA Exoplanet Archive, accessed 2 Decem-
ber 2020.
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planets formed via outgassing of volatiles from minerals (e.g., Abe & Matsui, 1985;

Lange & Ahrens, 1982). Schaefer & Fegley (2010) examined the chemical compo-

sition of terrestrial atmospheres formed from outgassing during planetary accretion

and described their implications for rocky exoplanets. They determined that at-

mospheric composition would depend upon the source material for outgassing, and

that 4 plausible atmospheric compositions31 were 1.) H2O-rich (steam), 2.) H2-rich

with CO and H2O, 3.) CO-rich with H2, CO2, and H2O, and 4.) CO2-rich with

H2O. Thus, measuring the chemical composition of a rocky exoplanet atmosphere

would provide clues to that planet's formation history.

The interior structure and atmospheric compositions ofRpl < 4R� planets

cannot be constrained by bulk density from mass and radius measurements alone

(Adams et al., 2008). Rogers & Seager (2010a) introduced quaternary diagrams|

shaped like three dimensional tetrahedons|which model a planet as composed of 4

components which are each expressed as mass fractions: a core, mantle, ice layer,

and gas layer. Rogers & Seager (2010a) demonstrated their interior structure model

on 4 planets, including CoRoT-7b, and showed that by using only the measured

mass, radius, and stellar irradiation of a planet, they could constrain the range of

mass fractions possible for each of the 4 components in their quaternary diagrams.

Soon thereafter, Rogers & Seager (2010b) applied the same concepts to GJ1214b.

They found that the GJ1214b low average density of� pl = 1870� 400 kg m3 implied

that the planet has a large gas component. They considered three possible origins for

31The compositions list the primary chemical component, followed by the next most abundant
gases in order of abundance.
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the large gas layer|accretion from the protoplanetary disk, sublimation of ices, and

outgassing from rocky material|and suggested spectral observations to distinguish

between scenarios.

An earlier paper by Miller-Ricci et al. (2009) examined 3 plausible atmospheric

compositions for the super-Earth Gl 581c (M sini = 5M � ): a hydrogen-rich atmo-

sphere accreted from the protoplanetary disk, an atmosphere depleted of hydrogen

due to atmospheric escape, and a CO2-rich and H-poor Venus-like atmosphere. They

found that transmission spectra are the best method to distinguish between H-rich

(low mean molecular weight� ) and H-poor atmospheres (high� ) due to the di�er-

ence in scale height (equation 1.17) between such atmospheres.

Upon discovery of GJ1214b, Miller-Ricci & Fortney (2010) explored a range

of atmospheres for the planet. They advocated that space-based follow-up observa-

tions would attain the precision to resolve spectral features in a hydrogen-rich at-

mosphere. They predicted that transmission spectra of hydrogen-rich atmospheres

would be dominated by water and methane features. In contrast, they predicted

that hydrogen-poor atmospheres would likely result in 
at spectra due to the high

mean molecular weight of such atmospheres. Although measurement of a 
at spec-

trum would rule out a cloud-free hydrogen rich atmosphere, a 
at spectrum could

also result from a hydrogen-rich atmosphere with aerosols extending into the upper

layers.

On the observational front, Bean et al. (2010) published the �rst GJ1214b

transmission spectrum, which was produced from ground-based observations and

spanned wavelengths from 780 to 1000 nm. The featureless spectrum ruled out
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a cloud-free hydrogen-dominated atmosphere at 4.9� -con�dence. However, Bean

et al. (2010) were unable to rule out a high mean molecular weight water vapor

atmosphere. Several additional observational studies of GJ1214b were unable to

decisively distinguish between either a hydrogen-dominated cloudy atmosphere or

a high mean molecular weight atmosphere (Bean et al., 2011; Berta et al., 2012;

D�esert et al., 2011; Fraine et al., 2013). Finally, Kreidberg et al. (2014a) used the

HST/WFC3 G141 grism (1.1 to 1.7� m) in spatial scan mode (seex1.3.3) to pro-

duce a featureless transmission spectrum with enough precision to detect any extant

spectral features in a high mean molecular weight atmosphere. They produced this

high signal-to-noise spectrum by combining observations of 12 transits. Kreidberg

et al. (2014a) ruled out high mean molecular weight atmospheres composed of wa-

ter, methane, carbon monoxide, nitrogen, or carbon dioxide to greater than 5-�

con�dence, thus determining that GJ1214b's atmosphere must contain aerosols.

In subsequent years, other astronomers have employed the HST/WFC3 G141

grism in spatial scan mode, sometimes combined with other space-based platforms,

to produce transmission spectra forRpl < 4R� planets. Knutson et al. (2014)

observed the Super-Earth HD 97658b (Rpl = 2:4R� , R� = 0:74R� , host star Te� =

5175 K and spectral type K1), and ruled out a cloud-free solar metallicity atmosphere

at the 10-� level. Tsiaras et al. (2016) measured the transmission spectrum for

the hot (Teq � 2000 K) super-Earth 55 Cancri e (Rpl = 1:91R� , R� = 0:943R� ,

host star Te� = 5196 K and spectral type G8V), and determined that the data

were consistent with a hydrogen-rich atmosphere with C/O = 1.1. de Wit et al.

(2018) observed TRAPPIST-1d, e, f, and g|the four TRAPPIST-1 planets within
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or near the system's habitable zone. Their analysis ruled out cloud-free, hydrogen-

dominated atmospheres for TRAPPIST-1d, e, and f at con�dence levels of 8, 6, and

4-� , respectively. Wakeford et al. (2019) analyzed new HST/WFC3 data from an

additional transit combined with previous data from de Wit et al. (2018) and were

able to rule out a clear, solar H2/He-dominated atmosphere on TRAPPIST-1g at

greater than 3-� con�dence. Benneke et al. (2019) combined HST observations with

Spitzer IRAC and K2 observations to detect water vapor and the likely presence

of liquid and icy water clouds in the 2.6R� habitable-zone (Teq � 255 K) planet

K2-18b. The planet orbits a small, cool (R� = 0:45R� , Te� = 3457 K, spectral type

M3V) and bright host star, thus increasing the size of its spectral features. Tsiaras

et al. (2019a,b) analyzed the same HST/WFC3 data and also reported �nding water

in the atmosphere of K2-18b, by making use of their publicly available WFC3 data

reduction (Tsiaras et al., 2018) and atmospheric retrieval (Waldmann et al., 2015)

codes. Recently, Edwards et al. (2021) reported a tentative water detection in the

atmosphere of the 1.7R� , rocky (� pl = 7:5 g cm3), habitable zone (Teq � 235 K)

planet LHS-1140b.

The analysis ofRpl < 4R� planet atmospheres is an evolving �eld of research.

In Chapter 4, I look at the prospects for studying the atmospheres of these fascinat-

ing worlds using the higher resolution and broader spectral coverage of the James

Webb Space Telescope.
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Chapter 2: Supplemental Background Regarding

TESS Predicted Planet Yield and

Validation using Multi-Color Photometry

2.1 Overview

This Chapter presents supplemental background information to assist in un-

derstanding the analyses described in Chapters 3 and 4. The work in both Chapters

3 and 4 relies upon projections of the exoplanets that will be discovered by the Tran-

siting Exoplanet Survey Satellite (TESS). In Section 2.2, I brie
y describe various

studies that predict the TESS planet yield, and I then quantify some key di�er-

ences between the two planet yield predictions that I rely upon, those of Sullivan

et al. (2015) and Barclay et al. (2018). In Chapter 3, I present a study to predict

the ability of the Multi-color Simultaneous Camera for Studying Atmospheres of

Transiting Planets (MuSCAT) instrument, as well as the MuSCAT2 instrument, to

distinguish bona �de exoplanets from blended eclipsing binary (BEB) false positives

(Figure 1.6). In Section 2.3, I show the di�erence between the TESS bandpass and

the MuSCAT/MuSCAT2 bandpasses, and I provide insight into how observations

using the multiple bandpasses of MuSCAT/MuSCAT2 can allow us to distinguish
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false positives.

2.2 TESS Predicted Planet Yields

Sullivan et al. (2015) published the �rst comprehensive predictions of the plan-

ets and astrophysical false positives that TESS would detect. To conduct their anal-

ysis, they synthesized the stellar population of observed stars using the TRIdimen-

sional modeL of thE GALaxy, or TRILEGAL (Girardi et al., 2012). They applied

Kepler planet occurrence rates from Fressin et al. (2013) for FGK stars and from

Dressing & Charbonneau (2015) forTe� < 4000K stars. Finally, they determined

whether a planet would be detected using models for the photometric performance

and sky coverage of the TESS cameras. Sullivan et al. (2015) supplied a publicly

available catalog of planetary system properties based upon their work.

Chapter 4, Sections 4.1 through 4.6, was published as Louie et al. (2018) and

relied upon the Sullivan et al. (2015) TESS estimated planet yield. Since publication

of Louie et al. (2018), additional teams have reevaluated the TESS estimated planet

yield. Bouma et al. (2017) continued the work of Sullivan et al. (2015), using slightly

modi�ed versions of the Sullivan et al. (2015) simulation routines to examine six

plausible options for a TESS Extended Mission. Notably, Bouma et al. (2017)

reported a code error in calculation of dilution due to background stars used by

Sullivan et al. (2015). After correcting this error, Bouma et al. (2017) predicted

30% fewer Earth-sized and super-Earth-sized planets than those found by Sullivan

et al. (2015) during the TESS primary mission.
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Most recently, Ballard (2019) reexamined the number and multiplicity of plan-

ets that TESS would �nd orbiting M-dwarf host stars. They predicted a 1.2-fold

increase in the number of planets orbiting M-dwarfs, and they also predicted that

TESS would �nd multiple planets in 20% of the M-dwarf systems.

Barclay et al. (2018) incorporated several improvements upon the Sullivan

et al. (2015) simulations that enabled them to more closely replicate the TESS

primary mission. They used the actual TESS Input Catalog (TIC) Candidate Target

List (CTL, Stassun et al., 2018), version 6.1, rather then TRILEGAL, to provide

the stellar population. The CTL contains 3.8 million stars that the TESS Target

Selection Group has deemed most suitable for detection of small planet candidates.

As discussed in Section 1.1.2, the TESS mission selected 200,000 target stars to be

observed at 2-minute cadence. Barclay et al. (2018) used a realistic selection scheme

based on the techniques applied by the TESS Target Selection Group to pick the

CTL stars for simulated 2-minute observations. In contrast to other studies of the

TESS planet yield (Ballard, 2019; Bouma et al., 2017; Sullivan et al., 2015), Barclay

et al. (2018) limited the number of target stars observed at each ecliptic pole to

6000, which is the maximum possible with the actual 
ight hardware con�guration.

In addition, Barclay et al. (2018) limited full frame image (FFI) targets observed

at 30-minute cadences to those in the CTL, whereas previous works had employed

various cuts based upon stellar magnitudes. Like Sullivan et al. (2015) and Bouma

et al. (2017), Barclay et al. (2018) employed Kepler planet occurrence rates from

Fressin et al. (2013) and Dressing & Charbonneau (2015).

In Chapter 3, we base our analysis on the Barclay et al. (2018) simulated TESS
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discoveries, since this recent work employs the most realistic scheme to predict the

TESS primary mission exoplanet detections. Speci�cally, we used version 9 of the

Barclay et al. (2018) TESS planet yield, which was posted on-line 18 July 2018.1

Additionally, in Section 4.7, I apply our James Webb Space Telescope (JWST)

simulation tool to predict the suitability of Barclay et al. (2018) predicted TESS

exoplanet discoveries to atmospheric characterization using JWST.

In the remainder of this section, I produce histograms to illustrate key di�er-

ences between the versions of the Sullivan et al. (2015) and Barclay et al. (2018)

TESS planet catalogs relied upon for the analyses of Chapters 3 and 4. I begin with

Figure 2.1, which compares the occurrence rate of TESS planets in various size bins.

For the Rpl � 4R� planets we look at in Chapters 3 and 4, Sullivan et al. (2015)

detect greater numbers of planet in all bins withRpl < 3R� . I refer the reader to

Barclay et al. (2018) for a detailed discussion regarding di�erences between their oc-

currence rates and those of other studies (Ballard, 2019; Bouma et al., 2017; Sullivan

et al., 2015).

Figure 2.2 compares the J-band magnitude of all Sullivan et al. (2015) and

Barclay et al. (2018) TESS discoveries, with various colors indicating the J-band

magnitudes ofRpl � 4R� and Rpl � 2:5R� discoveries. For all bins with J-band

magnitudes less than 12, Barclay et al. (2018) detect more planets per bin. Thus,

Barclay et al. (2018) detect planets orbiting host stars with brighter J-band magni-

tudes.

Figure 2.3 illustrates the distribution of J-band magnitudes forRpl � 2:5R�

1https://figshare.com/articles/Planet_and_host_star_properties/6137672 .
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(a)

(b)

Figure 2.1: Histograms comparing the (a) Sullivan et al. (2015) and (b) Barclay
et al. (2018) TESS planet yields. Notably, Sullivan et al. (2015) detect greater
numbers of planet in all bins withRpl < 3R� .

66



(a)

(b)

Figure 2.2: Histograms comparing the (a) Sullivan et al. (2015) and (b) Barclay
et al. (2018) J-band magnitudes over various radius regimes. In general, Barclay
et al. (2018) detect planets orbiting host stars with brighter J-band magnitudes.
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planetary systems in the Sullivan et al. (2015) and Barclay et al. (2018) TESS

primary mission predictions. Although Sullivan et al. (2015) detect larger numbers

of planets in this radius regime, Barclay et al. (2018) report greater numbers of

planets orbiting bright host stars (e.g., J-band magnitude� 9.).

Figures 2.4 and 2.5 show the distribution of stellar temperatures for the Sulli-

van et al. (2015) and Barclay et al. (2018) TESS primary mission predictions. Figure

2.4 shows all planetary system projections, with colored overplots for planetary sys-

tems with Rpl � 4R� and Rpl � 2:5R� planet discoveries. By far, Sullivan et al.

(2015) report a greater number of planets orbiting cool, low mass host stars. Both

studies �nd the majority of Rpl � 1:5R� planets orbiting cool, low mass host stars.

Barclay et al. (2018) noted that the dearth of planets found orbiting K-dwarfs is a

result of selecting fewer K-dwarfs as 2-minute cadence targets. See Stassun et al.

(2018) for a comprehensive explanation of the source of the CTL \missing" K-dwarfs.

2.3 Distinguishing False Positives with Multi-Band Photometry

The MuSCAT/MuSCAT2 team members are part of the TESS Follow-up Ob-

serving Program, or TFOP, and take part in some of the earliest observations de-

picted in Figure 1.7. As mentioned in Section 1.1.3, TESS' large pixel scale of 21

arcsec pixel� 1 increases the probability that BEB false positives will be detected,

particularly in crowded �elds of view. The combination of large pixel scale and

crowded �eld makes it more likely that light from the targeted star will blend with

that of a nearby eclipsing binary, separated spatially from the target star by only a
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(a)

(b)

Figure 2.3: Histograms comparing the (a) Sullivan et al. (2015) and (b) Barclay et al.
(2018) J-band magnitudes, showing values only forRpl � 2:5R� planets. Although
Sullivan et al. (2015) detect larger numbers of planets in this radius regime, Barclay
et al. (2018) report greater numbers of planets orbiting bright host stars (e.g., J-band
magnitude � 9.).
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(a)

(b)

Figure 2.4: Histograms comparing the (a) Sullivan et al. (2015) and (b) Barclay
et al. (2018) host star e�ective temperatures over various radius regimes. By far,
Sullivan et al. (2015) report a greater number of planets orbiting cool, low mass
host stars.
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(a)

(b)

Figure 2.5: Histograms comparing the (a) Sullivan et al. (2015) and (b) Barclay
et al. (2018) host star e�ective temperatures, showing values only forRpl � 2:5R�

planets. Both studies �nd the majority of Rpl � 1:5R� planets orbiting cool, low
mass host stars.
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small amount. In this short section, I present a comparison of the TESS and MuS-

CAT/MuSCAT2 bandpasses, and describe qualitatively how BEB false positives

may be distinguished using multi-band simultaneous photometry.

Figure 2.6 compares the TESS bandpass to the MuSCAT2 g, r, i and zs band-

passes. Note that MuSCAT has only the g, r, and zs bandpasses. Figure 2.7 depicts

blackbody curves at 3 temperatures, with the TESS and MuSCAT2 bandpasses

overplotted near the bottom. The blackbody curves may be used to illustrate the

concept behind distinguishing false positives using multi-band photometry.2 Imag-

ine that the blackbody curves represent stars at three di�erent stellar temperatures,

and that the 5000 K blackbody curve is our targeted star. Then, if that Te� = 5000

K star hosts a transiting exoplanet, when the exoplanet transits, the entire stellar

curve will dim by the same proportionate amount (R2
pl=R2

� ) at each wavelength. In

other words, the exoplanet transit will not be wavelength-dependent. However,

assume instead that the light from the Te� = 5000 K star is blended with the light

from two stars of e�ective temperatures 4500 K and 3500 K, and assume that the

cooler star periodically eclipses (or transits) the 4500 K star. In other words, assume

we have a BEB. Thus, if we observe in any of the MuSCAT2 bandpasses, we are

observing the integrated light of 3 stars across that bandpass. Whenever the 4500

K star is eclipsed by the cooler star, then only the light from the 4500 K blackbody

curve will decrease by a proportional amount. The amount of light we detect (from

3 stars) during eclipse will decrease in each bandpass, and over time we would mea-

2Note that the actual PHOENIX stellar models we use in our analysis of Chapter 3 are much
more complicated than blackbody curves, but the same concept applies.
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sure something that appears like an exoplanet transit light curve. However, in this

case the transit depth that we measure in each of MuSCAT2's 4 bandpasseswill

be wavelength-dependent. This is because the blackbody curves for each star di�er

across wavelength|for example they peak at di�erent wavelengths.

Figure 2.6: Comparison of the TESS Spectral Response curve from Ricker et al.
(2014) to the Narita et al. (2019) MuSCAT2 Total Transmittance. While MuS-
CAT2 employs 4 bandpasses, the MuSCAT instrument only employs the g, r, and
zs bandpasses.
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Figure 2.7: Here, we show the blackbody function plotted at three temperatures,
overlaying the TESS and MuSCAT2 bandpasses from Figure 2.6. The blackbody
curves can be used to approximate the number of photons received from a star at
a given e�ective temperature. Higher values of radiated energy B� correspond to a
larger number of photons received from a host star.
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Chapter 3: Simulations Predicting the Ability of Multi-Color

Simultaneous Photometry to Distinguish TESS

Candidate Exoplanets from False Positives

3.1 Overview

The Transiting Exoplanet Survey Satellite (TESS) is currently concluding its

2-year primary science mission1 searching 85% of the sky for transiting exoplan-

ets. TESS has already discovered well over one thousand TESS objects of interest

(TOIs), but these candidate exoplanets must be distinguished from astrophysical

false positives using other instruments or techniques. The 3-band Multi-color Si-

multaneous Camera for Studying Atmospheres of Transiting Planets (MuSCAT), as

well as the 4-band MuSCAT2, can be used to validate TESS discoveries. Transits

of exoplanets are achromatic when observed in multiple bandpasses, while transit

depths for false positives often vary with wavelength. We created software tools to

simulate MuSCAT/MuSCAT2 TESS follow-up observations and reveal which planet

candidates can be e�ciently distinguished from blended eclipsing binary (BEB) false

positives using these two instruments, and which must be validated using other tech-

1Since publication of Louie et al. (2020), TESS has completed its primary science mission.
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niques. We applied our software code to the Barclay et al. (2018) predicted TESS

discoveries, as well as to TOIs downloaded from the ExoFOP-TESS website. We

estimate that MuSCAT (MuSCAT2 values in parentheses) will be able to use its

multi-color capabilities to distinguish BEB false positives for� 17% (� 18%) of all

TESS discoveries, and� 13% (� 15%) of Rpl < 4R� discoveries. Our TOI analysis

shows that MuSCAT (MuSCAT2) can distinguish BEB false positives for� 55%

(� 52%) of TOIs with transit depths greater than 0.001, for� 64% (� 61%) of TOIs

with transit depths greater than 0.002, and for� 70% (� 68%) of TOIs with tran-

sit depths greater than 0.003. Our work shows that MuSCAT and MuSCAT2 can

validate hundreds ofRpl < 4R� candidate exoplanets, thus supporting the TESS

mission in achieving its Level 1 Science Requirement of measuring the masses of 50

exoplanets smaller in size than Neptune. Our software tools will assist scientists as

they prioritize and optimize follow-up observations of TESS objects of interest.

3.2 Introduction

The Transiting Exoplanet Survey Satellite (TESS), which launched 18 April

2018, is projected to detect over one thousand transiting exoplanets smaller than

Neptune (Barclay et al., 2018; Ricker et al., 2016; Sullivan et al., 2015). However,

Sullivan et al. (2015) showed that TESS will also detect several thousand astrophys-

ical false positives, produced by blended light from a target star and eclipsing binary

stars in the foreground/background, or bound to the target star. The TESS Follow-

Up Observing Program (TFOP)2 will facilitate achievement of the TESS Level 1

2https://tess.mit.edu/followup/
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Science Requirement to measure the masses of 50 exoplanets smaller in size than

Neptune. The �rst step in the TFOP pipeline is to validate candidate exoplanets

by distinguishing true exoplanets from astrophysical false positives.

Transiting exoplanets can be distinguished from astrophysical false positives

by determining the wavelength/color-dependence of the amount of stellar light

received|transiting exoplanets are largely achromatic when observed in di�erent

bandpasses (Alonso et al., 2004; Parviainen et al., 2019). Ground-based multiband

photometry makes use of this color-dependence to distinguish true exoplanets from

astrophysical false positives. The Multi-color Simultaneous Camera for Studying

Atmospheres of Transiting Planets, or MuSCAT (Narita et al., 2015), a 3-color

multiband photometer used on the National Astronomical Observatory of Japan

(NAOJ) 1.88-m telescope at Okayama Astro-Complex (OAC), Japan, is one instru-

ment the exoplanet community uses for TESS validation. The 4-color MuSCAT2

instrument (Narita et al., 2019) installed on the 1.52-m Carlos Sanchez Telescope at

Teide Observatory in the Canary Islands also supports TESS validations with more

than 200 dedicated observing nights per year.3

Sullivan et al. (2015) analyzed the types of false positives that TESS would

detect when observing 200,000 preselected target stars at 2-minute cadences, and

they found that TESS would discover 1103� 33 eclipsing binary (EB) systems

which fall into the following three categories:4

1. Eclipsing binaries (EB): the target star is part of a binary system, and it is

3http://vivaldi.ll.iac.es/OOCC/iac-managed-telescopes/telescopio-carlos-sanchez/muscat2/
4Additional false positives would be discovered from full-frame image data, but Sullivan et al.

(2015) only analyzed the 2-minute cadence data.
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grazed by eclipses from its companion. For example, a solar type star may be

grazed by eclipses from a late M dwarf companion.

2. Hierarchical EB (HEB): the target star is a triple or higher-order system, and

one pair of stars eclipses. For example, if the target star is a solar type star,

and another solar type star in the system is eclipsed by an M dwarf, the light

from the target star will dilute the eclipse depth of the EB, producing a light

curve similar to that of a planetary transit of the target star.

3. Blended EB (BEB): the target star blends with an EB in the foreground/background

within the photometric aperture of the target star. This case is similar to an

HEB, except that here the EB is not gravitationally bound to the target star.

Note this may also be referred to as a nearby eclipsing binary (NEB).

Sullivan et al. (2015) examined the possibility of using TESS observation data

to distinguish false positives through (1) ellipsoidal variations, (2) secondary eclipses,

(3) lengthy ingress and egress durations, or (4) centroid motion of the image on the

detector.5 They found that these methods provide clues to help distinguish EBs

for 98.6% of the EBs and 93.0% of the HEBs. However, roughly one-quarter of

the BEBs could not be distinguished from exoplanets using any of these methods,

leaving � 150 of the false positives indistinguishable from actual exoplanets.

For those cases where TESS observation data cannot distinguish transiting ex-

oplanets from false positives, we turn to ground-based multiband photometry. When

a star is observed in a given photometric bandpass, both transiting exoplanets and

5See Section 1.1.4 for further details regarding these four situations.
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eclipsing binary stars decrease the amount of light received as the planet transits,

or as one star of a binary pair eclipses the other star. Transiting exoplanets block a

portion of the host star's light, and thus the decreases in host starlight received do

not depend signi�cantly on wavelength. False positives caused by blended light from

target stars and eclipsing binaries also produce signals as one star eclipses its binary,

but as long as the colors of the stars are signi�cantly di�erent, the signal is much

more wavelength dependent (see, e.g., Col�on et al., 2012). This wavelength depen-

dence would be evident by comparing the amount of light received in MuSCAT's

three bandpasses (or in MuSCAT2's four bandpasses), which collect light over dif-

ferent wavelengths. Notably, the sensitivity of the instrument to a given signal will

depend on the physical parameters (e.g. radius, temperature, etc.) of the star(s) and

planet being observed. These physical parameters will vary tremendously between

TESS planet candidates.

Our goal is to simulate MuSCAT and MuSCAT2 follow-up observations to

reveal which planet candidates can be e�ciently distinguished from BEB false pos-

itives using these instruments. This understanding will allow TFOP working group

members to better prioritize and optimize follow-up validations of TESS detections.

We also examine our results to determine any common characteristics between those

planet candidates that can be validated using MuSCAT and MuSCAT2. In addition,

we provide a software tool to assist in planning MuSCAT and MuSCAT2 follow-up

observations. The code reads in a list of parameters for several TESS discoveries

(e.g. a list of TESS objects of interest (TOIs) released to the community on the
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Exoplanet Follow-up Observing Program for TESS (ExoFOP-TESS) website6), and

predicts the probability that each discovery can be successfully distinguished from

BEB false positives using MuSCAT and/or MuSCAT2.

This work presents the results of a computationally simple analysis that can be

easily applied to a large sample of TESS candidate exoplanets. Recently, Parviainen

et al. (2019) showed that multi-color transit photometry can be used to determine

the true radius ratio of an exoplanet candidate to its host star, when the light

from the host star blends with unresolved light sources in the photometric aperture.

Parviainen et al. (2019)'s work is complementary to our current study since their

analysis methods can be applied to any exoplanet candidate after actual observations

are taken with MuSCAT or MuSCAT2.

This chapter is organized as follows. In Section 3.3, we describe the simulated

TESS exoplanet discoveries and the false positives we use in our analysis, and we

explain the design and validation of our MuSCAT and MuSCAT2 simulation tools.

In Section 3.4, we present our �ndings. We summarize in Section 3.5.

3.3 Methods

True exoplanet transits are largely achromatic, but we expect false positives

produced by blended eclipsing binary stars (BEBs) to produce di�erent transit

depths in the MuSCAT and MuSCAT2 bandpasses. To predict MuSCAT and MuS-

CAT2 performance, we compare the transit depths we would obtain by observing a

large sample of true exoplanets to the transit depths we would obtain in the MuS-

6https://exofop.ipac.caltech.edu/tess/
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CAT and MuSCAT2 bandpasses by observing those same systems as BEB false

positives. We then determine the extent to which MuSCAT and MuSCAT2 can

discriminate between true exoplanet and BEB transit depths. We use the Barclay

et al. (2018) predicted TESS exoplanet discoveries (Section 3.3.1) for our candidate

exoplanet sample. In section 3.3.2, we describe those aspects of the MuSCAT and

MuSCAT2 instruments incorporated into our simulation tools. We also describe our

noise model. We validated our simulation tools by comparing results produced by

the simulations to those from observations of actual transiting exoplanets, incorpo-

rating a random factor to account for variations in quantities such as atmospheric

transmittance and mirror re
ectance (Section 3.3.3). We calculate MuSCAT and

MuSCAT2 transit depths for BEB false positives as explained in Section 3.3.4, and

we determine the extent to which MuSCAT and MuSCAT2 can discriminate these

BEBs using the criterion presented in Section 3.3.5. Finally, we applied our tools to

TESS objects of interest (TOIs), as posted to the ExoFOP-TESS website. Figure

3.1 shows a block diagram of our simulation routine.

3.3.1 Predicted TESS Exoplanet Discoveries

Barclay et al. (2018) used Monte Carlo methods to predict the properties of

the exoplanets that TESS is likely to discover, and published a machine-readable �le

containing the properties of their 4,373 predicted planetary systems.7 Barclay et al.

(2018) used stars in the TESS Input Catalog (TIC) Candidate Target List (CTL)

(Stassun et al., 2019), employing Monte Carlo techniques to assign planets to the

7https://iopscience.iop.org/article/10.3847/1538-4365/aae3e9/meta#apjsaae3e9t2
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Figure 3.1: Block diagram outlining the major components of our MuSCAT and
MuSCAT2 simulation tools.

stars and determine how many of the planets TESS would detect. They adopted

Kepler planet occurrence rates from Fressin et al. (2013) for AFGK stars, and from

Dressing & Charbonneau (2015) for M stars. The predicted planet yield includes

discoveries orbiting both pre-selected target stars viewed at 2-minute cadence, as

well as stars viewed in full-frame images at 30-minute cadence.

Our simulations use the parameters in the Barclay et al. (2018) machine-

readable �le as inputs. For example, we determine whether a given system is ob-

servable from either Okayama Astro-Complex (OAC) or Teide Observatory using

the system's right ascension and declination. To calculate stellar 
ux emanating

from the system, we use reported values of stellar e�ective temperature and log(g)

(calculated from radius and mass) to select an appropriate PHOENIX stellar model,

and we then use reported TESS-band magnitude to scale the PHOENIX model. We
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calculate transit depth using the radii of the planet and star. Note that we ignore

limb darkening in the transit depth calculation, but we deal with a large range of

transit depths across our planetary candidates, and the e�ects of limb darkening are

relatively small compared to other aspects of our simulation.

3.3.2 MuSCAT and MuSCAT2 Simulation Tools

Our simulation tools incorporate several components. First, we use PHOENIX

stellar spectra to estimate the light received across each bandpass for a given star. In

addition, we include important details regarding MuSCAT8 (Narita et al., 2015) and

MuSCAT29 (Narita et al., 2019) into our simulations, such as geographic location,

telescope aperture, and throughput. We also make assumptions about observational

selections such as exposure times and telescope defocusing based upon experience.

In this section, we describe each aspect of our code in detail, working from the

targeted star to the instrument array in our description.

PHOENIX/BT-NextGen and PHOENIX/BT-Settl stellar emission spectrum

grids (Allard et al., 2012) provide stellar 
ux across the wavelength regimes of both

the MuSCAT and MuSCAT2 instruments. We employ PHOENIX stellar models for

the target star, as well as the primary and secondary components of BEBs. Our

simulation routine selects the stellar model with e�ective temperature and log(g)

values closest to those of the particular star(s) in the system we are modeling. We

employ solar metallicity spectra. Louie et al. (2018) provide further details about

8http://esppro.mtk.nao.ac.jp/MuSCAT/observing.html
9http://vivaldi.ll.iac.es/OOCC/iac-managed-telescopes/telescopio-carlos-

sanchez/muscat2/
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the stellar models employed.

The stellar 
ux (ergs sec� 1 cm� 2 � m� 1) received at Earth is calculated by

scaling the PHOENIX stellar model to the star's TESS-band magnitude. We then

convert vacuum wavelengths to wavelengths in air as prescribed by Morton (1991).

For each band, MuSCAT throughput10|which includes re
ectances and transmit-

tances of the dichroic mirrors, broadband anti-re
ection coating on the CCD win-

dows, �lters, and quantum e�ciencies of the CCDs|is provided in increments of

10 nanometers. MuSCAT2 throughput is provided in increments of 0.5 nanome-

ters. Before applying the throughput to the PHOENIX stellar model, we smooth

the stellar model with a Gaussian to produce a spectrum with resolution matching

that of the throughput. As we split the PHOENIX model light into the three band-

passes of MuSCAT, or the four bandpasses of MuSCAT2, we also apply factors for

atmospheric transmittance, as well as throughput of mirrors M1 and M2 on the tele-

scopes, as reported by Narita et al. (2015, 2019). Next, we multiply by the telescope

area to produce an output 
ux across each bandpass in ergs sec� 1 � m� 1. Finally,

we convert this to a photon 
ux across each bandpass (photons sec� 1) by dividing

by the energy per photonh� , whereh is Planck's constant and� is the frequency

of the photon, and then numerically integrating with respect to wavelength across

each bandpass.

We use the right ascension and declination of the target star to determine

whether the system can be observed using MuSCAT or MuSCAT2. The OAC 188-

cm telescope is located at a latitude of 34� 34' 37.47" North. MuSCAT is unable to

10http://esppro.mtk.nao.ac.jp/MuSCAT/TM_MuSCAT.dat
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observe at declinations greater than 75 degrees. We calculate the fraction of TESS

discoveries visible from OAC by assuming that we wish to view through an airmass

of 2 or less, which equates to 60 degrees from zenith. For simplicity, we assume that

we view all targeted systems as they cross the meridian, so that only the declination

angle enters into our calculation. Thus, TESS discoveries with declination angles

between -25.42 degrees South and +75 degrees North should be visible during some

portion of the calendar year.

We perform a similar calculation for MuSCAT2. The Carlos Sanchez Telescope

is located at latitude 28� 18' 01.8" North and has physical limits of +64.55� North

and -36� South. Assuming an airmass limit of 2 and that all targeted systems

are observed as they cross the meridian, we determine that TESS discoveries with

declination angles between -31.70 degrees South and +64.55 degrees North should

be visible using MuSCAT2.

Noise associated with our observations originates from multiple sources. In

our simulations, we model photon noise from the target star, BEB component stars

(false positives only), and sky background, as well as scintillation noise, read noise,

and comparison star noise.

We calculate photon noise for the target star and BEB component stars using

Nstar =
p

Fstar texp; (3.1)

whereFstar is the photon 
ux (photons sec� 1) received in a given bandpass from the
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star, and texp is the exposure time in seconds.

We estimate MuSCAT sky background by using the noise values reported for

a moonless night by Narita et al. (2015) during MuSCAT �rst light observations.

Speci�cally, we use 19.9 mag arcsec� 2, 19.5 mag arcsec� 2, and 18.7 mag arcsec� 2

for the g
0

2, r
0

2, and z
0

s2 bands, respectively. We then apply the MuSCAT pixel scale,

a Sloan �lter conversion tool,11 and the bandpass e�ective wavelengths and widths

reported by Bessell (2005) to convert mag arcsec� 2 in the MuSCAT bandpasses

to an electron noise count per square pixel,nsky, which varies with the exposure

time duration. Sky background noise for a given exposure depends upon the photo-

metric aperture on the CCD over which the photons are spread. We calculate sky

background noise for an exposure using (e.g., Chromey, 2010)

Nsky =
q

nsky �r 2
aper; (3.2)

whereraper is the radius of the photometric aperture in pixels.

We calculate sky background for MuSCAT2 using the same methods, but for

MuSCAT2 we use the noise values reported for a moonless night by Narita et al.

(2019), which are 20.4 mag arcsec� 2, 19.8 mag arcsec� 2, 19.0 mag arcsec� 2, and 18.2

mag arcsec� 2 for g, r , i , and zs bands, respectively.

We calculate scintillation noise using the method described by Young (1967)

and by Dravins et al. (1998), which is given by

11https://www.gemini.edu/sciops/instruments/midir-resources/imaging-
calibrations/fluxmagnitude-conversion
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Nscin = 0:064D � 2=3(secZ)7=4e� h=ho t � 1=2
exp Fstar texp; (3.3)

whereD is the diameter of the primary telescope mirror in cm,Z is the local zenith

angle of the target star, h is the elevation of the telescope above sea level (372

meters at Okayama Astro-Complex, Japan, and 2,387 meters at Teide Observatory

in the Canary Islands), andho = 8000 meters is a constant. We use the zenith angle

calculated as the target star crosses the meridian.

Read noise varies with MuSCAT bandpass and also depends upon whether

fast readout time (0.58 sec) or slow readout time (10 sec) is selected.12 For this

study, we assume all observations are conducted using a fast readout time, which

results in MuSCAT read noise per square pixelnread of 11, 12, and 12 electrons for

the g
0

2, r
0

2, and z
0

s2 bands, respectively. Similarly, MuSCAT2 read noise per square

pixel for fast readout times are 12.35, 11.51, 13.13, and 12.56 electrons for theg,

r , i , and zs bands, respectively. Like sky background noise, read noise for a given

exposure depends upon the photometric aperture. We calculate read noise for an

exposure using

Nread =
q

nread�r 2
aper: (3.4)

Observational experience has shown that bright comparison stars are not al-

12http://esppro.mtk.nao.ac.jp/MuSCAT/observing.html
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ways available within the MuSCAT/MuSCAT2 �elds of view,13 so that comparison

stars are a non-negligible noise source.14 However, the actual comparison stars that

will be available for any given candidate exoplanet observation are di�cult to predict

in advance.

We incorporate comparison star noise into our results by scaling comparison

star noise (Ncomp) recorded during past observations of WASP-12 (Narita et al., 2015,

2019) to the Barclay et al. (2018) and TOI systems. Although our computations

using WASP-12 are likely to vary from the true comparison star noise for any given

stellar system, we note that our analysis applied to all systems as a whole provides

a reasonable estimate of the e�ects of comparison star noise on our results. This

is because the V-band magnitude of WASP-12 is 11.57, and the median V-band

magnitude of all Barclay et al. (2018) TESS predicted exoplanets is 11.69. Thus,

the brightness of WASP-12 roughly corresponds to the median brightness of the

Barclay et al. (2018) exoplanet systems. For stars that are dimmer than WASP-12,

we will likely �nd more bright comparison stars available for relative photometry,

such that comparison star noise will have a lesser e�ect on the results. However, for

stars that are brighter than WASP-12, we will likely �nd fewer bright comparison

stars available, so that comparison star noise will have a greater e�ect on results.

Finally, we determine the overall e�ect of these noise sources on our measure-

ment of transit depth in each bandpass. To do so, we estimate the noise from all

13The MuSCAT �eld of view is 6.1 x 6.1 arcmin,2 while that of MuSCAT2 is 7.4 x 7.4 arcmin.2
14We analyzed the sensitivity of our results to comparison star noise by calculating results both

with and without this noise source. For MuSCAT (MuSCAT2 values in parentheses), we estimate
that including comparison star noise decreases the number of candidate exoplanets that can be
distinguished from BEB false positives by� 3% (� 2%) for all candidate exoplanets, and by� 2%
(� 1%) for Rpl < 4R� candidate exoplanets.
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sources for a single mid-transit exposure. We add the stellar photon, sky back-

ground, scintillation, and read noise in quadrature, and then divide by total number

of photons received from all stars (targeted star and BEB component stars, if appli-

cable) in one exposure to calculate� 1, the error associated with the aforementioned

noise sources. We then add� comp = 1=
p

Ncomp to � 1 in quadrature to compute our

total estimated error, � total .

Our total noise calculation depends upon exposure times. During actual ob-

servations of bright stars, stellar 
ux is defocused across a larger number of pixels

to allow for longer exposure times while still remaining within the linear response

regime of the CCD pixels. Defocusing stellar light also mitigates adverse e�ects

on observations such as scintillation, changing atmospheric conditions, telescope

tracking errors and 
at-�elding errors (Southworth et al., 2009).

Our simulation tool includes an algorithm to optimize telescope defocusing

and exposure time for observations of a given system. We limit exposure times in

each band to values between 5 and 60 seconds, and we limit the radius used for

telescope defocusing,raper, to values between 3 and 21 pixels for MuSCAT, and to

values between 2 and 18 pixels for MuSCAT2. Our choice of minimum defocusing

aperture is motivated by the typical seeing conditions, which are 1.5" at Okayama

Astro-Complex, Japan, and 0.8" at Teide Observatory in the Canary Islands. The

maximum aperture radius corresponds to� 15", above which the stellar point spread

function becomes asymmetric so that further defocusing is no longer e�ective.

The defocusing algorithm selects the combination of exposure time andraper
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that maintains CCD response in the linear regime15 while producing the highest

signal-to-noise (S/N) across an entire planetary transit. We calculate S/N using

S=Ntransit = Transit Depth �
p

mexposure

� 1
: (3.5)

Here, mexposure is the number of exposures recorded during the transit, calculated

by dividing the transit duration by the exposure cadence. The exposure cadence is

equal to the exposure time plus the dead time per exposure, which accounts for the

time required to save data into a proper FITS format and add header information

to the FITS �le. Based upon observational experience, we assume a constant 4 sec

dead time for each exposure.

3.3.3 Comparison of Simulation Results to Observations

We compared our output MuSCAT/MuSCAT2 simulation results to actual

data from Fukui et al. (2016)'s MuSCAT observations of HAT-P-14b, as well as

Narita et al. (2019)'s MuSCAT2 observations of WASP-12b. Initially, our calcu-

lations for both target star photons collected and for total noise exceeded those

measured during actual observations. However, we modi�ed our simulation routines

to incorporate random factors to account for the largest sources of the di�erences

between our calculated results and observed results, which we deemed to be due

to 
uctuations in atmospheric transmittance and degradation of mirror re
ectance.

We note that our initial simulation output results would lead to better photometric

15The MuSCAT linearity range is < 50,000 ADU for < 1% non-linearity, while that for MuSCAT2
is < 62,000 ADU for < 1% non-linearity.
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precision, which in turn would bias our results to indicate better ability to dis-

tinguish BEB false positives than what would likely be encountered during actual

observations. Thus, application of the random factors is designed to maintain the

conservative nature of our results. In this section, we describe the development of

the uniform distributions from which we draw our random factors, and how the

random factors are applied in our code.

For each bandpass of each instrument (MuSCAT or MuSCAT2), we derive

a uniform distribution between some minimum value and 1.0 to account for both

variations in atmospheric transmittance and degradation of mirror re
ectivity. A

value of 1.0 on these distributions represents photometric sky conditions soon after

mirror recoating and maintenance. Conversely, a value near the minimum on these

distributions represents poor atmospheric transmittance, with mirror re
ectivity

degraded by the maximum amount that we consider.

During a long-term monitoring campaign, Fukui et al. (2019) recorded the

night-to-night variations in relative transmittance of the sky for all bands of both

MuSCAT and MuSCAT2. We use the recorded values as typical variations in at-

mospheric transmittance for each site. The data recorded by Fukui et al. (2019)

show correlation between bandpasses. For example, if atmospheric transmittance

was near 1.0, then that was true of all bandpasses. On the other hand, if the trans-

mittance was near the minimum or near some mid-range value, then that was true

of all bandpasses as well.

Telescope mirror re
ectance has been shown to degrade due to chemical re-

actions and physical e�ects (e.g., Abril-Abril et al., 2016; Holzl•ohner et al., 2018;
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Okita et al., 2019). Mirror recoating and cleaning can o�set this degradation, but

overall re
ectivity has been shown to vary by over 10 percent in the course of a

year (Abril-Abril et al., 2016). In our simulations, we assume that re
ectivity will

degrade by as much as 15%.

We create each uniform distribution by taking the variations in atmospheric

transmittance found by Fukui et al. (2019), and decreasing the minimum values

by 0.15 to account for re
ectivity degradation. For example, Fukui et al. (2019)

found that MuSCAT r-band atmospheric transmittance varies between 0.65 to 1.0.

Decreasing the minimum value on this distribution by 0.15 to account for mirror

degradation, we use a uniform distribution from 0.50 to 1.0 for MuSCAT r-band.

Similarly, Fukui et al. (2019) found that MuSCAT2 r-band atmospheric transmit-

tance varies between 0.76 and 1.0. Decreasing the minimum value on this distribu-

tion by 0.15 to account for mirror degradation, we use a uniform distribution from

0.61 to 1.0 for MuSCAT2 r-band.

For each trial of our simulation for a given instrument (MuSCAT or MuS-

CAT2), we draw a random number on a uniform distribution from 0 to 1,nr;0� 1.

We draw a unique random number for each Barclay et al. (2018) or TOI system.

Then, for each bandpass of the instrument, we calculate a random factor using

f r;band = vmin ;band + nr;0� 1 � (vmax;band � vmin ;band); (3.6)

where f r;band is the random factor derived for a given bandpass, andvmin ;band and

vmax;band are the minimum and maximum values of the uniform distributions cre-
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ated for the corresponding bandpass. Equation 3.6 allows us to model the observed

correlation across bandpasses. For each bandpass and for each stellar system, we

multiply the corresponding random factor, f r;band , by the number of stellar pho-

tons calculated to be collected by the MuSCAT or MuSCAT2 instrument in that

bandpass.

We can applyad hoc factors16 to ensure that our calculations for target star

photons collected at the telescope exactly match those of the Fukui et al. (2016)

MuSCAT observations of HAT-P-14b and the Narita et al. (2019) MuSCAT2 ob-

servations of WASP-12b. Thead hoc factors that we select for each instrument all

lie within the random uniform distributions developed for the bandpasses of MuS-

CAT and MuSCAT2. By applying these ad hoc factors, our noise calculations for

HAT-P-14b also match those of Fukui et al. (2016) to within 3% for every band. For

MuSCAT2, our noise calculations match those of Narita et al. (2019) to 7%, 6%,

3%, and< 1% for the g, r , i , and zs bands. This shows that application of random

factors drawn from the uniform distributions that we developed are more likely to

produce realistic results.

3.3.4 Blended Eclipsing Binary False Positives

We construct false positives for all simulated TESS discoveries in the Barclay

et al. (2018) machine-readable �le such that the transit depths for both the false

positive and the transiting exoplanet are the same in the TESS bandpass. During

16We call these factorsad hocbecause they are chosen by design, rather than randomly. However,
we select thead hocfactors from the same uniform distributions developed for our random factors.
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the actual TESS mission, somecandidateexoplanets are true exoplanets, while some

are false positives that mimic the signal of a transiting exoplanet. Here, we use the

Barclay et al. (2018) simulated TESS discoveries as a representative sample of the

types of signals that TESS may discover. After creating the false positives, we

determine whether MuSCAT and MuSCAT2 can distinguish varying transit depths

between bandpasses, as described in Section 3.3.5.

To create BEB false positives, we begin by calculating the transit depth for a

true exoplanet using the relationship

� F
F

=
R2

pl

R2
star

; (3.7)

where � F refers to the di�erence between out-of-transit and mid-transit 
ux, while

Rpl and Rstar refer to the radii of the planet and of the target star, respectively. By

calculating the exoplanet transit depth using equation 3.7, we inherently assume

that the planet emits no 
ux of its own.

We pick the primary and secondary components of the BEBs from data �les

of simulated stars downloaded from the TRIdimensional modeL of thE GALaxy,

or TRILEGAL (Girardi et al., 2012). We downloaded selections of TRILEGAL

stars17 at Galactic coordinates with Longitudes of 0, 30, 60, 90, 120, 150, and 180

degrees, and at Latitudes of 0, 30, 60, and 90 degrees. We chose solid angles ranging

from 0.0001 deg2 to 1 deg2, depending upon proximity to the Galactic center. In

every case, the data �les we downloaded for each Galactic coordinate pair contained

17http://stev.oapd.inaf.it/cgi-bin/trilegal
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selections of over 10,000 stars. We assume symmetry in the Galactic coordinates,

and then choose BEB components from the TRILEGAL data �le corresponding to

Galactic coordinates closest to those of the target star under consideration. The

TRILEGAL data �les include important parameters for the stars, such as masses,

log(g), e�ective temperatures, distances, and TESS-band apparent magnitudes.

We choose the primary BEB component such that the star lies on the main

sequence, and so that its apparent magnitude is greater than that of the target

star apparent magnitude (i.e. the primary BEB component is fainter than the

target star). We randomly pick the primary BEB component from the appropriate

TRILEGAL data �le, making our selection from stars with maximum and minimum

TESS-band apparent magnitudes between the values of

mBEB ;pri ;max = mstar � 2:5 log

 
R2

pl

R2
star

!

; (3.8)

and

mBEB ;pri ;min = mstar � 0:5 log

 
R2

pl

R2
star

!

; (3.9)

where mBEB ;pri ;max and mBEB ;pri ;min are our maximum and minimum TESS-band

apparent magnitude limits for the BEB primary component, andmstar is the target

star TESS-band apparent magnitude. Here, the maximum apparent magnitude

limit is chosen such that the ratio of the primary component's 
ux to that of the

target star is equal to the transit depth calculated using equation 3.7. We could

expect a primary component magnitude near this value if the primary component
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star is totally eclipsed during transit (i.e. if primary and secondary components

are the same size). Our apparent magnitude selection limits are designed to give

us a wide selection of choices for BEB primary components from the TRILEGAL

�le. The number of choices actually available will depend upon the transit depth

in the system under consideration. For most systems, the magnitude cuts provide

hundreds of choices for primary BEB component star with masses� 1M� or less.

Even the systems with the largest transit depths (� 0.1) provide � 100 choices for

the BEB primary component star.

Following the method of Greklek-McKeon & Deming (2019), we next select

the desiredmass of the secondary component by randomly selecting a mass on a uni-

form distribution between 0.1M � to the mass of the primary BEB component. We

then pick a star from the TRILEGAL catalog that matches this desired secondary

component mass. We note that other authors have used di�erent distributions for

the secondary component masses (e.g., Morton et al., 2016). However, the precise

mass function for BEB components is uncertain, and the uniform distribution used

here provides a reasonable estimate that is suitable for our purposes.

After the primary and secondary components to the BEB are selected, we

calculate the transit depth caused by the BEB system using

� F
F

=
FOOT � FMT

FOOT
; (3.10)

whereFOOT is the out-of-transit 
ux and FMT is the mid-transit 
ux. We calculate

out-of-transit 
ux by summing the total 
ux from the target star and two BEB com-
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ponent stars. We calculate mid-transit 
ux by summing total 
ux from the target

star and BEB secondary star, but we decrease the amount of 
ux from the BEB

primary component star by the factorR2
BEB ;sec=R2

BEB ;pri . Note that our method as-

sumes all BEBs are observed edge-on. We adjust the distance to the BEB such that

the transit depths calculated using equations 3.7 and 3.10 (in the TESS bandpass)

match to within machine accuracy. The adjusted distance is close to that of the orig-

inal TRILEGAL distance, thus preserving the integrity of the TRILEGAL sample.

We then calculate the TESS-band magnitudes of the primary and secondary BEB

components corresponding to the newly calculated distance of the BEB, and apply

our simulation tools as described in section 3.3.2 to determine the noise produced in

the MuSCAT or MuSCAT2 bandpasses for each BEB component star, in addition

to that produced by the target star. We compute transit depths in all MuSCAT

and MuSCAT2 bandpasses by applying equation 3.10 to our estimated 
ux (Section

3.3.2) for each bandpass.

3.3.5 Distinguishing BEBs with MuSCAT/MuSCAT2

We use a simple computational model to determine whether MuSCAT/MuSCAT2

can discriminate between a true exoplanet and a BEB false positive. We expect the

transit depth for a BEB false positive to vary approximately linearly with wave-

length, such that the transit depths in MuSCAT's 3 bandpasses|or in MuSCAT2's

4 bandpasses|can be reasonably �t with a straight line. The MuSCAT/MuSCAT2

simulation tools (Section 3.3.2) applied to BEBs (Section 3.3.4) produce estimated
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transit depths and noise values,� total , for each MuSCAT bandpass. For each sys-

tem, we use the estimated transit depths and noise values to �nd the best-�t linear

least squares line, and then we determine whether that line can be distinguished

from a 
at line. We would expect the best-�t line to be 
at for a true exoplanet if

the presence of a planetary atmosphere is neglected. Thus, a non-zero slope in the

best-�t line should indicate that the transit depths are those of a BEB false positive.

Mathematically, we �nd that MuSCAT or MuSCAT2 can discriminate a BEB

if

j slopej � 3 � j slopeerr j > 0; (3.11)

whereslopeis the slope of the line determined by the least squares �t, andslopeerr

is the error in that slope. We multiply the slope error by 3 to ensure that the slope

of the best-�t line can be clearly distinguished from a 
at line.

3.4 Results and Discussion

We applied our MuSCAT and MuSCAT2 simulation tools to the Barclay et al.

(2018) predicted TESS planet yield to determine the characteristics of those plan-

etary systems where the two instruments can best distinguish between true exo-

planets and BEB false positives (Section 3.4.1). Next, we applied our simulation

tools to TESS Objects of Interest (TOIs) posted to the Exoplanet Follow-up Ob-

serving Program for TESS (ExoFOP-TESS) website18 to predict the probabilities

18https://exofop.ipac.caltech.edu/tess/ accessed on 16 August 2019
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that recent TOIs can be distinguished from BEB false positives using MuSCAT and

MuSCAT2 (Section 3.4.2). As discussed in section 3.3.4, our simulation randomly

generates BEBs each time the routine is applied to a group of planetary systems,

and then adjusts the distance to those BEBs so that the transit depth of each BEB

false positive matches that of a true transiting exoplanet in the TESS bandpass.

The ability of a given instrument to actually distinguish a false positive for a given

system will depend upon the characteristics of the BEB in the system, which is

something we will not knowa priori . In order to account for natural variation in

BEB component characteristics and attain statistically robust results, for both the

Barclay et al. (2018) planetary systems and the TOIs we report the results attained

over 20 trials. We conducted 20 trials to ensure that our reported results do not

vary by more than 1% throughout our computed 99% con�dence regions (Ross,

2014). As described in section 3.3.5, the criterion we use to determine whether or

not MuSCAT or MuSCAT2 can distinguish a true exoplanet from a false positive

relies upon determining the best-�t line to the transit depths. For MuSCAT, we

found the best-�t line using all bandpasses. For MuSCAT2, we found the best-�t

line using theg, r , and zs bands, since these correspond to the three bandpasses of

MuSCAT. Determining the best-�t line using three bandpasses allows more direct

comparison of the MuSCAT and MuSCAT2 results.

Figure 3.2 illustrates the criterion that we use to determine whether MuSCAT

and MuSCAT2 can distinguish BEB false positives. We show two example cases: one

where MuSCAT can distinguish the BEB (Figures 3.2a and 3.2b), and one where it

cannot (Figures 3.2c and 3.2d). The system shown in parts (a) and (b) has a transit
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depth of � 0.00287 in the TESS bandpass, a transit duration of 2.594 hours, and a

J-band magnitude of 10.42. The target star radius is 0.517R� . If the transit depth

were produced by a true exoplanet, that planet would have a radius of 3.031R� .

We created a BEB by adding a primary component star of mass 0.978M � , and a

secondary component star of mass 0.254M � . The system in parts (c) and (d) of

the �gure has a transit depth of � 0.0127 in the TESS bandpass, a transit duration

of 4.944 hours, and a J-band magnitude of 10.65. The target star radius is 1.2R� .

If the transit depth were produced by a true exoplanet, that planet would have a

radius of 4.682R� . We created a BEB by adding a primary component star of mass

0.439M � , and a secondary component star of mass 0.424M � .

3.4.1 MuSCAT/MuSCAT2 Ability to Distinguish BEBs

We report the ability of MuSCAT and MuSCAT2 to distinguish BEBs for

the Barclay et al. (2018) systems in Tables 3.1 and 3.2, respectively. Overall, we

�nd that MuSCAT is able to discriminate BEBs for � 17% of the 2,575 Barclay

et al. (2018) systems observable from the Okayama Astro-Complex (OAC), while

MuSCAT2 is able to discriminate BEBs for� 18% of the 2,485 systems observable

from Teide Observatory. Of the systems visible from OAC, 1,306 have transit depths

corresponding to planets with radii less than 4R� , and MuSCAT would be able to

discriminate � 13% of these systems. For MuSCAT2, 1,212 systems have transit

depths corresponding to planets with radii less than 4R� , and MuSCAT2 would be

able to distinguish � 15% of these systems.
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(a) (b)

(c) (d)

Figure 3.2: Two examples showing estimated transit depth in MuSCAT2's 4 band-
passes for a BEB, as well as the least squares best-�t line to those transit depths.
For comparison, the TESS-band transit depths for a true exoplanet are also shown.
In panels (b) and (d), we also plot the 3� hyperbolic con�dence bands (Liu et al.,
2008) for the best-�t line to help illustrate the criterion we use to determine whether
MuSCAT2 can discriminate between a BEB false positive and a true exoplanet. If
MuSCAT2 cannot distinguish the BEB, then the line for the TESS-band transit
depth falls within the hyperbolic con�dence band. (Note that our criterion in equa-
tion 3.11 is actually much simpler than the hyperbolic con�dence bands, which we
use here for illustrative purposes only.) In panels (a) and (b), the magnitude of
the slope of the best �t line exceeds the 3� slope error magnitude (equation 3.11),
so we determine that MuSCAT2can discriminate the BEB. In panels (c) and (d),
MuSCAT2 is unableto discriminate the BEB. See text for further details regarding
characteristics of these two systems.
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Total Year 1 Year 2
Ecliptic South Ecliptic North

Barclay et al.
Candidate Exoplanets 4,373 2,196 2,177

Observable from 2,575 539 2,036
Okayama Astro-Complexii (59%) (25%) (94%)

MuSCAT Can Distinguishiii 426 � 10 98� 6 329� 9
(Total) (17%) (18%) (16%)

MuSCAT Can Distinguishiv 173 � 7 39 � 3 134� 7
(Rpl < 4:0R� ) (13%) (16%) (13%)

Notes:
i We report the mean number of planets distinguishable over 20 trials, as well as the 99% con�dence intervals
(Ross, 2014). Each mean is rounded to the nearest whole number of systems, while each con�dence interval
is rounded up to an integer value.
ii We assume the system is observable if it is visible through 2 airmasses or less at some point during the
calendar year. See section 3.3.2 for details. Percentages in parentheses refer to percent of total Barclay et
al. candidate exoplanets in �rst row.
iii We report the mean number MuSCAT can distinguish, plus or minus the 99% con�dence intervals over 20
trials. The number in parentheses is the percentage of the total observable (second row) that MuSCAT can
distinguish.
iv The number in parentheses is the percentage of observableRpl < 4:0R� candidate planets (1,306 total)
that MuSCAT can distinguish. Note that 243 Rpl < 4:0R� candidates are observable during year 1, and
1,063 candidates are observable during year 2.

Table 3.1: Predicted number of Barclay et al. (2018) systems where MuSCAT can
distinguish bona �de exoplanets from BEB false positivesi
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Total Year 1 Year 2
Ecliptic South Ecliptic North

Barclay et al.
Candidate Exoplanets 4,373 2,196 2,177

Observable from 2,485 721 1,764
Teide Observatoryii (57%) (33%) (81%)

MuSCAT2 Can Distinguishiii 456 � 12 142� 7 314� 11
(Total) (18%) (20%) (18%)

MuSCAT2 Can Distinguishiv 180 � 8 59 � 5 121� 6
(Rpl < 4:0R� ) (15%) (18%) (14%)

Notes:
i We report the mean number of planets distinguishable over 20 trials, as well as the 99% con�dence intervals
(Ross, 2014). Each mean is rounded to the nearest whole number of systems, while each con�dence interval
is rounded up to an integer value.
ii We assume the system is observable if it is visible through 2 airmasses or less at some point during the
calendar year. See section 3.3.2 for details. Percentages in parentheses refer to percent of total Barclay et
al. candidate exoplanets in �rst row.
iii We report the mean number MuSCAT2 can distinguish, plus or minus the 99% con�dence intervals over
20 trials. The number in parentheses is the percentage of the total observable (second row) that MuSCAT2
can distinguish.
iv The number in parentheses is the percentage of observableRpl < 4:0R� candidate planets (1,212 total)
that MuSCAT2 can distinguish. Note that 321 Rpl < 4:0R� candidates are observable during year 1, and
891 candidates are observable during year 2.

Table 3.2: Predicted number of Barclay et al. (2018) systems where MuSCAT2 can
distinguish bona �de exoplanets from BEB false positivesi
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Figures 3.3 and 3.4 show a series of histograms comparing the total number

of systems observable from OAC and Teide Observatory to those that would be

distinguishable as BEB false positives. Surprisingly, the fraction of systems distin-

guishable doesnot appear to rise with planetary radius. However, the fraction of

distinguishable systemsdoesrise with increasing transit depth and with decreasing

stellar radius. Indeed, Figures 3.3 and 3.4 indicate that transit depth is the most

important indicator of whether or not MuSCAT and MuSCAT2 can distinguish a

true exoplanet from a BEB false positive. In addition, panel (d) in both �gures

illustrates that MuSCAT and MuSCAT2 are very powerful in discriminating BEBs

for the smallest host stars (mid-to-late M dwarfs).

We examine transit depth further in Figures 3.5 and 3.6. Here, for each Barclay

et al. (2018) system, we plot transit depth versus planetary radius, stellar e�ective

temperature, stellar radius, and TESS-band magnitude. The points correspond to

each Barclay et al. system, and are color coded to correspond to the percentage

of trials for which that system could be discriminated as a BEB false positive.

For example, dark red color coding indicates that a given system could not be

distinguished for any trial as a BEB false positive. Conversely, dark blue color

coding indicates that a given system could be distinguished as a BEB false positive

for 100% of the trials. In general, the �gures con�rm that transit depth is the

most important characteristic in determining whether MuSCAT or MuSCAT2 can

distinguish between true exoplanets and false positives. Both instruments are quite

e�ective in distinguishing BEBs for systems with transit depths of 0.003 or greater.

Finally, we note some of the limitations of this study. First, our analysis as-
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(a) (b)

(c) (d)

(e)

Figure 3.3: Histograms comparing the total number of Barclay et al. (2018) systems
visible from Okayama Astro-Complex (2,575 systems) to those that would be dis-
tinguishable as BEB false positives using MuSCAT. We plot the number of systems
distinguishable over 20 trials versus (a) planetary radius, (b) transit depth, (c) and
(d) stellar radius, and (e) TESS-band magnitude. We print the average number of
distinguishable systems over 20 trials above each bin. Note that both panels (c)
and (d) show the number of systems versus stellar radius, but panel (d) shows this
information on a re�ned grid only for Rstar � 3R� . The fraction of systems distin-
guishable doesnot appear to rise with planetary radius. However, the fraction of
distinguishable systemsdoesrise with increasing transit depth and with decreasing
stellar radius. The large fraction of systems distinguishable at higher values of TESS
magnitude is due to the fact that transit depths in general are larger for dimmer
TESS detections. For example, the median transit depth for systems visible from
Okayama Astro-Complex that have TESS magnitude greater than 13 is 0.00879,
while the median transit depth for systems brighter than TESS magnitude 13 is
0.00112.
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(a) (b)

(c) (d)

(e)

Figure 3.4: Same as Figure 3.3, but for MuSCAT2. Histograms comparing the total
number of Barclay et al. (2018) systems visible from Teide Observatory (2,485 sys-
tems) to those that would be distinguishable as BEB false positives using MuSCAT2.
We plot the number of systems distinguishable over 20 trials versus (a) planetary
radius, (b) transit depth, (c) and (d) stellar radius, and (e) TESS-band magnitude.
We print the average number of distinguishable systems over 20 trials above each
bin. Note that both panels (c) and (d) show the number of systems versus stellar
radius, but panel (d) shows this information on a re�ned grid only forRstar � 3R� .
As with MuSCAT, the fraction of systems distinguishable doesnot appear to rise
with planetary radius. However, the fraction of distinguishable systemsdoes rise
with increasing transit depth and with decreasing stellar radius. The large fraction
of systems distinguishable at higher values of TESS magnitude is due to the fact
that transit depths in general are larger for dimmer TESS detections. For example,
the median transit depth for systems visible from Teide Observatory that have TESS
magnitude greater than 13 is 0.00989, while the median transit depth for systems
brighter than TESS magnitude 13 is 0.00118.
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sumes that we defocus the MuSCAT and MuSCAT2 instruments during observations

(Section 3.3.2), and that light from the targeted star and the BEB component stars

blends together. However, if the instruments are not defocused during observations,

and if the target star and BEB are su�ciently spatially separated, then the target

star and BEB can be observed separately so that the nature of the TOI is much

more easily determined. For this reason, our estimates for the number of planetary

candidates that MuSCAT and MuSCAT2 can discriminate should be considered as

conservative minimal estimates to the number of TOIs that the two instruments

can actually validate. In addition, we note that this study does not take into ac-

count observational factors such as weather or scheduling. Although the capabilities

of MuSCAT and MuSCAT2 appear to be similar, in reality MuSCAT2 is likely to

validate many more candidates than MuSCAT. The MuSCAT2 developers group

has 162 guaranteed nights per year on MuSCAT2,19 and much of that time will be

devoted to TESS follow-up. In addition, useful observing time at Teide Observatory

reaches up to 78% in the summer (Varela et al., 2002).

3.4.2 Application to TESS Objects of Interest

We applied our MuSCAT and MuSCAT2 simulation tools to TESS Objects

of Interest (TOIs) posted to the Exoplanet Follow-up Observing Program for TESS

(ExoFOP-TESS) website,20 to predict the probabilities that recent TOIs can be

distinguished from BEB false positives using MuSCAT and MuSCAT2. At the time

19http://vivaldi.ll.iac.es/OOCC/iac-managed-telescopes/telescopio-carlos-sanchez/muscat2/
20https://exofop.ipac.caltech.edu/tess/
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(a) (b)

(c) (d)

Figure 3.5: Plots showing the percentage of trials where MuSCAT can distinguish
BEB false positives from true exoplanets for the 2,575 Barclay et al. (2018) systems
visible from Okayama Astro-Complex. Each point represents one Barclay et al. sys-
tem, with the color coding indicating the percentage of trials for which that system
could be distinguished as a BEB false positive. We plot transit depth versus (a)
planetary radius, (b) stellar e�ective temperature, (c) stellar radius, and (d) TESS-
band magnitude. MuSCAT is quite e�ective at distinguishing BEBs for systems
with transit depths of 0.003 or greater. For bright TESS magnitudes, MuSCAT
CCD pixels saturate even with defocusing to 15 arcsec (Section 3.3.2), and there-
fore we report that MuSCAT is unable to distinguish BEBs in these bright systems.
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(a) (b)

(c) (d)

Figure 3.6: Plots showing the percentage of trials where MuSCAT2 can distinguish
BEB false positives from true exoplanets for the 2,485 Barclay et al. (2018) systems
visible from Teide Observatory. Each point represents one Barclay et al. system,
with the color coding indicating the percentage of trials for which that system could
be distinguished as a BEB false positive. We plot transit depth versus (a) plane-
tary radius, (b) stellar e�ective temperature, (c) stellar radius, and (d) TESS-band
magnitude. MuSCAT2 is quite e�ective at distinguishing BEBs for systems with
transit depths of 0.003 or greater. For bright TESS magnitudes, MuSCAT2 CCD
pixels saturate even with defocusing to 15 arcsec (Section 3.3.2), and therefore we
report that MuSCAT2 is unable to distinguish BEBs in these bright systems.
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ExoFOP-TESS was accessed, 995 TOIs had been uploaded to the database, spanning

TESS observation sectors 1 through 12. Since all sectors were in the Ecliptic South,

we found that only 334 systems would be observable from OAC (407 systems from

Teide Observatory) at some time during the year through an airmass of 2 or less. Of

the observable TOIs, the simulation tool could not be applied to 76 systems visible

with MuSCAT (92 systems for MuSCAT2) because the database lacked parameters

required by our routine. For example, some systems lacked values for stellar e�ective

temperature or log(g), which are required to select a stellar model. Other systems

lacked estimated values for planetary radius, which we use to calculate transit depth.

Below, we discuss the results of applying our routine to the 258 systems visible from

OAC (315 systems from Teide Observatory), for which all required parameters were

available.

In applying our simulation routine to the TOIs, we con�rmed that MuSCAT

and MuSCAT2's ability to distinguish BEB false positives depends largely upon

transit depth. We show this in Figure 3.7, where for MuSCAT2 we plot tran-

sit depth versus planetary radius, stellar temperature, stellar radius, and TESS

magnitude, respectively, indicating with a color bar the percentage of trials where

MuSCAT2 can distinguish the BEBs from true exoplanets. The plots indicate that

MuSCAT2 is quite e�ective at distinguishing BEBs for systems with transit depths

of 0.003 or greater. In addition, for the TOIs that we analyzed, MuSCAT2 is able

to distinguish BEBs at slightly smaller transit depths for smaller planetary radii,

smaller stellar e�ective temperatures and radii, and smaller TESS magnitudes (i.e.,

brighter systems).
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Transit Number Total Number Percentage
Depth (TD) Distinguishable of TOIsi (%)

TD > 0.001 135� 5 259 52
TD > 0.002 133� 5 217 61
TD > 0.003 128� 4 187 68

Note:
i In this column, we report the total number of systems at the indicated transit depth, out of the 315 TOIs
from TESS' Southern Ecliptic survey that are observable using MuSCAT2, for which all required parameters
were available.

Table 3.3: Predicted number of TOI systems where MuSCAT2 can distinguish true
exoplanets from BEB false positives (20 trials)

Transit Number Total Number Percentage
Depth (TD) Distinguishable of TOIsi (%)

TD > 0.001 115� 5 210 55
TD > 0.002 114� 5 179 64
TD > 0.003 108� 5 153 70

Note:
i In this column, we report the total number of systems at the indicated transit depth, out of the 258 TOIs
from TESS' Southern Ecliptic survey that are observable using MuSCAT, for which all required parameters
were available.

Table 3.4: Predicted number of TOI systems where MuSCAT can distinguish true
exoplanets from BEB false positives (20 trials)

In Tables 3.3 and 3.4, we show our predictions for the number of TOIs distin-

guishable by MuSCAT2 and MuSCAT at transit depths greater than 0.001, 0.002,

and 0.003, respectively. The values reported con�rm that both instruments are quite

e�ective at distinguishing BEBs for systems with transit depths of 0.003 or greater,

but they also show that the two instruments are quite e�ective for even smaller

transit depths. For example, they can discriminate over half of the systems with

transit depths of 0.001 or greater.

Although not depicted here, our analysis for MuSCAT gives similar results to
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those shown in Figure 3.7. In addition, for MuSCAT, the median transit depth for

those systems that are distinguishableless than50% of the time is 0.00122, while

that for systems that are never distinguishable is 0.000886. For MuSCAT2, the

median transit depth for those systems that are distinguishableless than50% of the

time is 0.00131, while that for systems that arenever distinguishable is 0.000941.

We can use our simulation tools to predict the probability that a given sys-

tem can be distinguished as either a true exoplanet or a false positive. Overall, for

MuSCAT we found that 16 systems (� 6%) could be distinguished 100% of the time

(all 20 trials). For MuSCAT2, 17 systems (� 5%) could be distinguished 100% of

the time. Table 3.5 lists the 17 TOIs always distinguished by MuSCAT2 in order

of increasing stellar temperature. For MuSCAT, thirty-�ve systems (� 14%) were

distinguishable at least 90% of the time, while 42 systems (� 13%) were distinguish-

able > 90% of the time with MuSCAT2. For both instruments, approximately half

of the systems (135 systems out of 258 for MuSCAT and 158 systems out of 315 for

MuSCAT2) could be distinguished> 50% of the time. Eighty-one systems (� 31%)

could never be distinguished by MuSCAT, and 107 systems (� 34%) could never be

distinguished by MuSCAT2.

When we average the results over all 20 trials for each instrument, we �nd

that MuSCAT can distinguish true exoplanets from BEBs for 115 (45%)� 5 of all

TOIs, while MuSCAT2 can do so for 135 (43%)� 5 of all TOIs. For Rpl < 4R�

candidates, MuSCAT can distinguish true exoplanets from BEBs for 13 (18%)� 2

of the 71 TOIs for which we have su�cient parameters to run our simulation tools,

while MuSCAT2 can do so for 16 (18%)� 2 of the 90 TOIs for which we have
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su�cient parameters.

In July 2019, TESS began searching for transiting exoplanets in the Northern

Ecliptic Hemisphere, which is composed of observation sectors 14 through 26. MuS-

CAT and MuSCAT2 will be able to observe most of the TOIs discovered in these

sectors. Our results indicate that MuSCAT and MuSCAT2 will make signi�cant

contributions to the TESS Level 1 Science Requirement of measuring the masses of

50 exoplanets smaller in size than Neptune.

(a) (b)

(c) (d)

Figure 3.7: Plots showing the percentage of trials where MuSCAT2 can distinguish
BEB false positives from true exoplanets for 315 TESS Objects of Interest (TOIs)
visible from Teide Observatory. TOIs were downloaded from ExoFOP-TESS on 16
August 2019. MuSCAT2 is quite e�ective at distinguishing BEBs for systems with
transit depths of 0.003 or greater. For the TOIs that we analyzed, the plots indicate
that MuSCAT2 is able to distinguish BEBs at slightly smaller transit depths for
smaller planetary radii (a), smaller stellar e�ective temperatures (b) and radii (c),
and smaller TESS magnitudes (i.e., brighter systems) (d).
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TOI i Te� Rstar Tpl Rpl TESS Transit
(K) (R � ) (K) (R � ) magnitude Depth

227.01 2,808 0.128 187 2.43 14.3 0.0302
736.01 2,940 0.150 302 2.02 13.5 0.0151
278.01 2,955 0.154 781 2.63 13.1 0.0244
549.01 3,009 0.169 680 2.44 14.3 0.0174
543.01 3,085 0.193 714 3.75 15.2 0.0315
516.01 3,109 0.202 581 4.18 14.2 0.0358
497.01 3,333 0.302 492 3.76 13.2 0.0130
643.01 3,369 0.320 339 7.28 13.7 0.0432
538.01 3,411 0.341 632 5.98 14.1 0.0259
1050.01 6,548 1.60 1,619 21.3 11.0 0.0148
951.01 6,730 1.33 1,554 20.2 10.0 0.0193
471.01 6,820 1.34 1,426 15.5 9.78 0.0112
577.01 7,341 1.81 1,917 29.3 12.3 0.0217
508.01 7,346 1.82 1,722 19.3 9.64 0.00946
625.01 7,690 1.63 1,919 18.1 9.61 0.0103
433.01 8,543 3.27 3,578 50.4ii 9.10 0.0199
627.01 9,126 2.31 3,157 22.5 9.95 0.00794

Notes:
i Listed in order of increasing stellar e�ective temperature
ii Although listed as a TOI, the calculated radius of this candidate exoplanet is larger than that of any known
exoplanet, and thus the system is likely an eclipsing binary.

Table 3.5: TOIs for which MuSCAT2 Can Distinguish BEBs from True Exoplanets
in 100% of Trials

3.5 Summary and Conclusion

MuSCAT and MuSCAT2 can validate hundreds ofRpl < 4R� candidate exo-

planets, thus supporting the TESS team in achieving its Level 1 Science Requirement

of measuring the masses of 50 exoplanets smaller in size than Neptune. Speci�cally,

we draw the following conclusions.

1. Transit depth is the most important characteristic in determining whether

or not MuSCAT and MuSCAT2 can distinguish between true exoplanets and

BEB false positives. The two instruments are most e�ective at distinguishing
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BEBs for systems with transit depths of 0.003 or greater.

2. We estimate that MuSCAT can distinguish BEB false positives for� 17% of

all TESS discoveries, and� 13% ofRpl < 4R� discoveries.

3. We predict MuSCAT2 will be able to distinguish BEB false positives for� 18%

of all TESS discoveries, and� 15% ofRpl < 4R� discoveries.

4. In analyzing actual TESS objects of interest (TOIs) from the Southern Ecliptic

Hemisphere, we predict that MuSCAT can distinguish true exoplanets from

BEBs for 115 (45%)� 5 of all observable TOIs, and for 13 (18%)� 2 of Rpl <

4R� observable planet candidates.

5. In analyzing TOIs from the Southern Ecliptic Hemisphere, we predict that

MuSCAT2 can distinguish true exoplanets from BEBs for 135 (43%)� 5 of

all observable TOIs, and for 16 (18%)� 2 of Rpl < 4R� observable planet

candidates.

6. In analyzing TOIs from the Southern Ecliptic Hemisphere, we estimate that

MuSCAT can distinguish true exoplanets from BEBs for 115 (55%)� 5 TOIs

with transit depths greater than 0.001, for 114 (64%)� 5 TOIs with transit

depths greater than 0.002, and for 108 (70%)� 5 TOIs with transit depths

greater than 0.003.

7. In analyzing TOIs from the Southern Ecliptic Hemisphere, we estimate that

MuSCAT2 can distinguish true exoplanets from BEBs for 135 (52%)� 5 TOIs

with transit depths greater than 0.001, for 133 (61%)� 5 TOIs with transit
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depths greater than 0.002, and for 128 (68%)� 4 TOIs with transit depths

greater than 0.003.

Our software tools will assist TFOP working group members as they prioritize and

optimize follow-up observations of TESS objects of interest.
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Chapter 4: Simulated JWST/NIRISS Transit Spectroscopy of

Anticipated TESS Planets Compared to

Select Discoveries from Space-Based and

Ground-Based Surveys

4.1 Overview

The Transiting Exoplanet Survey Satellite (TESS) will embark in 2018 on a 2-

year wide-�eld survey mission,1 discovering over a thousand terrestrial, super-Earth

and sub-Neptune-sized exoplanets (Rpl � 4R� ) potentially suitable for follow-up ob-

servations using the James Webb Space Telescope (JWST). This work aims to under-

stand the suitability of anticipated TESS planet discoveries for atmospheric charac-

terization by JWST's Near InfraRed Imager and Slitless Spectrograph (NIRISS) by

employing a simulation tool to estimate the signal-to-noise (S/N) achievable in trans-

mission spectroscopy. We applied this tool to Monte Carlo predictions of the TESS

expected planet yield and then compared the S/N for anticipated TESS discoveries

to our estimates of S/N for 18 known exoplanets. We analyzed the sensitivity of

our results to planetary composition, cloud cover, and presence of an observational

1Since publication of Louie et al. (2018), TESS launched on 18 April 2018, and also completed
its primary science mission in July 2020.
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noise 
oor. We �nd that several hundred anticipated TESS discoveries with radii

1:5R� < R pl � 2:5R� will produce S/N higher than currently known exoplanets in

this radius regime, such as K2-3b or K2-3c. In the terrestrial planet regime, we �nd

that only a few anticipated TESS discoveries will result in higher S/N than currently

known exoplanets, such as the TRAPPIST-1 planets, GJ1132b, and LHS1140b.

However, we emphasize that this outcome is based upon Kepler-derived occurrence

rates, and that co-planar compact multi-planet systems (e.g., TRAPPIST-1) may

be under-represented in the predicted TESS planet yield. Finally, we apply our cal-

culations to estimate the required magnitude of a JWST follow-up program devoted

to mapping the transition region between hydrogen-dominated and high molecular

weight atmospheres. We �nd that a modest observing program of between 60 to

100 hours of charged JWST time can de�ne the nature of that transition (e.g., step

function versus a power law).

4.2 Introduction

The approaching launch of the James Webb Space Telescope (JWST), coupled

with the 2018 launch of the Transiting Exoplanet Survey Satellite (TESS), heralds

a new era in exoplanet science, with TESS projected to detect over one thousand

transiting exoplanets smaller than Neptune (Ricker et al., 2014), and JWST o�ering

unprecedented spectroscopic capabilities through which we can examine exoplane-

tary atmospheres (Beichman et al., 2014; Gardner et al., 2006; Greene et al., 2016).

One goal of exploring exoplanet atmospheres is to identify biosignatures, thus
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�rmly establishing whether life exists on planets orbiting other stars (Seager & Dem-

ing, 2010). Further, because water is necessary for life on Earth, we expect life will

develop on planets able to maintain liquid water, and atmospheric water vapor can

be used as a proxy for liquid surface water (Seager, 2013). Rather than focusing on

true Earth analogs, Charbonneau & Deming (2007) describe the advantages o�ered

through atmospheric characterization of super-Earths orbiting in the habitable zone

(HZ) of nearby M-dwarfs.

Sullivan et al. (2015) used Monte Carlo simulations to predict that TESS will

detect approximately 1,700 transiting planets orbiting pre-selected target stars dur-

ing its 2-year wide-�eld survey of the northern and southern ecliptic hemispheres.

The simulations employ Kepler-derived planet occurrence rates, as well as photo-

metric performance models for the TESS cameras. Notably, Sullivan et al. (2015)

found that about one-third of the TESS-discovered transiting exoplanets will have

radii less than twice that of the Earth's, and three-quarters of theseRpl < 2R� plan-

ets will orbit M-dwarfs. Slightly fewer than 10 percent of theRpl < 2R� planets

will orbit near or within their host star's habitable zone. Exoplanets found by TESS

will orbit stars 10-100 times brighter than those found during Kepler's primary mis-

sion, thus facilitating follow-up characterization of their atmospheres (Ricker et al.,

2014).

Although TESS is poised to discover a multitude of M-dwarf-transiting sub-

Neptune-sized and smaller exoplanets, other missions and ground-based projects

have already discovered many favorable transiting planets. NASA's Kepler space-

craft was repurposed to ful�ll the K2 mission, which includes observation of tran-

119



siting exoplanets orbiting bright, low-mass stars (Howell et al., 2014). Furthermore,

ground-based surveys such as MEarth (Irwin et al., 2009, 2015; Nutzman & Char-

bonneau, 2008) and TRAPPIST (Jehin et al., 2011) have recently announced ex-

citing exoplanet discoveries, such as that of GJ1132 (Berta-Thompson et al., 2015),

the seven terrestrial-sized TRAPPIST-1 planets (Gillon et al., 2016, 2017), and the

habitable zone super-Earth LHS-1140b (Dittmann et al., 2017b).

The targeted planets for JWST atmospheric characterization studies must be

chosen wisely to maximize the amount of scienti�c knowledge attained for a given

amount of JWST observation time (Batalha & Line, 2017; Howe et al., 2017). During

its 2-year primary mission, TESS will discover exoplanets continually, and the �rst

discoveries will not necessarily be those most conducive to follow-up atmospheric

characterization.

One motivation of this work is to determine which TESS discoveries will pro-

duce the highest signal-to-noise (S/N) in transmission spectroscopy using the JWST

Near-Infrared Imager and Slitless Spectrograph (NIRISS) operating in Single Ob-

ject Slitless Spectroscopy (SOSS) mode. To attain this goal, we simulate NIRISS

instrument performance during observations of the anticipated TESS exoplanet dis-

coveries, limiting our predictions to planets withRpl < 4R� . We then compare

our results for the TESS planets to similar predictions for selected exoplanets al-

ready discovered via space-based or ground-based surveys. This comparison allows

us to predict the highest priority TESS discoveries for immediate con�rmation and

follow-up observation. Furthermore, the TESS discoveries we examine lie within that

regime where planets transition from rocky planets surrounded by high molecular
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weight atmospheres, to icy sub-Neptunes enveloped in hydrogen-dominated atmo-

spheres (Fulton et al., 2017b). Thus, an additional motivation of our work is to

predict the magnitude of the observational program required to map this transition

region.

Numerous past studies have estimated JWST's capabilities during exoplanet

atmosphere characterization (Barstow et al., 2015, 2016; Batalha & Line, 2017; Be-

ichman et al., 2014; Belu et al., 2011; Clampin, 2011; Crouzet et al., 2017; Deming

et al., 2009; Greene et al., 2016; Howe et al., 2017; Molli�ere et al., 2017), and NIRISS

has emerged as the workhorse instrument for transit spectroscopy (e.g., Stevenson

et al., 2016). Greene et al. (2016) modeled archetypal hot Jupiter, warm Neptune,

warm sub-Neptune, and cool super-Earth exoplanets observed using several JWST

instruments during both transit and secondary eclipse. One of their conclusions

was that NIRISS transit spectra alone can often constrain the major molecular con-

stituents of clear solar atmospheres, although additional wavelength coverage may

be required in certain cases. Howe et al. (2017) and Batalha & Line (2017) used

information content analysis|often used in studies of solar system atmospheres|to

explore optimization of multiple JWST instruments and modes during observations

of exoplanet atmospheres in transmission. In their examination of 11 transiting

hot Jupiters, Howe et al. (2017) found that within the constraints of their model,

NIRISS consistently provides the most information content for a given integration

time. Batalha & Line (2017) studied anRpl = 1:39RJupiter planet of various tem-

peratures, C/O ratios, and metallicities, orbiting WASP-62. They found that a

single observation with NIRISS SOSS always provides the spectra with the highest
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information content and tightest constraints. Additionally, when combining two

modes, the highest information content spectra with tightest constraints are found

by combining NIRISS SOSS with NIRSpec G395 M/H.

Here, we build upon these previous studies by predicting the properties of the

population of TESS discoveries withRpl � 4R� that will be most conducive to

NIRISS follow-up transit spectroscopy observations, and we then apply our �ndings

to estimate the scope of a JWST follow-up program to map the transition region

between hydrogen-dominated and high molecular weight atmospheres.

Crouzet et al. (2017) also predicted the capabilities of NIRISS, as well as of

SOPHIE and SPIRou, in a follow-up program of the Sullivan et al. (2015) antici-

pated TESS discoveries. Our work di�ers from theirs in that we investigate only

NIRISS observations, but we attempt to do so as realistically as possible. We in-

clude the sensitivity of our results to factors such as clouds, planetary composition,

observational overhead, and systematic noise. Our instrument simulator also more

closely emulates actual NIRISS observations for all of the planets considered, and

we employ theoretical transmission spectra (rather than an atmospheric annulus)

to estimate the signal produced by the planetary atmosphere during transit. In

addition, to improve the reliability of our results, we analyze 50 Monte Carlo re-

alizations of the TESS primary mission. Prior to JWST follow-up observations of

TESS-discovered exoplanets, further characterization of TESS planet masses using

the radial velocity technique with instruments such as SOPHIE or SPIRou will be

required. In particular, the SPIRou near-infrared spectrometer will be important

in characterizing the masses of small planets such as those examined in this work.
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Thus, our results are complementary to those of Crouzet et al. (2017) in de�ning a

JWST follow-up strategy for TESS-discovered exoplanet observations.

Recently, Cross�eld & Kreidberg (2017) examined characteristics of six well-

studied warm Neptunes, or short period planets of size 2R� < R pl < 6R� . They

found that the amplitude of a given planet's spectral transmission features correlates

with either the planet equilibrium temperature, or with the bulk mass fraction of

H/He in the planetary atmosphere. Cross�eld & Kreidberg (2017) applied their

�ndings to the Sullivan et al. (2015) anticipated TESS discoveries within the same

radius regime, estimating the observation time required to distinguish features in

planetary spectra using NIRISS. They show that the number of warm Neptune TESS

planets amenable to atmospheric characterization may decrease by up to a factor

of eight if transmission amplitude decreases linearly with the bulk mass fraction

of H/He. The work of Cross�eld & Kreidberg (2017) serves to identify trends in

features of TESS planet discoveries that can be used to select the best planets for

atmospheric characterization follow-up studies.

This paper is organized as follows. In Section 4.3, we describe pertinent exo-

planet system properties for both the anticipated TESS discoveries and the existing

exoplanets; we discuss our use of stellar and transmission spectra; and we describe

the function of our NIRISS simulation tool. In Section 4.4, we present our �ndings,

quantifying the sensitivity of our results to such factors as planetary composition,

observational overhead, planetary cloud cover, and existence of systematic noise.

We use our estimated S/N to produce simulated spectra for three existing exoplan-

ets. In Section 4.5, we apply our �ndings to estimate the scope of a JWST follow-up
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program devoted to mapping the transition region between high molecular weight

and hydrogen-dominated atmospheres. We summarize in Section 4.6.

4.3 Methods

We require three major components to successfully predict NIRISS signal-to-

noise. First, we require system parameters for the planetary systems that we wish

to observe. Below, we describe our use of anticipated TESS discoveries in Section

4.3.1, and our use of planets already discovered in space-based and ground-based

surveys in Section 4.3.2. The second major component is model spectra for both the

star and the planetary atmosphere, which we describe in Section 4.3.3. Finally, we

require a simulator that models NIRISS operational performance, which we present

in Section 4.3.4.

4.3.1 Predicted Properties of TESS Discoveries

Sullivan et al. (2015) used Monte Carlo simulations to predict the proper-

ties of the planets that TESS is likely to detect, and published a catalog of 1,984

planets representing the planet yield from a single Monte Carlo realization of the

TESS primary mission. The published catalog only includes planets detected from

preselected target star observations rather than full frame image data. The target

star detections make up all of the expected TESS detections forRpl < 2R� , and

� 30% of the detections for 2R� < R pl < 4R� . Sullivan et al. (2015) adopted Kepler

planet occurrence rates from Fressin et al. (2013) for FGK stars, and from Dressing
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& Charbonneau (2015) for stars withTe� < 4000 K.

The Sullivan et al. (2015) TESS simulated planet catalog contains properties

of the planetary systems, which we use as inputs to the NIRISS simulator. Pa-

rameters include stellar temperature and radius, distance and J-band magnitude,

and planetary radius and insolation. We assume all planets are on circular orbits

with an impact parameter of 0:5 during transit. From the catalog properties, we

can calculate other required quantities, such as transit duration (T14) and orbital

semi-major axis. Importantly, the simulated TESS planet catalog does not contain

planetary mass, which is required to calculate the scale height of the atmosphere

for the planets, and thus is important in estimating the transmission spectroscopy

signal.

To calculate the mass of the TESS planets, we explored using a variety of

empirical mass-radius relationships (Chen & Kipping, 2017; Weiss & Marcy, 2014;

Wolfgang et al., 2016), and ultimately adopted the Chen & Kipping (2017) model.

Chen & Kipping (2017) examine 316 objects with well-constrained masses and radii

to develop their relationship. In �tting their empirical data, they employ a broken

power-law spanning four regimes which they describe as Terran, Neptunian, Jovian,

and Stellar worlds. Unlike other approaches, in their analysis Chen & Kipping

(2017) treat the transition points between regimes as free parameters. Their �nal

result is a probabilistic model with credible intervals of values for the transition

points, power-law indices in each regime, and radius dispersion in each regime.

In our application of the Chen & Kipping (2017) broken power-law model to

TESS planets with Rpl < 4R� , we employ only the portion of the model valid for
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Terran and Neptunian worlds, which is given by

M pl = 0:9718R3:58
pl (4.1)

for Rpl < 1:23R� , and

M pl = 1:436R1:70
pl (4.2)

for 1:23R� � Rpl < 14:26R� , where mass and radii are given in units ofM � and

R� , respectively. We apply only the basic model and do not vary the parameters

within the credible interval.

In reality, the planets that TESS discovers will not fall squarely upon the Chen

& Kipping (2017) mass-radius relationship, but will exhibit some variation depend-

ing upon planetary composition, which in turn will a�ect the signal-to-noise (S/N)

we compute in this project. To determine the sensitivity of alternative planetary

compositions on our results, we show in Section 4.4 the S/N attained for planets

composed of pure iron (Fe), pervoskite (MgSiO3), and ice (H2O). In Figure 4.1,

we compare the Chen & Kipping (2017) mass-radius relationship to the theoretical

mass-radius relationships found in Seager et al. (2007) for planets of homogeneous

compositions. All models are applied to the Sullivan et al. (2015) predicted TESS

exoplanet discoveries.

The Sullivan et al. (2015) catalog of TESS discoveries represents only one

possible realization of the TESS primary mission. To improve statistical con�dence

in our results, we also applied our NIRISS simulator to Monte Carlo simulations for

50 trials of the TESS primary mission, provided by Bouma et al. (2017). Bouma
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et al. (2017) used the same techniques as Sullivan et al. (2015) in determining the

planet yield for each trial of the TESS primary mission.2

4.3.2 Selection of Known Exoplanets for Comparison

We examined the NASA Exoplanet Archive3 (Akeson et al., 2013) and the

literature seeking Neptune-sized or smaller (Rpl � 4R� ) con�rmed exoplanet dis-

coveries likely to produce strong signals in transmission if observed by NIRISS. For

example, with all other factors the same, an exoplanet with a larger planet-to-star

radius ratio will produce a larger transmission spectrum signal. In addition, a planet

with a smaller density will have an atmosphere with a larger scale height, which will

also produce a higher signal. In searching the archive, we sought planets with masses

estimated through observations that are orbiting host stars smaller than the Sun.

Tables 4.1 and 4.2 list the exoplanets and their parameters used in this study. In

Sections 4.3.2.1 and 4.3.2.2 we discuss further details concerning our choice of these

exoplanets for examination.

4.3.2.1 Space-Based Exoplanet Discoveries

We primarily examine space-based discoveries from the K2 mission (Howell

et al., 2014). However, we also look at one discovery from the COnvection, ROtation

and planetary Transits (CoRoT) minisatellite mission (Baglin et al., 2006), as well

as one multiplanetary system discovered during Kepler's primary mission (Borucki

2Fifty trials of TESS primary mission from Bouma et al. (2017) may be found at http://
scholar.princeton.edu/jwinn/extended-mission-simulations .

3http://exoplanetarchive.ipac.caltech.edu
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(a)

(b)

Figure 4.1: Comparison of the empirical Chen & Kipping (2017) mass-radius rela-
tionship (equations 4.1 and 4.2) to the theoretical models of Seager et al. (2007).
In (a) we show the masses calculated for each model applied to the Sullivan et al.
(2015) predicted TESS exoplanet discoveries. In (b) we show the resulting exo-
planet densities. Masses and densities of space-based and ground-based discoveries
analyzed in this project are plotted for comparison.
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et al., 2009).

In October 2009, L�eger et al. (2009) announced CoRoT-7b, heralding the

discovery as the �rst super-Earth with a measured radius. The planet serves as an

interesting point of comparison to TESS discoveries, since it orbits a G9V host star

that is hotter than most of the best anticipated TESS discoveries.

Kepler discovered thousands of exoplanet candidates, but only some of these

planets have estimated masses. A search of the NASA Exoplanet Archive4 reveals

that Kepler-138 is the only M-dwarf hosting planets with estimated masses and with

radii less than 1:5R� . We consider this system to determine how the S/N compares

to the TESS discoveries.

The K2 mission di�ers from and is complementary to TESS in that the tar-

get �elds are located along the ecliptic plane, a �eld that is not observed during

the TESS primary mission. In this study, we �rst compare the anticipated TESS-

discovered exoplanets to those K2-discoveries with M dwarf host stars. In particular,

we look at two planets from the K2-3 system, as well as K2-95b. We did not look at

K2-3d due to uncertainties in its mass estimate. We add to this list HIP-116454b,

a 2:53R� planet orbiting a bright K-dwarf which was K2's �rst exoplanet discovery.

The planet serves as an interesting point of comparison because its brightness is

near the NIRISS J-band limiting magnitude, and the host star is somewhat hot-

ter than the best-anticipated TESS discoveries. We also examine Neptune-sized

WASP-47d and the super-Earth WASP-47e, which orbit a G9V host star with an

estimated radius slightly larger than our Sun's. Because these latter three planets

4Accessed 3 May 2017
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Exoplanet J Distance Stellar Stellar Planet Planet Planet Semi- Impact
Radius

R�

Temperature Radius
Rpl

Mass
M pl

Temperaturea major
Axis

Parameter
b

(mag) (pc) (R� ) (K) ( R� ) (M � ) (K) (AU)

CoRoT-7bb 10.301 153.7 0.820 5259 1.585 4.73 1756 0.017016 0.713

HIP-116454bc 8.60 55.2 0.716 5089 2.53 11.82 690 0.0906 0.65

K2-3bd 9.421 42 0.561 3896 2.14 8.1 463 0.0769 0.54

K2-3ce 9.421 42 0.561 3896 1.644 2.1 344 0.1405 0.31

K2-95bf 13.312 172 0.402 3471 3.47 10.99 415 0.0653 0.32

Kepler-138bg 10.293 66.5 0.442 3841 0.522 0.066 444 0.077 0.53

Kepler-138c 10.293 66.5 0.442 3841 1.197 1.970 409 0.0906 0.922

Kepler-138d 10.293 66.5 0.442 3841 1.212 0.640 344 0.12781 0.767

WASP-47dh 10.613 200 1.18 5475 3.71 12.75 986 0.0846 0.18

WASP-47e 10.613 200 1.18 5475 1.87 9.11 2221 0.01667 0.17

Notes:
aEquilibrium temperatures are calculated assuming zero albedo and uniform redistribution of heat.
bCoRoT-7b system parameters from L�eger et al. (2009), Barros et al. (2014), and Haywood et al. (2014).
cHIP-116454b system parameters from Vanderburg et al. (2015).
dK2-3b system parameters from Sinuko� et al. (2016) and Dai et al. (2016).
e K2-3c system parameters from Sinuko� et al. (2016) and Almenara et al. (2015).
f K2-95b system parameters from Obermeier et al. (2016) and Mann et al. (2017). Obermeier et al. (2016)
estimated the planetary mass using an empirical mass-radius relationship.
g Kepler-138a, b, and c system parameters from Muirhead et al. (2012), Jontof-Hutter et al. (2015), and
Souto et al. (2017).
h WASP-47d and e system parameters from Becker et al. (2015) and Sinuko� et al. (2017).

Table 4.1: Space-based exoplanet discoveries used for comparison

orbit host stars that are hotter, and thus larger, than many TESS discoveries, we

expect the transit depths to be smaller, and thus the S/N to be lower, than most

TESS discoveries.

4.3.2.2 Exoplanets Discovered by Ground-Based Surveys

The ground-based discoveries examined in this work were found in either

the MEarth survey or the TRAnsiting Planets and PlanetesImals Small Telescope

(TRAPPIST) survey.

The MEarth-North and MEarth-South transit surveys were designed to search

for super-Earths orbiting mid-to-late M dwarfs with radii less than 0:33R� that
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are located within 33 parsecs of the Earth (Irwin et al., 2009, 2015; Nutzman &

Charbonneau, 2008). Here, we examine two MEarth-South discoveries: GJ1132b

and LHS1140b.

Berta-Thompson et al. (2015) announced the discovery of GJ1132b in Novem-

ber 2015. Since that time, further studies conducted using ground-based facilities

and the Spitzer Space Telescope have allowed further re�nement of system param-

eters such as stellar and planetary radii (Dittmann et al., 2016). The water at-

mosphere we examine in this work is one plausible atmospheric composition for

GJ1132b. In addition, Dittmann et al. (2017b) recently reported observations of

LHS1140b, a nearby 1:4R� super-Earth orbiting its M dwarf host star within the

habitable zone. The authors note that if this super-Earth had an extended magma-

ocean phase, then water may have remained in the mantle until the star reached its

current luminosity, thus allowing the presence of water in its atmosphere.

One goal of the TRAPPIST survey is to monitor a select sample of ultra-

cool dwarf stars for planetary transits (Jehin et al., 2011). Gillon et al. (2016,

2017) determined that TRAPPIST-1 hosts at least seven Earth-sized planets that

are likely to be tidally synchronized. de Wit et al. (2016) analyzed the combined

transmission spectrum of TRAPPIST-1 b and c, determining that the featureless

spectrum ruled out a cloud-free hydrogen-dominated spectrum on the two planets.

However, heavier atmospheres, such as the water atmosphere studied here, remain

plausible. Although here we examine the signal produced by water lines in a water

atmosphere, we note that the actual atmospheric composition of the TRAPPIST-1

planets depends upon several factors, such as X-Ray and EUV 
uxes, which are
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areas of active research (Bourrier et al., 2017; O'Malley-James & Kaltenegger, 2017;

Wheatley et al., 2017).

Multiple recent studies (Quarles et al., 2017b; Wang et al., 2017) have esti-

mated the masses of the TRAPPIST-1 planets in order to further constrain the

planetary compositions. In this work, we use the planetary masses inferred by

Quarles et al. (2017b) using N-body dynamical simulations that determine plane-

tary parameters stable over millions of years.

The masses of the TRAPPIST-1 planets and of LHS-1140b are not well con-

strained. Since the density of the planet used in simulations impacts the scale height

and thus the predicted S/N, uncertain mass estimates may lead to incorrect con-

clusions. Thus, for comparison, we also calculate S/N for the TRAPPIST-1 planets

and LHS-1140b by assuming anEarthlike composition. We use the semi-empirical

mass-radius relationship developed by Zeng et al. (2016), assuming a core mass frac-

tion of 0.3, the same as that for Earth and Venus. Since the relationship does not

apply to planets with masses less than 1M � , for TRAPPIST-1d and TRAPPIST-1e,

we simply assume the density is the same as that of Earth's. Table 4.3 shows the

masses and densities we used for these alternative calculations.

4.3.3 Spectra

The models we use for stellar and transmission spectra allow us to estimate

both the signal and the noise that we detect from a given planetary system. With

stellar model spectra, we determine the number of photons output by a host star
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Exoplanet J Distance Stellar Stellar Planet Planet Planet Semi- Impact
Radius

R�

Temperature Radius
Rpl

Mass
M pl

Temperaturea major
Axis

Parameter
b

(mag) (pc) (R� ) (K) ( R� ) (M � ) (K) (AU)

GJ1132bb 9.245 12.04 0.2105 3270 1.13 1.62 579 0.01619 0.38

LHS-1140bc 9.612 12.47 0.186 3131 1.43 6.65 230 0.0875 0.155

TRAPPIST-1b d 11.4 12.1 0.117 2559 1.088 0.76 400 0.01111 0.126

TRAPPIST-1c 11.4 12.1 0.117 2559 1.057 1.34 342 0.01522 0.161

TRAPPIST-1d 11.4 12.1 0.117 2559 0.722 0.41 288 0.02144 0.170

TRAPPIST-1e 11.4 12.1 0.117 2559 0.919 0.58 251 0.02818 0.120

TRAPPIST-1f 11.4 12.1 0.117 2559 1.045 0.69 219 0.03707 0.382

TRAPPIST-1g 11.4 12.1 0.117 2559 1.130 1.43 199 0.04510 0.421

Notes:
aEquilibrium temperatures are calculated assuming zero albedo and uniform redistribution of heat.
bGJ1132b system parameters from Berta-Thompson et al. (2015) and Dittmann et al. (2017a).
cLHS-1140b system parameters from Dittmann et al. (2017b).
dTRAPPIST-1 system parameters from Gillon et al. (2017) and Quarles et al. (2017a).

Table 4.2: Ground-based exoplanet discoveries used for comparison

Exoplanet Planet Planet
Mass,M pl Density

(M � ) (g cm� 3)

LHS-1140b 3.73 7.03

TRAPPIST-1b 1.36 5.81

TRAPPIST-1c 1.22 5.69

TRAPPIST-1d 0.38 5.51

TRAPPIST-1e 0.78 5.51

TRAPPIST-1f 1.17 5.65

TRAPPIST-1g 1.56 5.96

Table 4.3: Masses for select exoplanets assuming an Earthlike composition
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at each wavelength across the NIRISS bandpass. The photons received from the

host star make up the major source of noise in our simulations. Our transmission

spectroscopy code provides the wavelength-dependent fraction of the stellar area

that is blocked by an exoplanet during transit, which constitutes the signal in our

simulations. In Sections 4.3.3.1 and 4.3.3.2, we describe these important inputs to

our NIRISS simulator.

4.3.3.1 Stellar Spectra

PHOENIX/BT-NextGen and PHOENIX/BT-Settl stellar emission spectrum

grids (Allard et al., 2012) provide stellar 
ux across the NIRISS bandpass at a res-

olution of � 2 Angstroms. We employ solar metallicity spectra, which include the

e�ects of absorption from molecules such as water vapor (Barber et al., 2006) in the

stellar atmosphere. The host stars of our target systems range in e�ective temper-

ature from 2,090 K to 14,655 K. We employ BT-Settl models for host stars with

e�ective temperatures less than 2,600 K;5 and BT-NextGen models for those systems

with higher e�ective temperatures. BT-NextGen models span stellar temperature

values from 2,600 K to 70,000 K, and log(g) values from� 0:5 to 6:0. Stellar models

are provided in log(g) increments of 0.5, and in temperature increments of 100 K

up to a stellar temperature of 7,000 K, then in temperature increments of 200 K

up to a temperature of 12,000 K, and thereafter in temperature increments of 500

K. Our simulation routine selects the stellar model with e�ective temperature and
5In all of our calculations, only 43 systems adopt BT-Settl stellar models. For the published

Sullivan et al. (2015) planetary systems, only one has a host star of temperature less than 2,600
K, and for the 50 Monte Carlo realizations of the TESS primary mission, only 42 stellar systems
(out of 124,173) have host stars with e�ective temperatures less than 2,600 K.
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log(g) values closest to the particular planetary system we wish to observe.

4.3.3.2 Planetary Atmospheres and Transmission Spectra

The TESS planet catalog discussed in Section 4.3.1 includes planetary radii,

but the radii do not vary with wavelength, and the Sullivan et al. (2015) simulations

make no assumptions regarding planetary atmospheres. For the known planets

discussed in Section 4.3.2, we can make some assumptions regarding likely planetary

atmospheres based upon observations and estimated bulk densities. Recent research

has identi�ed the radius regime from 1:5R� to 2R� as the transition region from

rocky, terrestrial planets with high molecular weight atmospheres to sub-Neptune

planets enveloped in hydrogen-dominated atmospheres (Elkins-Tanton & Seager,

2008; Fulton et al., 2017b; Kempton, 2011; Marcy et al., 2014; Miller-Ricci et al.,

2009; Rogers, 2015).

Clear Atmospheres| For the purposes of our calculations, we assume thatall

planets with Rpl � 1:5R� are enveloped in a clear, isothermal water atmosphere

(mean molecular weight� = 18), and we assume thatall planets with 1:5R� <

Rpl � 4R� are surrounded by a clear, isothermal hydrogen-dominated atmosphere

(� = 2:39). We use an isothermal atmosphere because we do not have su�cient

information to justify a more complex structure, and also because transit spectra

are not directly sensitive to the source function in the exoplanetary atmosphere.

For each planet, we calculate the equilibrium temperature assuming zero albedo

and uniform redistribution of heat. These temperatures are reported for known
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exoplanets in Tables 4.1 and 4.2. In reality, some planets in the transition region will

likely have heavy atmospheres, some will likely have lighter atmospheres, and some

will be rocky cores stripped of an atmosphere. By assuming a single atmospheric

composition within the two radii regimes, we can better determine the contributions

of other planetary parameters on resultant S/N.

For most planetary compositions, the spectrum of water vapor will dominate

the NIRISS spectral region. We estimate the signal produced by water lines in the

isothermal planetary atmospheres by employing a version of a spectral transmittance

code presented previously in Deming et al. (2013). Here, we modify the code to cover

the NIRISS bandpass. Our code uses a slant-path geometry, assuming a 200-layer

atmosphere in hydrostatic equilibrium, with pressures in the layers equally spaced

in log from 1 to 107 dynes cm� 2. The hydrogen-dominated atmospheres include

continuous opacity due to collision-induced absorption of H2 (Borysow, 2002; Zheng

& Borysow, 1995). For the water atmospheres, we place a solid surface at 1 bar

(106 dynes cm� 2). We calculate water opacity using water lines (Barber et al.,

2006) downloaded from the Exomol Database6 (Tennyson & Yurchenko, 2012). Our

code scales the strengths of the lines at the isothermal temperature of the planet,

and then bins the scaled strengths of the water lines into bins of width 0.01 cm� 1,

much smaller than the NIRISS resolution (Deming & Sheppard, 2017). We convolve

the high-resolution transmission spectrum output by our code to the resolution of

the NIRISS instrument prior to employing the output spectrum in our NIRISS

6http://www.exomol.com/data/data-types/linelist/H2O/1H2-16O/BT2/ , accessed 29 Jan
2017

136



simulator.

We previously validated the code as described in Deming et al. (2013). In ad-

dition, our code is in close agreement with output results from Line et al. (2013a),

as shown in their Figure 5. In this work, we further compare our code to the out-

put results of Exo-Transmit (Kempton et al., 2017), as shown in Figure 4.2 for a

super-Earth (Rpl = 1:28R� ) at equilibrium temperature 788 K with a clear water

atmosphere. The system parameters of the chosen super-Earth correspond to mean

values of system parameters for the published Sullivan et al. (2015) TESS planets

in the radius regimeRpl � 1:5R� . Exo-Transmit produces transmission spectra at

a �xed spectral resolution R = 1000. Our code produces a high-resolution spectrum

with millions of lines across the NIRISS bandpass at sub-Doppler resolution (R>

300,000 across the NIRISS bandpass), which we then convolve with a Gaussian to

produce the R = 1000 spectrum illustrated in Figure 4.2. The Exo-Transmit spec-

trum retains more structure since the spectrum is produced at a native resolution R

= 1000, whereas our high-resolution code is smoothed to the same resolution. The

average values across the two spectra are in close agreement.

Cloud E�ects| Our spectral transmittance code allows placement of an opaque

cloud layer at a pressure level of our choice. In this work, we examine the e�ects of

clouds by placing an opaque cloud deck at a pressure of 10 mbar for planets with

both water and hydrogen-dominated atmospheres.

Use of Transmittance Code with Planetary Systems|When applying our spec-

tral transmittance code to the known exoplanets, we apply the code to each planet

individually, using the system parameters reported in Tables 4.1, 4.2, and 4.3. How-
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Figure 4.2: Comparison of our transmission spectroscopy code to Exo-Transmit
(Kempton et al., 2017) for a super-Earth (Rpl = 1:28R� ) at equilibrium temperature
788 K with a clear water atmosphere. The system parameters of the chosen super-
Earth correspond to mean values of system parameters for the published Sullivan
et al. (2015) TESS planets in the radius regimeRpl � 1:5R� . Both spectra have
resolving powers of 1000 but di�er in details due to binning (see text).
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ever, when applying the code to the Sullivan et al. (2015) anticipated TESS planets

and to the 50 Monte Carlo realizations of the TESS primary mission data, it is

computationally expedient to scale the transmission spectra to planetary systems

with mean values of stellar radius and planetary radius, mass, and temperature for

the Sullivan et al. (2015) anticipated TESS planets within each radius regime. The

remainder of this subsection outlines the method we employ in scaling the trans-

mission spectrum of each TESS planet to one of the two reference planets.

Our code outputs a transmission spectrum equivalent to the transit depth of

each reference planet. In general,

Transit Depth =
Areapl

Area�
=

(Rpl + h)2

R2
�

; (4.3)

where Rpl is the radius of the solid surface of the planet,h is the wavelength-

dependent thickness of the atmosphere, andR� is the stellar radius. Expanding

equation 4.3 and ignoring small terms, we �nd

Transit Depth �
R2

pl

R2
�

+
2Rplh

R2
�

: (4.4)

The second term in equation 4.4 is the wavelength-dependent term that must be

scaled to each planetary system. We note that sinceh represents the thickness of

the atmosphere, it must be proportional to the atmospheric scale heightH , which

is found from

H =
kTpl

�m H g
=

kTplR2
pl

�m H GMpl
; (4.5)
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wherek is Boltzmann's constant,Tpl is the equilibrium temperature of the planet,

mH is the mass of the hydrogen atom, andg = GM pl

R2
pl

is the acceleration due to

gravity on the planet, whereG is the universal gravitational constant andM pl is

the mass of the planet. Denoting the second term in equation 4.4 with the variable

S, substituting equation 4.5 forH / h, and dropping various constants, we �nd

S =
2Rplh

R2
�

/
TplR3

pl

M plR2
�

/
Tpl

� plR2
�
; (4.6)

where� pl is the density of the planet.

We use equation 4.6 to scale the atmosphere of any TESS planet in one of

the two radius regimes to the appropriate reference planet. Speci�cally, using the

subscript T to refer to the TESS planetary system, and the subscript \ref" to refer

to the reference planetary system, we have

ST = Sref �
Tpl ;T

Tpl ;ref
�

� pl ;ref

� pl ;T
�

R2
� ;ref

R2
� ;T

; (4.7)

whereST is the wavelength-dependent transmission spectrum for the TESS system,

scaled to the reference transmission spectrumSref for the regime of interest.

4.3.4 Description of NIRISS Simulator

In this work, our simulator predicts the S/N attainable by NIRISS, operating

in SOSS mode, during 10-hour observation programs of the Sullivan et al. (2015)

anticipated TESS discoveries, predicted TESS discoveries from 50 Monte Carlo re-
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alizations of the TESS primary mission, and the known exoplanets listed in Tables

4.1 and 4.2. We chose 10 hours per target to represent the order of magnitude

observation time, tobs, required to complete a statistical survey project of multiple

exoplanets. Except as noted during our description of observational overhead, our

simulations equally apportion the observation time to periods in and out of transit.

We do not take into account minor e�ects such as stellar limb darkening, and we

assume that the entire cross sectional area of the planet blocks the star throughout

the transit. For comparison, we also examine the S/N attainable in more intensive

100-hour observation programs of the potentially habitable TESS planets|those

with Rpl � 1:5R� and cool or temperate equilibrium temperature.7

We have developed our NIRISS simulator in consultation with the NIRISS

instrument team, and we have incorporated the latest NIRISS design values into our

simulator to the extent possible.8 In this section, we describe in detail the method

we use to model NIRISS observations. We close the section by brie
y explaining

how we explore the e�ects of observational overhead and the presence of systematic

noise on our S/N results.

4.3.4.1 Predicting JWST/NIRISS S/N

The NIRISS SOSS mode o�ers three readout modes covering wavelengths from

0.6 to 2.8 microns (Doyon et al., 2012). Here, we estimate NIRISS S/N only for Or-

7In planning actual observation programs, visibility of the targeted planetary systems and
potential contamination by partly overlapping spectra from nearby stars must be considered:
http://maestria.astro.umontreal.ca/niriss/SOSS_cont/SOSScontam.php . These topics are
beyond the scope of this work.

8http://jwst.astro.umontreal.ca/?page_id=51
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der 1 spectra produced innominal (256 x 2048 pixel subarray) andbright (96 x 2048

pixel subarray) modes, spanning wavelengths from 0.8 to 2.8 microns.9 The bright

mode read time (2.213 sec) is faster than that ofnominal mode (5.491 sec), thus al-

lowing observation of brighter targets before saturating the subarray pixels. A weak

cylindrical lens at the entrance to the NIRISS cross-dispersed grism spreads light

across approximately 23 pixels in the spatial direction, also enabling observation of

brighter objects before reaching pixel saturation.

Given a targeted planetary system for NIRISS observations, our simulation

begins by selecting the appropriate PHOENIX stellar model, which provides out-

put stellar 
ux in ergs sec� 1 cm� 2 �A � 1. We convolve the stellar spectrum with a

Gaussian corresponding to the NIRISS optics resolution (� 1.6 pixels FWHM), and

then convert the model 
ux output at the star to a photon 
ux arriving at the

JWST observatory by scaling the stellar model to the J-Band magnitude of the

star, multiplying by the area of JWST (25.3 m2), and then dividing by the energy

per photon h� , where h is Planck's constant and� is the frequency of the pho-

ton. We calculate the signal produced by the planetary atmosphere by determining

the wavelength-dependent portion of the stellar photons that are blocked by the

atmospheric annulus during transit (equation 4.3).

To determine the signal and noise detected by NIRISS, we must account for

instrument throughput and dispersion. The NIRISS design team has provided an

estimate of throughput across the NIRISS bandpass at a resolution of 1 nm. The

estimate includes detector quantum e�ciency and transmission through all opti-

9The blue cut-o� in bright mode is 0.9 microns due to the smaller size of the subarray.
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cal elements of the JWST observatory, NIRISS instrument, and GR700XD grism.

We apply the wavelength-dependent throughput to the stellar model and to the

wavelength-dependent signal produced by the atmosphere during transit. The dis-

persion of 0.974 nm/pixel allows us to determine the wavelength range of each

NIRISS subarray column in the dispersion direction. Knowing the wavelength (and

frequency) range covered by each column in the dispersion direction, we can then

determine the photon 
ux spread across the spatial direction both in and out of

transit. Our simulation also incorporates noise due to zodiacal light (Kelsall et al.,

1998) and JWST telescope thermal background (Swinyard et al., 2004), but these ef-

fects are negligible in practice for the observation of the bright transiting planet host

stars. Read noise and dark currents are also regarded as negligible for well-exposed

integrations.

Before calculating the signal and noise produced during an observation pro-

gram, we must �rst determine the e�ciency of the observation. The on-sky e�ciency

achievable with NIRISS depends upon the brightness of the targeted stellar system.

The integration time of a given observation is determined by the number ofreads,

also known asngroups, performed before resetting the well (Batalha et al., 2017b;

Beichman et al., 2014). The time to reset the well is equal to the time to perform

one read, which we denote ast frame . We calculate integration time10 with

t int = t frame � (ngroups � 1); (4.8)

10http://maestria.astro.umontreal.ca/niriss/simu1D/SOSS_Simulator_Guide.pdf
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and on-sky e�ciency using

� =
ngroups � 1
ngroups + 1

: (4.9)

Our simulation calculates and employs the maximum on-sky e�ciency possible with-

out saturating any pixels. We do this by calculating the maximum number ofngroups

we can use without any pixels accumulating greater than the full well capacity of

72,000 electrons.11 In performing this calculation, we make use of the fact that

when the photon 
ux is spread across the pixels in the spatial direction, 7% of the

photons fall in the peak pixel. In calculating e�ciency, we consider only correlated

double sampling, where 
ux is calculated by subtracting the last read from the �rst

read. The NIRISS design also allows a superbias subtraction method to calculate


ux when observing brighter objects, but this mode has more uncertainty in its

noise properties, and we do not consider it in this work.

In calculating ngroups, our simulator �rst assumes that we are observing in

nominal mode. If the required value ofngroups is less than 2, which is the minimum

value ofngroups required when using correlated double sampling, then we recalculate

ngroups using bright mode instead. For some stellar systems, pixels will saturate

even in bright mode. For the Sullivan et al. (2015) planets, the plot of our output

results shows those systems which were observed usingbright mode, and we also

indicate those systems where some pixels saturate. When analyzing the 50 trials of

11We used full well capacity in our calculations since that is the value used by the NIRISS 1D
SOSS simulator. Going to full well capacity could result in systematic e�ects (Wilkins et al.,
2014). Thus, we examined using 55,000 electrons rather than full well capacity and found that
on-sky e�ciency and therefore S/N changes minimally in most cases. The greatest change in S/N
of � 20% occurs for systems that are viewed atngroups = 3 ( � = 0 :5) for 72,000 electrons and then
ngroups = 2 ( � = 0 :33) for 55,000 electrons. The conclusions of this work are unaltered by changing
the electron level used for saturation.
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TESS data, we present our results as a 2-dimensional histogram in S/N-R� space.

In presenting these results, we ignore those systems where pixel saturation occurs

in bright mode.12 For those systems that are dim, the highest value ofngroups our

simulator employs is 88 (Beichman et al., 2014). After the optimum number of

ngroups has been calculated, our simulator determines the on-sky e�ciency using

equation 4.9.

Knowing the e�ciency, the observation time, and the photon 
ux from the

star falling across the pixels, the stellar shot noise is determined by using

Nshot =
p

� t obs F� ; (4.10)

whereNshot represents the photon shot noise andF� is the photon 
ux falling across

the pixels. Photon shot noise is the primary source of noise for the S/N values we

report in Section 4.4.

A similar calculation is possible for the signal. Knowing the number of stellar

photons blocked by the atmospheric annulus across the NIRISS bandpass, we can

calculate the signal produced by the water lines in the atmosphere from

Satm = �
tobs

2
Fatm ; (4.11)

whereSatm represents the signal produced by the atmosphere andFatm is that por-

tion of the stellar 
ux blocked by the atmospheric annulus.

12If the systems where pixel saturation occurs are included, our results support the same con-
clusions.
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The S/N varies greatly across the NIRISS bandpass, which is to be expected

since the strength of water lines and the brightness of the host star di�er with

wavelength. In this work, after calculating the wavelength-dependent values ofNshot

and Satm across the columns of the NIRISS subarray, we next calculate theintegrated

S/N for the detection of the atmosphere across the NIRISS bandpass. In Figure 4.3,

we illustrate graphically our calculation of the signal (equation 4.11) in each column

across the subarray, as well as the integrated S/N, which is what we report on our

Figures in Section 4.4.

Figure 4.3: Graphical illustration showing our calculation of signal (equation 4.11)
in each column of the NIRISS subarray, as well as the integrated S/N across the
NIRISS bandpass. The left vertical axis (blue curve) shows the transit depth, while
the right vertical axis (orange curve) shows photon 
ux. In calculating integrated
S/N, N i is the noise both in and out of transit due to stellar photons, zodiacal light,
and JWST telescope background.

We validated our NIRISS simulation code by comparing it to the 1D SOSS
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simulator developed by the NIRISS instrument design team.13 For all planetary

systems where we compared the two codes, our results di�ered from those of the

1D SOSS simulator by 8 to 11%. In Figure 4.4, we depict the out-of-transit stellar

photons collected per column on the NIRISS subarray as estimated by both our

simulator and that of the NIRISS instrument team for a 100-hour observation pro-

gram of GJ1132. In this case, our photon count per pixel exceeds that found by the

NIRISS 1D SOSS simulator by� 11%.

Figure 4.4: Comparison of the out-of-transit photon count per column of our NIRISS
simulator to that of the NIRISS 1D SOSS simulator produced by the instrument de-
sign team. Here, we compare photon counts for 72 transit observations of GJ1132b.
In this case, our photon count per column exceeds that found by the NIRISS 1D
SOSS simulator by� 11%. For all planetary systems where we compared the two
codes, our results di�ered from those of the 1D SOSS simulator by 8 to 11%.

13http://maestria.astro.umontreal.ca/niriss/simu1D/simu1D.php
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4.3.4.2 Observational Overhead

Observational overhead accounts for the fact that during actual JWST obser-

vations, not all of the telescope time devoted to a program will be used for science.

Rather, some of the time will be used to slew the observatory or set up the instru-

ment. In general, the clock time for a JWST observation is given by14

tclock = ( tslew + tscience + t instrument ) � 1:16 + tscheduling : (4.12)

Here,tslew = 30 min is the time to slew the telescope;15 tscience is the observation time,

both in and out of transit; t instrument = 17:1 min is an instrument overhead time;16

and tscheduling = 60 min is the additional JWST time required when scheduling an

observation with a start time more precise than 24 hours, certainly the case with

exoplanet transits. The factor of 1.16 is observatory overhead that takes into account

losses due to calibrations and dead time of JWST. We note that equation 4.12 is

the current expression used to estimate clock time, but the expression is likely to

change when JWST is operational.

To determine the e�ects of observational overhead, we modify equations 4.10

and 4.11 so that we calculateNshot and Satm using the number of transits,ntrans ,

14https://jwst-docs.stsci.edu/display/JPPOM/Overhead+Duration+Components
15The time to slew JWST varies depending upon the slew distance in arcseconds:https://jwst-

docs.stsci.edu/display/JPPOM/Slew+Times . The longest slew time reported, for 180 degrees,
is � 1 hour, so we use half of this time for all TESS systems.

16Instrument overhead time includes target acquisition (10 minutes) and �lter wheel move-
ments. Further details can be found at: https://jwst-docs.stsci.edu/display/JPPOM/
NIRISS+Overheads.
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and transit duration (T14), t trans , as

Nshot =
p

2 � n trans t trans F� ; (4.13)

and

Satm = � n trans t trans Fatm : (4.14)

Then, we calculatentrans using

ntrans =
tobs

(2t trans + 47:1) � 1:16 + 60
; (4.15)

where times are in minutes. As before, we usetobs = 10 hrs = 600 min. Note

that equations 4.13 and 4.14 could be used in place of equations 4.10 and 4.11

in the simple observation program described previously, where we apportion equal

amounts of time in and out of transit, but in that case, the number of transits would

be calculated using the simple relationshipntrans = tobs=(2t trans ).

4.3.4.3 Systematic Noise per Transit Observation

In Section 4.4, we examine the e�ects of the systematic noise per transit ob-

servation on TESS discoveries, and then go on to show the spectra that may be

anticipated for NIRISS observation programs of the known exoplanet K2-3c, both

with and without considering this systematic noise. A relatively low residual system-

atic noise level is anticipated for JWST observations, since with existing instruments

we have already achieved residual noise levels of� 25 ppm with Hubble (Kreidberg
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et al., 2014a) and� 30 ppm using Spitzer (Demory et al., 2016). Here we adopt the

noise 
oor used by Greene et al. (2016) of 20 ppm for one planetary transit. We

note that the exact nature of the systematic noise will not be known until JWST

commissioning. However, we expect that any residual noise will be due to system-

atic e�ects that can be represented by an equivalent sine wave because instrumental

noise is commonly bandwidth-�ltered. For the observation programs we examine,

multiple transits will be observed, with the state of the instrument di�erent for

each telescope pointing, and where the equivalent sine wave representing systematic

e�ects is most likely observed at a di�erent phase during each observation. Thus,

we assume the systematic noise will decrease as the square root of the number of

independent measurements, or transits.

To determine the e�ects of systematic noise on the integrated S/N across the

entire NIRISS bandpass for the Sullivan et al. (2015) anticipated TESS planets, we

apply the systematic noise to each resolution element (i.e., 2 columns). However,

in presenting spectra for K2-3c, we bin the S/N into 64 bins across the NIRISS

bandpass. Binning increases S/N above that of the individual NIRISS resolution

elements, but reduces resolving power across the bandpass. For 64 bins, resolving

power ranges from almost 30 at the blue cut-o� to about 95 at the red cut-o�. For

the spectrum where systematic noise has been incorporated, the noise in each of the

64 bins is calculated with

Nbin ;total =

s

N 2
bin ;shot +

�
20� 10� 6

p
ntrans

� Fbin ;�

� 2

; (4.16)
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where the second term inside the square root on the right-hand side of the equation

represents the adjustment made due to systematic noise.

4.4 Results and Discussion

In this section, we present our analysis of attainable NIRISS S/N in 10-

hour observation programs of the Sullivan et al. (2015) predicted TESS planets,

as well as our analysis of 50 Monte Carlo realizations of TESS primary mission

data, with comparisons to expected S/N for known exoplanets. For comparison, we

also examine the S/N attainable in more intensive 100-hour observation programs of

the potentially habitable Sullivan et al. (2015) predicted TESS planets{those with

Rpl � 1:5R� and cool or temperate equilibrium temperatures. First we show our

results for the Sullivan et al. (2015) planets where mass is calculated using the Chen

& Kipping (2017) mass model. We then explore the e�ects of planetary composi-

tion, observational overhead, and existence of planetary clouds on these results. We

next show our results from analyzing 50 Monte Carlo realizations of TESS primary

mission data. We conclude the section by presenting our analysis of the e�ects of

systematic noise on our predicted S/N for the TESS anticipated discoveries. Ad-

ditionally, based upon our estimates of NIRISS S/N, we create sample spectra for

the known exoplanet K2-3c, illustrating the e�ects of adding systematic noise to a

simulated spectrum.
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4.4.1 S/N for Anticipated TESS Discoveries

We present our predicted NIRISS S/N for the anticipated TESS discoveries

published by Sullivan et al. (2015) in Figure 4.5, overplotting our predictions of S/N

for existing exoplanet discoveries from space-based and ground-based surveys. We

then present predicted S/N for more thorough 100-hour observation programs of

potentially habitable TESS discoveries in Figure 4.6. Our results show that TESS

is likely to discover many super-Earths and sub-Neptunes (1:5R� < R pl � 4R� )

that are more amenable to atmospheric characterization than anything we have yet

discovered. However, our results also show that for small exoplanets (Rpl � 1:5R� )

we expect very few TESS discoveries will be better for atmospheric characterization

than already-discovered exoplanets. We emphasize that this outcome is based upon

Kepler-derived occurrence rates, and that co-planar compact multi-planet systems

(e.g., TRAPPIST-1) may be under-represented in the predicted TESS planet yield.

Closer examination of the small anticipated TESS planets with the highest

anticipated S/N reveals the properties of the TESS discoveries likely to be most

conducive to follow-on atmospheric characterization studies. Two small planets

achieved NIRISS S/N higher than TRAPPIST-1b without saturating any of the

NIRISS pixels, and three cold or temperate planets with radii� 1:4R� have a higher

S/N than LHS1140b. Table 4.4 shows that these planetary systems with high S/N

values have system parameters comparable to those of GJ1132b, LHS1140b, and the

TRAPPIST-1 planets, so it is not surprising that NIRISS is able to attain a high

S/N. The planets orbit nearby low radii ultra-cool or M dwarf host stars, which
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Figure 4.5: Integrated Signal-to-Noise (S/N) we predict for NIRISS detection of
the atmosphere of anticipated TESS planets in 10-hour observation programs of all
planets. We also show integrated S/N for known exoplanets discovered from space-
based and ground-based surveys. Our results show that TESS is likely to �nd many
planets with promising properties in the radius regime 1:5R� < R pl < 4R� . In
particular, the planets found in the radius regime 1:5R� < R pl < 2R� will help to
de�ne the parameter space where planetary atmospheres transition from hydrogen-
dominated to high molecular weights. However, TESS is unlikely to discover many
terrestrial-sized planets more amenable to atmospheric characterization than those
that have already been discovered. We emphasize that the outcome for terrestrial-
sized planets is based upon Kepler-derived occurrence rates, and that co-planar
compact multi-planet systems (e.g., TRAPPIST-1) may be under-represented in
the predicted TESS planet yield. The apparent step function at 1.5R� results from
assuming all planets withRpl � 1:5R� have water atmospheres, and all planets with
1:5R� < R pl < 4R� have hydrogen-dominated atmospheres (Section 4.3.3.2).
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Figure 4.6: Integrated Signal-to-Noise (S/N) we predict for NIRISS detection of the
atmosphere in 100-hour observation programs of potentially habitable anticipated
TESS discoveries|planets with Rpl � 1:5R� and cool or temperate equilibrium
temperatures. We compare resulting S/N to that of known discoveries from space-
based and ground-based surveys.

appear relatively bright when observed in the J-band. In addition, from Table 4.4

we see that the estimated radial velocity semi-amplitude for these planets is� 3 m

s� 1 or greater for all except the smallest planet. Thus, we anticipate that current

or forthcoming radial velocity instruments should be able to estimate the masses of

these promising TESS discoveries.

Two prominent features in Figure 4.5 lead us to examine the following ques-

tions. First, why are there so many cold and temperate super-Earth and sub-

Neptune planets with S/N comparable to or better than that for hot planets with

similar planetary radii? Does this make sense, given the fact that we would expect

the scale height of the planetary atmosphere, and thus the signal, to increase with

an increase in the temperature of the planet's atmosphere? Second, the S/N appears
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TESS J V Distance Stellar Stellar Planet Planet Radial
Velocity

NIRISS

Catalog Radius
R�

Temperature Radius
Rpl

Temperature Semi-
Amplitude

S/N

Number (mag) (mag) (pc) (R� ) (K) ( R� ) (K) (m s � 1)

922 11.3 16.2 13.2 0.116 2730 1.39 290 6.65 23.8

1308 7.97 11.6 8.71 0.249 3370 1.49 289 2.90 16.0

1622 11.4 15.3 26.9 0.172 3230 0.71 693 0.76 30.6

1745 10.4 14.0 25.1 0.224 3340 1.09 904 2.97 23.6

1919 12.2 16.8 22.4 0.119 2840 1.40 236 5.08 12.2

Note:
Planetary systems parameters, including the estimate of radial velocity semi-amplitude, are taken from
Sullivan et al. (2015). NIRISS signal-to-noise is calculated in this work.

Table 4.4: Terrestrial-Sized Anticipated TESS Planets with High NIRISS S/N

relatively 
at in the radius regime 1:5R� < R pl � 4R� . But according to equation

4.6, the signal produced by the atmosphere should increase as density decreases, and

Figure 4.1 shows that density decreases with planetary radius across this regime.

Why doesn't the S/N have a positive slope on this plot?

The considerable number of cold and temperate super-Earths and sub-Neptunes

with relatively high S/N is explained by realizing that the signal depends not only

on the temperature of the planet's atmosphere, but also on the planet's density and

the cross sectional area of the star, as can be seen by examining equations 4.5 and

4.6. In Figure 4.7, we plot a dimensionless ratio of planet temperature, density,

and stellar cross-sectional area (the \signal") versus planet temperature. The col-

orbar on the plot indicates stellar temperature. We see that many of the cold and

temperate planets predicted by Sullivan et al. (2015) have system parameters that

produce a high value of the dimensionless ratio, which accounts for the considerable

number of cold and temperate planets with relatively high S/N values in Figure 4.5.

In particular, the highest values of the dimensionless ratio are produced by those
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planets orbiting the coolest host stars, which also have the smallest cross-sectional

areas.

Figure 4.7: Examination of cold and temperate planets suitable for atmospheric
characterization. The signal produced by the planetary atmosphere varies directly
with the planet's temperature, and inversely with the planetary density and stellar
cross-sectional area. We create a dimensionless ratio of these factors by multiplying
by k

�G , where k is Boltzmann's constant, G is Newton's gravitational constant,
and � is the molecular weight in kg of the hydrogen-dominated atmosphere. We
then plot this dimensionless ratio versus planetary temperature for those planets
with 1:5R� < R pl � 4R� . We see that many of the cold and temperate planets
predicted by Sullivan et al. (2015) have system parameters that produce a high value
of the dimensionless ratio, which accounts for the considerable number of cold and
temperate planets with relatively high S/N values in Figure 4.5. In particular, the
highest values of the dimensionless ratio are produced by those planets orbiting the
coolest host stars, which also have the smallest cross-sectional areas.

The apparent 
atness of the S/N in the radius regime 1:5R� < R pl � 4R� of

Figure 4.5 results from a combination of the type of preselected target stars chosen

for the TESS survey and the planet occurrence rates employed for those target stars

in the Sullivan et al. (2015) simulations. For multiple planets orbiting the same host

star, we expect S/N to increase with planetary radius. However, the TESS planets
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of various radii orbit di�erent host stars, and other factors will also in
uence S/N.

Nevertheless, we would expect that if we plot S/N versusRpl for a large sample of

TESS host stars of the same stellar type, the best-�t line should have a positive

slope. We illustrate this in Figure 4.8 by showing S/N versus planetary radius, with

the symbols color-coded by stellar temperature. By referring to each color (i.e.,

each stellar type) separately, we detect a trend towards a positive slope across the

sub-Neptune radius regime. To aid in visualization, we also plot best-�t lines for

host stars of three di�erent stellar temperatures. However, we emphasize that we

are only looking qualitatively for a positive trend. Although the host stars have the

same stellar temperatures, the planetary systems vary in stellar radii, distance from

Earth (a�ecting brightness and thus on-sky e�ciency � ), and planetary equilibrium

temperature, all of which will in
uence the attainable S/N. For the best-�t lines,

we used 18 planetary systems to compute the best-�t line for 3300K, 22 planetary

systems to compute the best-�t line for 3500K, and 25 planetary systems (with

5470K� Te� � 5530K) to compute the best-�t line for 5500K. For each of the three

stellar temperatures examined, we use the same PHOENIX stellar model spectra

for all host stars.

4.4.2 Sensitivity to Planetary Composition

We turn now to an examination of the sensitivity of our results shown in

Figure 4.5 to various factors, beginning with planetary composition. For each TESS

planet, Figure 4.9 shows the S/N attained for three homogeneous compositions,
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Figure 4.8: For a given host star, the signal produced by the planetary atmosphere
during transit increases with planetary radius. However, this increase in S/N with
planetary radius is hidden in Figure 4.5 since all of the TESS systems are shown on
a single Figure. In addition, the stellar types observed vary with planetary radius
due to a combination of the preselected target stars chosen for the TESS mission
and the planet occurrence rates employed for those target stars in the Sullivan et al.
(2015) simulations. Here, we plot S/N versus planetary radius with the color of the
symbols indicating stellar temperature. By referring to each color (i.e., each stellar
type) in this Figure separately, we detect a trend towards a positive slope across
the sub-Neptune radius regime. To aid in visualization, we also plot best-�t lines
for host stars of three di�erent stellar temperatures. From top to bottom, the three
lines are for host star temperatures of 3300K, 3500K, and 5500K. Each line spans
planetary radii values between the lowest and highest planetary radii values used in
�tting the line.
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where we calculated masses using theoretical models (Seager et al., 2007), and we

compare to the S/N predicted for the Chen & Kipping (2017) empirical mass model.

For comparison, we overplot our predictions of S/N attainable for currently known

exoplanets.

In the radius regime examined, the NIRISS S/N attained for a given TESS

planet with an ice composition is 6 to 7 times higher than that attained for an iron

composition. The S/N values for the pervoskite composition and Chen/Kipping

mass model lie between the values for ice and iron. The wide variation of S/N for

TESS planets of di�erent compositions emphasizes the importance of constraining

planetary masses prior to conducting JWST observations (Batalha et al., 2017a).

Low density is one factor contributing to a relatively high S/N. Referring to

Figure 4.1, we see that the relatively low estimated densities of the TRAPPIST-1

planets contribute to their high S/N. In fact, the S/N for most of the TRAPPIST-1

planets falls when density is estimated using an Earth-like composition. Interest-

ingly, although the current density estimate of LHS-1142b lies near that of a dense,

pure iron planet, its S/N rivals that of similarly-sized TESS planets with masses

calculated using the Chen/Kipping empirical relationship. In fact, the S/N for LHS-

1142b rises when we estimate its mass using an Earth-like composition. Thus, as

the masses of these planets are further constrained, we would expect our predictions

of S/N to change.
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Figure 4.9: Integrated Signal-to-Noise (S/N) we predict for NIRISS detection of the
atmosphere in 10-hour observation programs of anticipated TESS planets for four
di�erent compositions. We calculated masses for the three homogeneously composed
planets using the theoretical relationships of Seager et al. (2007), and we compared
this to the S/N attainable with masses calculated using the Chen & Kipping (2017)
empirical relationship. We overplot our predictions of S/N for known exoplanets,
where we used the masses reported in Tables 4.1, 4.2, and 4.3. For the Sullivan et al.
(2015) anticipated TESS planets, our predicted NIRISS S/N for an ice composition
is 6 to 7 times higher than that for a dense iron composition. To better visualize the
impact of various compositions on a single planet, we chose �ve anticipated TESS
planets and outlined the four symbols (one for each composition) in black, joining
the symbols with a black line.
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4.4.3 Observational Overhead E�ects

The S/N estimates presented thus far assume 10-hour observation programs,

with equal amounts of time in and out of transit. Figure 4.10 shows that when

observational overhead is considered in 10-hour observation programs, we will have

a 7 to 9 percent decrease in predicted S/N for the TESS anticipated discoveries,

with the coolest host stars su�ering the largest impacts. Planetary systems with

short transit durations su�er greater e�ects from the constant time periods per visit

required to set up the JWST observatory or the NIRISS instrument. The reason for

this impact is that planetary systems with short transit durations must be revisited

more often in order to accumulate a given amount of scienti�c observation time.

Thus, a greater amount of the total requested telescope time is devoted to non-

scienti�c activities. Note that the apparent decrease in the number of cool host

stars with planetary radius in Figure 4.10 is due to a combination of a selection bias

for M dwarfs in the preselected TESS target stars, the planet occurrence rates used

in the Sullivan et al. (2015) simulations, and increased TESS sensitivity to shorter

period exoplanets.

4.4.4 Cloud E�ects

The presence of clouds in planetary atmospheres decreases S/N by e�ectively

blocking transmission of stellar radiation above some pressure level, allowing us to

detect spectral features due to molecular absorption only in regions of the atmo-

sphere above the level where clouds condense. As shown in Figure 4.11, we estimate
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Figure 4.10: Our predictions of the percent decrease in Signal-to-Noise (S/N) when
considering observational overhead for 10-hour observation programs. In general,
the coolest stars su�er the highest percent decrease in S/N. This is because the
transit duration is generally shorter for cooler|and thus smaller|stars, where the
orbital semi-major axis is shorter. The decrease in the number of cool host stars with
planetary radius results from a combination of a selection bias for M dwarfs in the
preselected TESS target stars, the planet occurrence rates used in the Sullivan et al.
(2015) simulations, and increased TESS sensitivity to shorter period exoplanets.
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the e�ects of clouds on S/N by placing an opaque cloud deck at 10 mbar. For small

planets with water atmospheres (Rpl � 1:5R� ), the S/N for clear atmospheres shown

in Figure 4.5 is about 1.5 times higher than that found for cloudy atmospheres. For

larger planets with hydrogen-dominated atmospheres (1:5R� < R pl � 4R� ), we

�nd that S/N for clear atmospheres is about 5.5 times greater than that for cloudy

atmospheres.

During actual observations, the percentage of cloud cover as well as the pres-

sure level where clouds condense will vary depending upon the observed exoplanet.

In Section 4.5, we explore this statistical variation in cloud e�ects by applying ran-

dom 
uctuations to the number of atmospheric scale heights through which water

absorption can be detected.

4.4.5 Analysis Of 50 Trials of TESS Primary Mission

The catalog of anticipated TESS discoveries published by Sullivan et al. (2015)

represents only one possible outcome for the planet yield from the TESS primary

mission. To achieve a more statistically robust prediction of the suitability of TESS

primary mission discoveries to atmospheric characterization, we examined data from

50 Monte Carlo realizations of the TESS primary mission. We present our results

as Figure 4.12, a 2-dimensional histogram in S/N-Rpl space. We place thirty bins

logarithmically from 100 to 103 along the S/N axis, and every 0:1R� along the Rpl

axis. The number of planets found in a given bin is an average of the number pre-

dicted over all 50 trials of the TESS primary mission, and represents the expected
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Figure 4.11: Our predictions showing the anticipated Signal-to-Noise (S/N) achiev-
able in 10-hour observation programs of planets with cloud decks placed at a pres-
sure of 10 mbar. When compared to our results in Figure 4.5, cloudy atmospheres
will reduce S/N values for small planets with water atmospheres (Rpl � 1:5R� )
by about 1.5 times, and for larger planets with hydrogen-dominated atmospheres
(1:5 < R pl � 4R� ) by about 5.5 times.
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number of planets we will discover in that regime. As in Figure 4.5, we overplot

our predictions of S/N for existing discoveries from space-based and ground-based

surveys. Figure 4.12 supports our conclusions from Figure 4.5. While TESS will

discover very few terrestrial-sized planets more amenable to atmospheric charac-

terization than those that have already been discovered, TESSis likely to �nd

many planets with promising properties in the radius regime 1:5R� < R pl � 4R� .

However, we reiterate that this outcome is based upon Kepler-derived occurrence

rates, and that co-planar compact multi-planet systems (e.g., TRAPPIST-1) may

be under-represented in the predicted TESS planet yield.

Numerical integration of various regions of Figure 4.12 provides some quan-

titative insight into our conclusions. For example, if we integrate the region with

Rpl < R GJ1132b and S=N > S=NGJ1132b, we �nd that TESS is likely to discover

only 1.84 planets in this regime over its 2-year primary mission. Similarly, TESS

is likely to discover only about 6.18 cold or temperate planets (T < 373K) with

radii less than and S/N higher than LHS1140b with an Earthlike density. In the

radius regime 1:5R� < R pl � 2R� , TESS will discover about 245 planets over

its primary mission with S/N greater than that of K2-3c. Similarly, in the radius

regime 2R� < R pl � 2:5R� , we predict TESS will discover about 391 planets with

S/N greater than that of K2-3b. Thus, TESS is likely to discover many promising

super-Earth and sub-Neptune-sized exoplanet targets.
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Figure 4.12: Two-dimensional histogram showing the Signal-to-Noise (S/N) we pre-
dict for 10-hour observation programs based upon analysis of 50 Monte Carlo real-
izations of the TESS primary mission. Thirty bins are logarithmically spaced from
100 to 103 along the S/N axis, and bins are spaced every 0:1R� along the Rpl axis.
For comparison, we overplot our results for existing discoveries from space-based
and ground-based surveys.
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4.4.6 Sensitivity to Systematic Noise

We present our estimates of NIRISS S/N sensitivity to systematic noise for

the anticipated TESS discoveries in Figure 4.13. For 10-hour observation programs,

we �nd that systematic noise will cause S/N to decrease by up to� 20% (i.e., S/N is

� 0.8 times that without systematic noise), with the hottest host stars su�ering the

greatest e�ects. One reason that the hottest stars are a�ected most is that the TESS

discoveries with the hottest host stars also generally have the longest orbital periods

and the longest transit durations, so that fewer visits are required to accumulate 10

hours of observation time. Since the systematic noise decreases with the square root

of the number of observed transits, the hottest host stars are thus a�ected more.

Brighter host stars also generally su�er greater e�ects.

Importantly, we note that the spectral scale at which we apply the systematic

noise is critical. In our results for the 1,984 Sullivan et al. (2015) TESS planets, we

applied the systematic noise to the resolution elements (i.e., two columns) across

the NIRISS bandpass. If instead the systematic noise is applied to larger bins (e.g.,

32 columns) across the NIRISS bandpass, the e�ects of the systematic noise are

magni�ed. In Figure 4.14, we show the results of applying systematic noise to the

known exoplanet K2-3c. As described in Section 4.3.4.3, we apply the systematic

noise to each of the 64 bins in our spectra. For K2-3c, we also tried applying the

systematic noise to each NIRISS resolution element (i.e., two columns) instead, and

we found that in that case the e�ects of the systematic noise on each of the 64 bins

was negligible.
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Figure 4.13: Our predictions of the percent decrease in Signal-to-Noise (S/N) when
a 20 ppm residual noise level|decreasing with the square root of the number of
transits|is incorporated into 10-hour observation programs. The decrease in S/N
is not uniform across all Sullivan et al. (2015) anticipated TESS discoveries, but
varies with planetary system properties, reaching up to� 20% for some systems.
In 10-hour observation programs, the hottest host stars are a�ected the most by
systematic noise. This is partially because the orbital period and transit duration
of TESS discoveries are longest for the hottest host stars, so that fewer visits are
required to complete a given observation program. In addition, the brightest host
stars su�er the greatest e�ects.
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